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ABSTRACT 
Despite an extensive network of private and public health insurance options, an 
estimated 43.6 million Americans, or 15% of the population, were uninsured at some point in 
2002. Of particular concern to many is that despite public policy efforts over the past several 
years, approximately 8.5 million, or just under 12%, of all children under 18 years of age, 
were uninsured throughout 2002. Being uninsured presents a number of potential risks, 
particularly to one's ability to access primary and preventive health care procedures, 
maintain personal health, and survive health-related financial shocks. This research uses the 
1996 Panel of the Survey of Income and Program Participation to investigate the following 
questions: 1) What are the correlates of individual and familial health insurance patterns, 
particularly among those who are uninsured? 2) How does the economic well-being of 
families that are ever uninsured differ from families that are continuously-insured? 3) How 
does the physical well-being of adults and children in families that are ever uninsured differ 
from the physical well-being of adults and children in continuously-insured families? The 
results indicate that family-level insurance status over the course of the analysis period is 
associated with economic well-being, as indicated by reports of food insecurity. If any 
member of a family ever was uninsured during the analysis period, the probability that the 
family experienced food insecurity increased approximately 40% relative to families that did 
not have a family member go without insurance. Family-level health insurance status also is 
found to be associated with adult physical well-being, as indicated by the adult's current 
IX 
health status. The probability that an adult member of an ever-uninsured family has fair or 
poor health is approximately 40% higher than adults who are members of continuously-
insured families. Finally, a relatively weak association between family-level health 
insurance status and the current health status of children is identified at the bivariate level, 
but the effect disappears in multivariate analyses. 
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CHAPTER 1. BACKGROUND 
Counting the Uninsured 
According to the U.S. Census Bureau's most recent Annual Social and Economic 
Supplement (ASEC), approximately 85% of Americans had continuous health insurance 
coverage from a public or private source throughout 2002 (Mills & Bhandari, 2003). The 
majority (72%) of those who had continuous health insurance were covered by private health 
insurance obtained through the employer of one of the members of the household. An 
additional 11 % of Americans who were continuously insured during all of 2002 purchased 
health insurance directly in the private health insurance market. The remainder (17%) relied 
on a state or federal health insurance plan such as Medicaid, Medicare, SCHIP, or others.1 
Despite an extensive network of private and public health insurance options, an 
estimated 43.6 million Americans, or 15% of the population, were uninsured at some point in 
2002 (Mills & Bhandari, 2003). It is this uninsured portion of the population that often 
captures the attention of researchers and policy makers. Interest in those without insurance 
has piqued recently due, in part, to the publication of the 2002 ASEC data, which indicate 
that for the second consecutive year the ranks of the uninsured increased in both nominal and 
percentage terms. Of particular concern to many is that despite public policy efforts over the 
past several years, particularly the passage of the State Children's Health Insurance Program 
in 1997, many children remain uninsured. Each ASEC since 2000 reports that approximately 
8.5 million, or just under 12% of all children under 18 years of age, were without health 
1 Author's calculations based on U.S. Census Bureau's Table HI-7, Health Insurance 
Coverage Status and Type of Coverage by Age: 1987 to 2002. 
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insurance over the course of each year.2 The children's stable rate has been attributed, in 
part, to increased public insurance availability for children (Bhandari & Gifford, 2003; Mills 
& Bhandari, 2003). Although the Current Population Survey's count of the number of 
uninsured children may be inflated due to widely-recognized undercounting of those who 
receive Medicaid (Assistant Secretary for Planning and Evaluation, 2003), the concern about 
the well-being of uninsured children and families remains. 
The recent increase in the number of uninsured is often attributed to a reduction in the 
number of people covered by employment-based health insurance (Mills & Bhandari, 2003). 
Despite a higher number of employers offering employment-based insurance benefits 
through 1998 (Cooper & Schone, 1997), there is a trend among employers, particularly large 
employers that historically have provided insurance to their full-time workers, to reduce 
offers of insurance benefits to employees due to rising costs (Glied, Lambrew, & Little, 
2003). This trend among large employers is of particular concern due to America's historical 
reliance on employment-based health insurance coverage. In large part, employers have 
played a leading role in assuring access to health insurance for workers and their families 
because health insurance premiums are paid with pre-tax dollars, a practice that was codified 
by the Internal Revenue Service after World War II ( S ant erre & Neun, 2000). Many 
employers still view employer-provided health insurance as a necessary component of their 
overall compensation packages, and a critical component of firms' efforts to attract and retain 
employees, particularly the full-time workforce (Institute of Medicine, 2001). Nevertheless, 
health insurance has never been guaranteed by full-time employment, particularly among 
2 Author's calculations based on U.S. Census Bureau's Table HI-7, Health Insurance 
Coverage Status and Type of Coverage by Age: 1987 to 2002. 
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small firms. Fifty-five percent of uninsured families have a full-time worker in the 
household, and 16% of uninsured families include two or more full-time workers (Hoffman 
& Pohl, 2000). Recent research suggests that relative to workers who have health insurance, 
uninsured workers are more likely to have low- to moderate-income levels, low- to moderate-
education levels (63% have high school diploma or lower) and are more likely to work in the 
private sector. Forty-six percent of uninsured workers are self-employed or work for firms 
with fewer than 25 employees (Institute of Medicine, 2001). Although immigrant workers 
comprise a relatively small portion of the uninsured (6%), the first four to six years of an 
immigrant's residence in the U.S. are characterized by uninsured rates that approach 50% 
(Holahan, Ku, & Pohl, 2001). 
Fronstin (2001) reports that 76% of workers are offered insurance by their employers, 
yet only 83% of these offers are accepted. As suggested by the frequency with which 
workers decline employer-based coverage for themselves or family members, health 
insurance is not always viewed as a product that every person must have (Cooper & Schone, 
1997; Cunningham, Schaefer, & Hogan, 1999). Because of the prevalence of two-worker 
households, many of those who decline coverage undoubtedly do so because they are insured 
under another worker's policy. However, the uninsured are overwhelmingly members of 
working families (80%), suggesting that the presence of two full-time workers doesn't 
guarantee coverage. Indeed, one estimate is that approximately 10% of the members of 
families that have two adults employed full time are uninsured (Hoffman & Pohl, 2000). 
Despite being more common among low-income households, the decision to forgo 
health insurance is not limited to households with fewer resources. Rather, households 
across the income distribution either fail to enroll in public health insurance programs when 
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eligible (Glied, 2001), or decline private coverage when it is offered, even when declining 
the offer results in the lack of insurance (Cunningham et al., 1999). Most frequently, survey 
respondents say that they lack insurance because the premium at which they could purchase 
insurance is too high (Cunningham et al., 1999; Nelson, 2003) or because they lack access to 
employment-based coverage (Nelson, 2003). In their examination of the differences between 
low- and high-expenditure uninsured households, Levy and DeLeire (2003) find that low-
expenditure, uninsured households spend their "extra" money on necessities such as housing 
and food. For low-income households, then, the opportunity costs of insurance often include 
basic necessities. However, high-expenditure households without insurance have been found 
to spend their "extra" money on transportation. Even when the financial ability to purchase 
insurance seems to exist, many simply choose to purchase other goods or services (Levy & 
DeLeire, 2003; Long, 2003). 
Despite continuously higher annual health care spending by households (Fan, S harpe, 
& Hong, 2003; Levit, Smith, Cowan, & Lazenby, 2003), a greater need among firms to shift 
the costs of health insurance to their employees while simultaneously reducing the proportion 
of employees receiving insurance (Glied et al., 2003), and, assertions to the contrary 
(Holahan & Kim, 2000), the proportion of Americans without health insurance has not 
swelled in recent years. Recently, increases in the availability of public health insurance, 
particularly among children, have offset declines in employer-based coverage (Mills & 
Bhandari, 2003). As shown in Table 1, the proportion of the U.S. population living without 
health insurance for an entire year has remained a relatively stable 14-16% of the population 
since 1990. Nevertheless, 14-16% of the population represents a considerable number of 
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Table 1. 
Insurance Status by Year: U.S. Population 
TOTAL INSURED3 UNINSURED15 % UNINSURED'' 
1990 248,886 214,167 34,719 13.9% 
1991 251,447 216,003 35,444 14.1% 
1992 256,830 218,189 38,641 15.0% 
1993 259,753 220,040 39,713 15.3% 
1994 262,105 222,387 39,718 15.2% 
1995 264,314 223,733 40,581 15.4% 
1996 266,792 225,077 41,715 15.6% 
1997 269,094 225,646 43,448 16.1% 
1998 271,743 227,462 44,281 16.3% 
1999 274,087 234,807 39,280 14.3% 
2000 276,540 237,857 38,683 14.0% 
2001 282,082 240,875 41,207 14.6% 
2002 285,933 242,360 43,573 15.2% 
Notes. Author's calculations based on U.S. Census Bureau Table Hl-7 (U.S. Census Bureau, 
2003). Values are in thousands as of March the following year. 
"Insured one month or more. 
''Uninsured throughout the entire year. 
people (34-44 million) who potentially face greater health and financial risks as a result of 
their uninsured status. As shown in Table 2, the percent of children who were uninsured 
throughout an entire reference year reveals a similar pattern. Evident in both tables is the 
notable decline in uninsured rates in 1999, two years after Congress enacted the State 
Children's Health Insurance Program (SCHIP) that expanded health insurance programs for 
low-income children. To illustrate the size of the uninsured population, one private advocacy 
group notes that the total number of uninsured reported in the 2002 Current Population 




Insurance Status by Year; Children Under 18 Years of Age 
TOTAL INSURED' UNINSURED" % UNINSURED" 
1990 65,290 56,786 8,504 13.0% 
1991 66,173 57,794 8,379 12.7% 
1992 68,720 60,005 8,715 12.7% 
1993 69,766 60,192 9,574 13.7% 
1994 70,509 60,505 10,004 14.2% 
1995 71,148 61,353 9,795 13.8% 
1996 71,224 60,670 10,554 14.8% 
1997 71,682 60,939 10,743 15.0% 
1998 72,022 60,949 11,073 15.4% 
1999 72,325 62,302 10,023 13.9% 
2000 72,553 64,148 8,405 11.6% 
2001 72,628 64,118 8,510 11.7% 
2002 73,312 64,781 8,531 11.6% 
Notes. Author's calculations based on U.S. Census Bureau Table HI-7 (U.S. Census Bureau, 
2003). Values are in thousands as of March the following year. 
"Insured one month or more. 
'Uninsured throughout the entire year. 
When examining health insurance coverage trends it is important to understand that 
the most commonly-cited source of health insurance data, the Current Population Survey's 
ASEC fails to capture the dynamics of partial-year coverage or insurance transitions that take 
place over time. The ASEC is a cross-sectional labor force participation survey that counts 
among the uninsured only those individuals who were without coverage throughout each of 
the 12 months of the survey year. However, much effort has gone into determining whether 
or not the respondents actually are reporting full-year coverage or coverage at a point-in-
time, because the estimates of the uninsured are similar to the point-in-time estimates from 
other national surveys (Lewis, Ellwood, & Czajka, 1998). By design, the ASEC is not 
intended to capture the transitions in and out of coverage that may take place during the year 
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of interest. However, other data sources (e.g. the Medical Expenditure Panel Survey (MEPS) 
and the Survey of Income and Program Participation (SIPP)) reveal similar trends among the 
uninsured and offer researchers the opportunity to examine the patterns of familial insurance 
coverage and insurance transitions that occur over the course of a year (Assistant Secretary 
for Planning and Evaluation, 2003). Given the potentially dynamic nature of insurance 
coverage, these patterns and transitions of insurance coverage may prove to be critical to the 
well-being of individuals and families. 
The forces behind the uninsured rates and insurance transitions are not yet fully 
understood, but numerous potential causes for one's lack of health insurance are evident. 
Individuals may not have health insurance because they 1) are employed by a firm that does 
not offer insurance, 2) are a family member of a person employed by a firm that does not 
offer insurance, 3) decline the health insurance offered by the employer, 4) are not eligible 
for public insurance, 5) do not apply for, or accept, public insurance when eligible, 6) have a 
relatively high tolerance for risk, and/or 7) are transitioning from one provider to another. 
Regardless of the reason for one's insurance status, concern about the physical and economic 
well-being of those who do not have health insurance persists. 
Consequences of Being Uninsured 
How might the health insurance status of children and families affect individual and 
family well-being? Being uninsured presents a number of potential risks, particularly to 
one's ability to access primary and preventive health care procedures, maintain personal 
health, and avoid financial shocks. For most observers, it is not insurance status, per se, that 
is of interest. Rather, it is the character of the health and economic risks, the frequency with 
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which these risks emerge, and the consequences these risks have on health and economic 
well-being that have typically interested both researchers and policy makers. 
Recent investigations into the negative consequences associated with being uninsured 
suggest that relative to their insured counterparts, the uninsured face a higher probability of 
choosing to delay or go without needed medical care (Schoen & DesRoches, 2000; S trunk & 
Cunningham, 2002) and greater difficulty accessing primary or routine clinical services 
(Almeida, Dubay, & Ko, 2001; McWilliams, Zaslavsky, Meara, & Ayanian, 2003). These 
access challenges are often posited to be the cause of more frequent reports of poor health 
among the uninsured (Institute of Medicine, 2001; McWilliams et al., 2003; Ross & 
Mirowsky, 2000). On average, the uninsured who delay medical attention also face higher 
pecuniary costs once care is sought, either because the health condition worsens, or because 
the provider charges the uninsured person a higher rate than insured patients (Ayanian, 
Weissman, Schneider, Ginsburg, & Zaslavsky, 2000; Wielawski, 2000). Those who do seek 
care but are unable to pay all or part of the cost of their care are often referred to as "cost 
shifters", a reference to the practice of hospitals and other care providers needing to shift the 
cost of non-reimbursed care to those who can pay for services. The Institute of Medicine's 
Committee on the Consequences of Uninsurance estimates that families pay approximately 
7% of the costs that are "shifted" to insured patients in the form of higher prices (Institute of 
Medicine, 2002b). 
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Goals of This Investigation 
To develop a better understanding of the dynamics of health insurance coverage, 
medical care access, and the consequences of being uninsured, researchers recently have 
begun to investigate the circumstances in which family members gain or lose coverage. In 
particular, researchers are examining how the health insurance status of one member of a 
family (e.g. the breadwinner) affects access to medical services for other family members 
(Hanson, 1998; Institute of Medicine, 2002b). Because one's likelihood of having health 
insurance is highly dependent on multiple factors (e.g., employment status, public assistance 
eligibility, and the choices of individuals) and can be transitory (Czajka & Olsen, 2000; Short 
& Graefe, 2003; Swartz, Marcotte, & McBride, 1993), it is common for family members' 
insurance status, and source of insurance, to vary over time. Again, this is one of many 
reasons the ASEC's estimate of the number of people who are uninsured is criticized: the 
ASEC reports the insurance status for those who are uninsured throughout the prior calendar 
year. Individuals who have had insurance for as short a period as one month are not counted 
among those without insurance in the Current Population Survey's annual estimate of the 
uninsured. 
Over the course of a calendar year, numerous insurance status transitions are possible 
for any given member of a household. Unfortunately, little is known about these health 
insurance transitions, or spells without insurance, at the family level. Researchers have 
recognized, however, the need to develop a better understanding of these intra-family 
insurance patterns. Using the 1996 panel of MEPS, Hanson (2001) estimates that at the time 
of their first-round interview, 10% of American families were fully uninsured and 14% of 
families were partially insured. That is, one or more family members had insurance but at 
least one member was uninsured. 
Compounding the need to understand familial insurance transitions is growing 
evidence that family insurance patterns are increasingly discordant (Czajka & Olsen, 2000; 
Davidoff, Kenney, Dubay, & Yemane, 2001). That is, family members receive their 
insurance coverage from different sources. These changes are due to the nature of the 
insurance and employment markets, family employment patterns, and individual decisions to 
purchase or drop (or to enroll or decline) private (or public) insurance for oneself and ones' 
family, public insurance program rules, or other triggering events (Czajka & Olsen, 2000). 
Unfortunately, the research community's understanding of the consequences that the 
insurance patterns and transitions may have on the individuals and families who experience 
them remains undeveloped. 
Because the research and policy communities still need a better understanding of the 
role health insurance plays in the well-being of children and families, this research 
investigates familial health insurance patterns over time to determine whether or not 
particular insurance patterns affect child and family well-being. Specifically, I investigate 
the following questions: 1) What are the correlates of individual and familial health insurance 
patterns, particularly among those who are uninsured? 2) How does the economic well-being 
of families that are ever uninsured differ from families that are continuously-insured? 3) 
How does the physical well-being of adults and children in families that are ever uninsured 
differ from the physical well-being of adults and children in continuously-insured families? 
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CHAPTER 2. REVIEW OF RELATED LITERATURE 
Three broad categories of literature are relevant to this research. First, a summary of 
the voluminous literature describing the purpose and acquisition of health insurance 
necessarily launches this review. This literature, which primarily draws on the work of 
economists, concentrates on the provision of health insurance by public and private sources, 
and the demand for insurance among individuals and families. Second, I review a broad 
literature that investigates the dynamics of health insurance coverage and medical care 
access, including research that explores family insurance patterns, the characteristics of 
individuals' spells without insurance, and the insurance status transitions of individuals and 
families. This body of research primarily draws on the work of economists, health policy 
analysts and sociologists, many of whom utilize Andersen's behavioral model of health 
services use (Andersen, 1995) to frame their investigations. Finally, I review the literature 
that describes the ongoing effort to conceptualize well-being. This literature, which draws 
from the social and physical sciences, attempts to define and quantify the multiple 
dimensions of well-being. Of particular importance here is the effort to conceptualize well-
being in the context of both individuals and families, and the relatively low frequency with 
which researchers attempt to incorporate a multidimensional definition of well-being into 
their investigations. Because the research described here draws freely from multiple 
disciplines and, more importantly, because an interdisciplinary approach is critical to an 
investigation of well-being, 1 will note the contributions by members of the different 
disciplines throughout the review. 
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Purpose and Acquisition of Health Insurance 
In their early exposition of demand for insurance, economists Ehrlich and Becker 
(1972) describe three potential actions in the face of uncertainty; one may purchase insurance 
in the market place to reduce the consequences of a dramatic loss; one may self-insure (i.e., 
appropriating funds in advance of a potential loss) to reduce the magnitude of a loss; or one 
may engage in self-protection (e.g. wearing seatbelts or being immunized against a particular 
disease) to reduce the probability of a loss. Market insurance and self-insurance are 
substitute goods. That is, if the price of market insurance increases, the demand for self-
insurance increases, ceteris paribus. Ehrlich and Becker's discussion about self-protection 
suggests that the effects of market or self-insurance on self-protection vary because the prices 
of both market and self-insurance vary depending on the probability of hazard. That is, prices 
are higher for consumers who engage in more risky activities and lower for consumers who 
engage in less risky (or health-promoting) activities. Of course, the probability of a hazard is 
reduced through self-protection. 
As later demonstrated by Chang and Ehrlich (1985), market insurance and self-
protection are generally complementary goods, but the provision of market insurance may 
also reduce self-protection, resulting in "moral hazard." So, a price increase in market 
insurance might result in an increased demand for self-insurance, but also an increase (or 
reduction) in self-protection behaviors depending on the individuals tastes, preferences, and 
risk tolerance. 
In the context of Ehrlich and Becker's loss prevention and reduction possibilities, 
health insurance can be viewed as a product that reduces uncertainty by insuring against 
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dramatic loss (Arrow, 1963; Ehrlich & Becker, 1972; Institute of Medicine, 2001; Jacobs & 
Rapoport, 2002; C. Phelps, 1997). However, health insurance also may reduce the 
probability of dramatic loss by increasing access to medical service providers who may 
provide preventive care (Andersen, 1995; Institute of Medicine, 2001; Ross & Mirowsky, 
2000). This paper focuses primarily on the first possibility in the face of uncertainty—that 
health insurance provides protection from dramatic loss—while acknowledging that much of 
the health policy literature is devoted to the latter. 
The decisions leading to the acquisition of health insurance through an employer (or 
union, trade group, or so forth), by purchasing insurance in the individual market, or by 
enrolling in public insurance have received the attention of numerous researchers. Friedman 
and Savage (1948) laid the groundwork for the analysis of demand for market insurance by 
developing a theory of the demand for insurance that illustrated that a small, certain loss is 
preferable to a large, uncertain loss, even when the losses are equal actuarially. Their paper 
mapped out an argument for maximizing utility, based on a Bernoulli utility maximization 
framework, that remains at the core of current health insurance demand theory (Nyman, 
2003). 
Nearly two decades later, an influential paper by Arrow (1963) argued that if 
consumers were rational, risk-averse, and, faced with a market that charged actuarially fair 
rates (i.e., the insurance premium is equal to the expected benefit—(see C. Phelps, 1997, p. 
343)), that there was virtually no reason not to support government efforts to expand health 
insurance coverage through private or government insurance programs. Later, Pauly (1968) 
produced a counter-argument to Arrow's proposition that continues to guide public and 
private health insurance policy and, as a result, demand for insurance. Pauly showed that 
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health insurance effectively lowers the price of health care without lowering the costs, 
resulting in inefficiency. This inefficiency, called "moral hazard," is described as the 
additional health care service demanded due to being insured. Generally, the additional 
health care services demanded are viewed as discretionary services that would not be 
demanded without health insurance. Therefore, Pauly argued, Arrow's conclusion that 
government expansion of insurance is nearly always rational should be considered only when 
the effects of moral hazard are minimized (Nyman, 2003). Arrow later clarified his 
argument, however, by stating that "If individuals are free to spend as they will with the 
assurance that the insurance company will pay, the resulting resource allocation will certainly 
not be socially optimal" (Arrow, 1968, p. 538). These early papers by Friedman (1948), 
Arrow (1963; 1968), Pauly (1968), and Ehrlich and Becker (1972) still form the foundation 
from which health insurance policy and the demand for insurance are investigated. From this 
foundation, I describe more recent literature that investigates the determinants of health 
insurance purchasing and public health insurance program enrollment. 
Consumer demand for health insurance cannot be estimated without recognition of 
the historical importance of employer-based health insurance. Fronstin (2001) reports that 
76% of workers are offered insurance by their employers, a statistic that is of interest to 
many health policy analysts due to the U.S.'s historical reliance on employment-based health 
insurance coverage. Despite the high number of employers offering employment-based 
insurance benefits through 1997 (Cooper & Schone, 1997), there is a trend among employers, 
particularly among large firms that historically have provided insurance to their full-time 
workers, to reduce the number of offers of insurance benefits to employees due to rising 
insurance costs (Glied et al., 2003). 
Phelps (1997) describes studies of health insurance demand as fitting into one of two 
categories: studies that examine choices made by individuals or groups, and studies that use 
aggregate data over time to estimate market-level changes in demand. Most often, 
economists describe consumer demand for insurance by estimating income effects and/or 
price effects. Abraham, Vogt, and Gaynor (2002) provide a current example of this effort to 
understand consumer demand for employer-based health insurance enrollment decisions in 
the face of changing household demographics and family types. Abraham et al. specify a 
model of consumer demand for insurance that estimates price elasticities and cross-price 
elasticities for pairs of similar and mixed-insurance provider types. By explicitly accounting 
for the differences between two wage-earner households and single wage-earner households, 
Abraham et al. illustrate the attention being paid by those who study insurance demand to 
incorporate the influence of family contexts. They find that dual-insurance option 
households are unlikely to switch insurance plans when the switch involves moving to a 
different type of insurance provider. 
Marquis and Long (1995) provide a good example of consumer demand for health 
insurance in the individual, or non-group, market. The non-group market generally serves 
those who do not qualify for employment-based or other group plans, such as those offered 
by trade groups or unions. Using data from the Current Population Survey and the SIPP, 
Marquis and Long find that health insurance in the non-group market is both price and 
income inelastic (-0.3 to -0.4 and 0.15, respectively). That is, demand for insurance in the 
non-group market is relatively insensitive to both income and price of the insurance. As a 
result, Marquis and Long argue that attempts to induce uninsured workers to purchase 
insurance, and thereby reduce the ranks of the uninsured, likely would fail. This portion of 
the market is relatively small—approximately 10% of those who have insurance are covered 
by the non-group market (Mills & Bhandari, 2003)—and can be among the most challenging 
to insure. 
There also have been efforts to estimate the analog to consumer demand for private 
insurance, public health insurance program enrollment. Approximately 25% of the insured 
population is insured through a government plan such as Medicare, Medicaid, 
Comprehensive Health and Medical Plan for Uniformed Services (CHAMPUS) or 
TRICARE, State Child Health Insurance Program (SCHIP), and others. Individuals who are 
insured by public programs must meet certain eligibility requirements, such as income or 
asset tests, membership in a certain group, such as veteran status, or be a certain age to 
qualify for coverage. A common theme from the literature that examines public insurance 
enrollment is that potential recipients often forego public insurance and remain uninsured due 
to the challenges of enrollment procedures, confusion about eligibility, and inadequate 
information about the programs (see, for example, Cohen & Wolfe, 2001; Kaiser 
Commission on Medicaid and the Uninsured, 2000). A wealth of evidence from the Urban 
Institute's National Survey of American Families provides support for the assertion that 
insurance programs that seek to enroll children often fall short of stated enrollment goals 
unless coverage is extended to parents (Davidoff et al., 2001; Dubay, Haley, & Kenney, 
2002; Dubay & Kenney, 2003). To illustrate the effect of policies that extend insurance 
coverage to parents and the effect this has on enrollment, Dubay and Kenney (2003) report 
that 57% of children who were Medicaid-eligible in states that did not extend coverage to 
parents actually were enrolled in Medicaid, whereas 81% of children who were Medicaid-
eligible in states that extended coverage to parents actually were enrolled. 
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Family Insurance Patterns. Spells, and Transitions 
The bulk of the literature addressing the correlates of health insurance status 
continues to model individuals as the unit of analysis, yet few would argue that patterns of 
health insurance coverage are not influenced by the family context in which a person lives. 
One of the earliest attempts to examine health insurance and health behavior patterns that 
explicitly considered family composition is offered by Lois Pratt. In Family structure and 
effective health behavior: The energized family, this sociologist lays the groundwork for 
conceptualizing the family as an appropriate unit of analysis for health behavior research 
(Pratt, 1976). Her work explicitly investigated the influence of family-level structures 
because of the growing disagreement over the influence of socioeconomic status on health, 
and growing evidence that socioeconomic status explained little of the variance in the health 
levels and health behaviors of individuals. Pratt hypothesized that much of the variance 
attributed to socioeconomic status could be attributed to the patterns of relationships within 
families, and used the concept of "energized families" to describe the extent to which the 
family structure and relationships fostered behaviors that increased overall health. 
A decade before Pratt's attempts to model the interactions of family members in the 
context of health behaviors, the sociologist Ronald Andersen was developing the Behavioral 
Model of Health Services Use (the "behavioral model") to define the patterns of families' 
health services access within the context of family composition and social structures 
(Andersen, 1968). Though developed originally to describe access to medical services at the 
family level, Andersen eventually modeled the individual as the unit of analysis due to the 
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methodological challenges of developing family-level indicators of formal health services 
use (Andersen, 1995). 
Andersen's behavioral model of health services use has survived three decades as the 
primary model from which sociologists examine access to medical care and the social 
contexts that influence the demand for, and use of, medical services in the United States 
(Aday & Awe, 1997). Typically, researchers who structure their investigations within the 
framework of Andersen's behavioral model are interested in the correlates of "potential 
access" to services or "realized access" to services (Aday, Fleming, & Andersen, 1984; 
Hanson, 1998). Potential access describes the stock of resources that one may draw from 
when medical care is sought, such as community resources that influence one's access, 
family structure, family resources (including health insurance), family demographics, any 
predisposing beliefs or attitudes about medical services, and the structure of the local medical 
services community. 
Indicators of realized access incorporate numerous measures of health services 
utilization, including physician visits, spells of illness, and consumer accounts of satisfaction 
with medical services that are actually received. The behavioral model developed by 
Andersen, and its variants, is used primarily by sociologists and health policy analysts who 
are interested in the dynamics of medical care access and utilization, as well as the 
description or analysis of particular populations' access to medical services (Aday, Andersen, 
& Fleming, 1980; Aday & Awe, 1997; Almeida et al., 2001; Andersen, 1995; Andersen, 
Rice, & Kominski, 2001). As evidence of the model's continued utility, the National 
Academy of Sciences' Institute of Medicine uses a modified behavioral model to frame its 
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current investigation into the consequences of uninsurance at the individual, family, 
community, and macroeconomic levels (Institute of Medicine, 2001). 
Patterns 
Despite the methodological challenge of shifting between individuals and families as 
the unit of analysis, researchers are developing strategies for investigating the circumstances 
in which family members gain, or lose, insurance coverage. In particular, researchers are 
examining how the health insurance status of one member of a family, usually a parent, 
affects the insurance status and access to medical services for other family members 
(Hanson, 1998; Institute of Medicine, 2002b). Thus far, the evidence suggests that one's 
likelihood of having health insurance at a given point in time is highly dependent on multiple 
factors, such as one's employment status, the employment status of other family members, 
and public assistance eligibility (which, of course, is based largely on household 
characteristics). In addition, the choices of other family members affect coverage status. As 
a result, it is common for each family member's insurance status, as well as the source of the 
insurance, to vary at a given point in time (Czajka & Olsen, 2000; Hanson, 2001). 
These family insurance pattern differences have received attention from numerous 
government and non-profit health policy analysts and the literature that describes point-in-
time, intra-familial insurance patterns is growing (Bhandari & Mills, 2003; Davidoff et al., 
2001; Hanson, 1998, 2001; Lambrew, 2001; Nelson, 2003). Taken as a whole, the evidence 
suggests that the insurance status of parents is associated with the medical care access of 
children. For example, Hanson (1998) uses an Andersen behavioral model (Aday & Awe, 
1997; Andersen, 1995) to explore the nature of the relationship between parental-child 
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insurance patterns within families and two measures of medical service utilization, any 
physician visits and the number of physician visits for children who had at least one. Using 
data from the 1990 National Health Interview Survey (NHIS), Hanson compares the number 
of physician visits by children who had either private or public health insurance. After 
controlling for a host of family characteristics that, according to the behavioral model of 
health services use, may affect medical care use (including predisposing characteristics, 
enabling characteristics, need components, and availability of services), Hanson finds that a 
child's physician visits are most strongly predicted by the parent's medical services 
utilization pattern, regardless of whether the child has public or private insurance. Although 
parental insurance from any source increases the number of visits to physicians by children, 
the presence of private insurance dramatically increases the likelihood, relative to uninsured 
children, that the child will visit a physician in the first place. Based on this finding, Hanson 
recommends that policies that attempt to assure children's access to medical care take the 
family's insurance context into account. 
In a later assessment of family insurance patterns, Davidoff et al. (2001) use the 1999 
National Survey of America's Families to examine patterns of insurance coverage of 
parents—again, via cross-sectional estimates. They find that 22% of low-income children 
and 5% of higher-income children have insurance from a source that is different from their 
parent's source of insurance. Twenty percent of low-income and 5% of higher-income 
children live in families where both the parent(s) and the child are uninsured. Davidoff and 
colleagues describe this discordant insurance pattern, (e.g., the child and primary parent have 
different sources of insurance) as a potential barrier to medical care access because parents, 
as medical care decision makers for their children, must learn to navigate a different medical 
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care market in order to seek care for the child. Presumably, this human capital barrier 
reduces the parent's willingness, or ability, to seek care for the child due to the higher human 
capital costs associated with navigating multiple markets. 
As noted, researchers and policy analysts who examine family insurance patterns and 
transitions generally fail to identify associated consequences for the well-being of those who 
experience them (see, for example, Davidoff et al., 2001; Hanson, 2001; Nelson, 2003; Short 
& Graefe, 2003; Swartz et al., 1993). However, many researchers have examined the 
consequences associated with health insurance status transitions. This literature is considered 
in the next section. 
Spells and Transitions 
Research that examines family health insurance coverage patterns, such as Davidoff 
(2001), Hanson (1998; 2001), and Lambrew (2001), typically is void of any consideration of 
the duration of the spells without insurance, or the frequency with which any insurance status 
transitions occur. When spells and transitions are examined, individuals nearly always serve 
as the unit of analysis, despite the growing dependence in many households on multiple 
sources of health insurance (Hanson, 2001, is a notable exception). This gap in the literature 
exists despite the availability of longitudinal data that support more complex family-level 
analyses, including the MEPS, and the SIPP (Assistant Secretary for Planning and 
Evaluation, 2003). In addition, the gap exists despite the presence of methodological 
roadmaps in the literature that could guide investigations of insurance transitions over time 
and the consequences for those who experience the spells without insurance. This guidance 
could be provided by the work of health policy researchers such as Nelson (2003) and Short 
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(2003), or by poverty researchers who have examined similar welfare spells and transitions 
(Bane & Ellwood, 1986; Ellwood & Bane, 1994; E. Phelps, Furstenberg, & Colby, 2002; 
Rank & Hirschl, 1999). 
Social scientists who research the health insurance spells or transitions experienced 
by individuals, such as Czajka and Olsen (2000), Short and Graefe (2003), and Swartz et al. 
(1993; 1990), frequently neglect to incorporate measures of any consequences that result 
from the spells or transitions beyond changes in insurance status. Most often, researchers 
who examine the effects of health insurance transitions, particularly physicians, focus on the 
use of specific medical services or health status outcomes (see, for example, Addington, 
1999; Ayanian et al., 2000; McWilliams et al., 2003). Two examples of clinical research that 
illustrate the association between health insurance status and adult health outcomes come 
from Franks, Clancy, and Gold (1993) and Ayanian, Kohler, Abe, and Epstein (1999). 
Franks et al. (1993) used the nationally-representative National Health and Nutrition 
Examination Survey, which included 5,161 adults age 25 and older who were interviewed 
from 1971 to 1987, to investigate the relationship between insurance and mortality rates. 
Franks et al. found that when adjusted for gender, race, age, education, income, employment 
status, illness, self-rated health, smoking status, exercise, alcohol use, and obesity, 
approximately 10% of the insured and 18% of the uninsured had died. Based on their hazard 
model, the authors conclude that the effect of insurance status on mortality was comparable 
to the effects of education, income, and self-rated health. 
Ayanian et al. (1999) examined differences between privately insured women and 
women without private health insurance. They estimated the probability of being screened 
for breast cancer according to health insurance status, and later treatments if diagnosed with 
the disease. From a sample of more than 4,600 women age 35-64 who had been diagnosed 
with breast cancer, Ayanian et al. determined that women with private insurance not only 
faced a lower likelihood of death from the disease, but also faced less severe health states at 
each stage of the cancer treatment process. 
Though more difficult to ascertain than adults, differences in children's health 
outcomes also have been shown to be related to insurance status. Because children are nearly 
universally healthy as a group (Newacheck, Hung, Park, Brindis, & Irwin, 2003), efforts to 
identify health disparities often require researchers to look to medical service utilization, 
such as immunization rates or delays seeking care, developmental delays, number of days in 
the hospital, access to preventive services, school days missed, or other indicators that the 
child is in less than excellent health. Lykens and Jargowsky (2002) analyze data from the 
1988 and 1991 National Health Interview Survey (NHIS) child health supplements to test for 
differences in the number of acute illness episodes, such as bed days, restricted activity days, 
and school absences. They found that for White children, private insurance and Medicaid 
both reduced the number of reported acute illness episodes by at least 10% relative to White 
children without insurance. 
Currie and Gruber (1996) also make use of the NHIS to investigate child health 
outcomes, as indicated by ambulatory visits during a year's period, hospitalization rates, 
source of care, and mortality rates. Taking advantage of a sample of 30,000 children each 
year between 1984 and 1992, Currie and Gruber find that Medicaid coverage among children 
increased utilization of physician's offices, reduced visits to emergency rooms for routine 
care, and reduced child mortality by approximately 5%. This study period was characterized 
by Medicaid expansions that doubled the number of children who were eligible for Medicaid. 
As illustrated by these studies, both adult and child health outcomes tend to be better, 
regardless of the outcome measure, when adults and children have health insurance. 
Despite agreement that one of the primary purposes of health insurance also is to 
protect one from dramatic economic losses, it is less common for researchers to examine the 
economic well-being outcomes associated with varying insurance patterns and transitions 
(see, however, Levy, 2002; Ross & Mirowsky, 2000; Smith, 1999). Schoen and DesRoches' 
(2000) work stands out as a noteworthy exception. Using panel data from the Community 
Tracking Survey and two Kaiser/Commonwealth surveys, their research explicitly 
investigated the effects of insurance status transitions over time on the economic well-being 
of the individuals who experience them, as measured by subjects' reports of difficulty paying 
medical expenses. The uninsured were more likely to report access problems related to 
finances. To emphasize the importance of taking longer-term view of subjects' insurance 
status, Schoen and DesRoches report that the "access gap" between the insured and the 
uninsured got larger over time. They conclude with a caution that cross-sectional research 
will underestimate the effect of a spell without insurance. 
Another noteworthy exception comes from the oft-called health-wealth literature. 
Smith (1999), using data from the longitudinal Health and Retirement Study, estimates the 
effects of health shocks on wealth. He finds, among the sample of subjects who are in their 
50s and 60s, wealth does decline in response to the onset of a serious health condition, and 
that insurance reduces out of pocket expenses for insured subjects by approximately $2,500. 
In addition, total medical spending varied dramatically by insured status, with the insured 
spending approximately $27,000 and the uninsured spending $42,000 ten years after the 
onset of a serious health condition. This work clearly suggests that health insurance may 
serve as protection from dramatic loss. Interestingly, Smith also shows that reductions in 
wealth aren't necessarily the direct result of the health condition. Rather, reductions in labor 
force participation explain much of the change in wealth. 
Another broad literature category is important to the current research. That is, 
literature that describes health insurance status dynamics over time. This literature suggests 
that individuals' spells without insurance are usually relatively short in duration, and 
relatively frequent. Swartz and colleagues (Swartz et al., 1993; Swartz & McBride, 1990) 
find that spells without insurance average between six and seven months, depending on how 
left-censored spells are treated (that is, spells that are in progress at the beginning of the 
survey period) in the estimation. Similarly, Bennefield (1995) finds that spells among those 
included in the 1990 panel of the SIPP had a median uninsured spell of six months. Nearly a 
decade later, a Congressional Budget Office report (Nelson, (2003) showed that 45% of 
individuals' uninsured spells that began during a one-year reference period lasted less than 
five months, whereas 16% lasted longer than 24 months. 
Recent work using the 1996 panel of the SIPP reveals that very few Americans live 
without an insurance status change over the course of a four-year period. Short and Graefe 
(2003) found that nearly 85 million (one-third of the population) age 64 and younger 
experienced at least one month without insurance during the 48-month panel. Children age 
18 or younger were found to be the most likely to experience repeated spells without health 
insurance (40% of children experienced repeated spells without insurance), whereas adults 
age 55-64 experienced the most frequent insurance transitions (13% experienced frequent 
insurance changes). Short and Graefe's work provides the best illustration of health 
insurance dynamics to date. However, it is important to emphasize again that, despite their 
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significant contribution to the health insurance policy literature, Short and Graefe do not 
describe the consequences (if any) the spells without insurance or the insurance transitions 
might have for the individuals or families who experienced them. 
Weil-Being 
There is little agreement among researchers as to what social, psychological, 
economic, or other indicators best represent well-being (Interagency Working Group on 
Alternative Measures of Material Weil-Being, 2003; Pollard & Lee, 2003; Thornton, 2001). 
Most scholars agree that well-being is a multidimensional construct that incorporates 
physical, emotional, economic, and social domains (Thornton, 2001), but arguably there is no 
commonly-accepted set of child or family well-being criteria to guide researchers. 
Therefore, to begin to understand the components, or domains, of well-being for individuals 
and families, I will review the literature that has attempted to identify the various domains of 
well-being for both individuals and families. Because greater resources have been devoted to 
developing an understanding of the components of child well-being, I will discuss that area 
of inquiry first. Then, I will review recent efforts to move from indicators of individual well-
being, particularly child well-being, to a comprehensive construct that adequately represents 
overall family well-being. 
Child Well-Being 
In the context of infants and children, well-being typically is described as a construct 
consisting of multiple domains (Assistant Secretary for Planning and Evaluation, 2002; 
Besharov, 2003; Thornton, 2001). Unfortunately, there is little agreement among researchers 
as to what the multiple domains, and their components, actually are (Interagency Working 
Group on Alternative Measures of Material Well-Being, 2003; Pollard & Lee, 2003; 
Thornton, 2001). Nevertheless, researchers continue to propose indicators of child well-
being and are moving toward a common understanding of how its components might be 
identified and measured. 
To assess the ongoing effort to understand well-being, Pollard and Lee (2003) 
conduct a systematic review of more than 1600 research articles in the child well-being 
literature from 1991-1999. They find that the term "well-being" is used frequently by 
researchers toward very different ends. Based on their thorough review, Pollard and Lee 
suggest that child well-being consists of five domains: psychological, social, economic, 
cognitive, and physical. The psychological domain includes indicators derived from the 
work of psychologists and includes measures of an individual's emotional state, mental 
health, affect, life satisfaction, happiness, and other similar concepts. The social well-being 
domain includes indicators such as negative and positive social behaviors, child-adult 
relations, peer relationships, social support, socioeconomic status, and poverty. The 
economic domain focuses on the pecuniary resources that potentially benefit children. 
Interestingly, indicators of child support receipt dominate the few studies that explicitly 
claim to include measures of the economic domain. Arguably, several social domain 
indicators, particularly poverty status and socioeconomic status, may aptly represent the 
economic well-being domain (for example, see Thornton's (2001) "Dimensions of Individual 
Well-Being"). 
The cognitive well-being domain represents one's intellectual maturity and typically 
includes empirical indicators of one's intellectual level, including indicators of formal 
education completed and standardized testing results. The physical well-being domain is 
modeled to include indicators of one's physical health, health behaviors, immunization 
status, personal care, and other similar indicators. Most commonly, cognitive well-being is 
examined from the perspective of developmental psychologists who consider constructs 
relevant to the psychological domain of well-being, such as self-esteem, depression, affect, 
and so forth (Pollard & Lee, 2003). 
Confounding efforts to develop an understanding of the well-being of individuals is 
researchers' propensity to report that they are assessing well-being without clarifying that 
their research assesses well-being from the perspective of a single domain (Pollard & Lee, 
2003). Conspicuously, few even acknowledge that the outcome of interest is just one of 
several possible components of well-being, resulting in a literature that fails to incorporate 
the multiple domains of well-being. Pollard and Lee's work reveals that 80% of the studies 
in the child well-being literature assess a single domain of well-being. Only 13% of the 
reported studies examine well-being from the perspective of two domains, and a modest 7% 
make use of indicators from three or more domains. Pollard and Lee point out that only 4 of 
the 1,600 articles included in the study assess child well-being from the perspective of four 
domains. Interestingly, each of the four articles, (Ajdukovic & Ajdukovic, 1993; Evans, 
Lepore, Shejwal, & Palsane, 1998; Househnecht & Sastry, 1996; McCormick, Workman-
Daniels, & Brooks-Gunn, 1996) failed to consider economic well-being. Notably, the 
economic and physical domains of well-being—the domains that I propose to investigate— 
are cited by Pollard and Lee as the least-frequently examined. 
Perhaps the most comprehensive compilation of child well-being indicators to date 
comes from the U.S. Department of Health and Human Services' Office of the Assistant 
Secretary for Planning and Evaluation (ASPE). In concordance with Pollard and Lee (2003) 
and many others (Family and Child Well-Being Research Network, 2001; Federal 
Interagency Forum on Child and Family Statistics, 2003; Thornton, 2001; Watts & 
Hernandez, 1982), ASPE suggests that well-being is a multi-faceted construct best evaluated 
from the perspective of multiple domains (Assistant Secretary for Planning and Evaluation, 
2002). There are commonalities between the domains of well-being as described by the U.S. 
Department of Health and Human Services (Assistant Secretary for Planning and Evaluation, 
2002) and Pollard and Lee (2003). Of primary interest here are the two domains Pollard and 
Lee call the "economic" and "physical" domains, or what ASPE refers to as indicators of 
"economic security" and "health conditions and health care." The economic security domain 
includes indicators of a) poverty and income, b) financial support, c) parental employment, 
and d) consumption or material hardship. The health conditions and health care domain 
includes indicators that assess a) health care access and use, b) health insurance status and 
source, c) vaccinations, and d) numerous health conditions and mortality indicators. As 
noted above, these two domains are of interest in the research reported here, in part, because 
the two domains are identified by Pollard and Lee as being the least frequently researched 
among analysts interested in the well-being of children. More importantly, these two 
domains speak directly to the purposes of health insurance. That is, the extent to which 
health insurance succeeds as a economic risk-reduction strategy that protects one from 
economic shocks (Institute of Medicine, 2001; Jacobs & Rapoport, 2002), or the extent to 
which access to medical care, and presumably better health, may be made more certain 
(Andersen, 1995; Institute of Medicine, 2001). 
Another commonly-used source for child well-being indicators comes from the 
Federal Interagency Forum on Child and Family Statistics (2003). This collaborative group 
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of more than 20 federal agencies and private research organization partners offers a set of 
key national child well-being indicators that it encourages investigators to adopt to improve 
the quality and comparability of data collected by organizations that gather data on each of 
the domains of well-being. Domains of well-being identified by the Interagency Forum on 
Child and Family Statistics include population and family characteristics, economic security, 
health, behavior and social environment, and education. Select economic security domain 
indicators include child poverty and family income, parental employment, housing problems, 
food security, and access to health care. Health domain indicators include general health 
status assessments, activity limitations, weight, immunization status, and mortality and birth 
indicators (Federal Interagency Forum on Child and Family Statistics, 2003). Because of the 
practical advantage of the Interagency Forums linking of the indicators of well-being to 
commonly used data from government agencies, this set of well-being indicators holds 
promise as a common lens from which to assess child well-being. 
Family Well-Being 
The literature on child well-being is voluminous relative to the literature on family 
well-being. When one considers the difficulty of developing measures of multiple domains 
to account for the well-being of an individual, the challenge of a similar exercise to represent 
the well-being of a group of individuals is understandably complex. Nevertheless, 
researchers are incrementally working toward a common understanding of family well-being. 
An edited volume by Besharov (2003) provides the most recent examination of the 
multiple domains of family well-being, yet it suffers from many of the problems evident in 
the child well-being literature. Namely, family well-being is defined as a multidimensional 
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construct, yet research that seeks to inform the family well-being literature generally fails to 
define well-being from multiple domains. For example, Besharov's edited volume includes a 
chapter by Bavier (2003) that examines trends in family material well-being after the passage 
of the 1996 Personal Responsibility and Work Opportunities Reconciliation Act (PRWORA). 
In this chapter, Bavier describes family economic well-being through the lens of several 
commonly-used economic well-being indicators; U.S. poverty rates, welfare caseloads, 
employment rates, household expenditures, and household income. However, Bavier makes 
no attempt to link these indicators to other domains of well-being addressed by other chapters 
in the volume. As a result, family well-being is treated as a unidimensional construct 
comprised only of economic indicators. Similarly, other chapters in the Besharov volume 
examine teenage health and reproduction trends, child abuse and foster care placements, 
housing conditions, nutrition, food security, obesity, and child health in isolation, rather than 
modeling them as indicators of an overarching construct called well-being. 
Investigating the well-being of families from the perspective of multiple domains 
undoubtedly adds complexity, and constraints imposed by available data often prevent such 
investigations from beginning in the first place. Few, if any, nationally-representative data 
sources offer the breadth necessary to operationalize a comprehensive construct to represent 
family well-being (Besharov & Germanis, 2003). An example from the child well-being 
literature illustrates the complexity of this task. The U.S. Assistant Secretary for Planning 
and Evaluation's most recent Trends in the Well-Being of America's Children and Youth 
relies on data from numerous surveys conducted by the Bureau of Labor Statistics, the U.S. 
House of Representatives Committee on Ways and Means, the Centers for Disease Control 
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and Prevention, the National Center for Health Statistics, the Bureau of Justice Statistics, the 
Institute for Social Research, and the National Center for Education Statistics. In addition to 
these government sources, data from numerous privately-conducted surveys are used 
(Assistant Secretary for Planning and Evaluation, 2002). 
Fortunately, there appears to be agreement that research that clearly defines the 
particular domain(s) of well-being under consideration does add incrementally to our 
understanding of the construct (Family and Child Well-Being Research Network, 2001 ; 
Pollard & Lee, 2003). Further, given the paucity of research that examines well-being from 
multiple domains—as a reminder, only 20% of the child well-being research conducted over 
the past three decades makes use of well-being indicators from two or more domains—every 
effort to build a multidimensional understanding of well-being is needed and can potentially 
inform the literature (Family and Child Well-Being Research Network, 2001). 
Investigating Two Particular Domains: Physical and Economic Well-Being 
Recent investigations into the effects of health insurance on physical and economic 
well-being produce a variety of results. On one hand, the literature suggests that relative to 
their insured counterparts, the uninsured face a higher probability of choosing to delay or go 
without needed medical care (Schoen & DesRoches, 2000; Strunk & Cunningham, 2002) and 
greater difficulty accessing primary or routine clinical services (Almeida et al., 2001; 
McWilliams et al., 2003). These access delays or difficulties are often posited to be the 
cause of more frequent reports of poor health among the uninsured (Institute of Medicine, 
2001; McWilliams et al., 2003; Ross & Mirowsky, 2000). On average, the uninsured who 
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delay medical attention face higher pecuniary costs once care is sought, either because the 
health condition worsens, or because the provider charges the uninsured person a higher rate 
than insured patients (Ayanian et al., 2000; Wielawski, 2000). As already noted, Schoen and 
DesRoches' (2000) work stands out as an example of research that explicitly investigates the 
effects of insurance status transitions on the economic well-being of the individuals who 
experience them, as measured by subjects' reports of difficulty paying medical expenses. 
On the other hand, researchers also find that insurance status is not necessarily 
associated with differences in physical well-being. Haas, Udvarhelyi, and Epstein (1993a; 
1993b) find no difference in health outcomes among a unique sample of uninsured and 
privately insured pregnant women. More recently, Perry and Rosen (2001) find no 
difference in health outcomes between self-employed workers who are uninsured, and 
insured wage-earners, even when controlling for the possibility that those who are more 
healthy might self-select into self-employment. Despite these two examples, however, the 
overwhelming body of evidence suggests that health insurance is indeed associated with 
better health and higher levels of physical well-being (for a comprehensive review, see 
Institute of Medicine, 2002a). 
Summary 
As the preceding review suggests, researchers have not yet developed a full 
understanding of the effects health insurance has on the well-being of individual family 
members. Even less is known about the effects that family-level insurance status transitions 
have on the well-being of individual family members. With growing evidence that health 
insurance markets are increasingly dynamic, families can expect more frequent transitions 
and instability. Researchers throughout the sciences are simultaneously attempting to 
understand the complexities of the construct. Therefore, empirical models that incorporate 
multiple domains of well-being should prove more valuable in the attempt to understand the 
overall construct than those that investigate a single domain. 
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CHAPTER 3. THEORETICAL FOUNDATION 
Ecological Theory of Human Development 
Because most members of a family do not directly choose whether or not to have 
health insurance, nor the source of health insurance provider, a theoretical perspective that 
incorporates multiple levels of influence is necessary. An ecological perspective best 
represents the numerous levels of influence that an individual family member faces. Muus 
(1996) describes an ecological perspective of human behavior as one that incorporates the 
reciprocal interrelationships of the individual with his or her multiple physical and social 
environments. There are numerous variants of human ecological theory, but Urie 
Bronfenbrenner ' s bioecological theory of human development (Bronfenbrenner & Ceci, 
1994; Bronfenbrenner & Morris, 1998) provides a useful foundation from which to 
investigate child and family well-being (Barnett, 1993; Eamon, 2001; Garbarino, 1992; Moen 
& Jull, 1995). 
Bronfenbrenner ' s most recent articulation of the ecological theory of human 
development describes a configuration of process, person, context, and time factors that are 
considered in multiple, nested, and interactive systems. According to Bronfenbrenner, the 
most proximal influences on the individual occur in the microsystem. A microsystem is 
described as the network of lasting relationships that characterize a person's roles, activities, 
and face-to-face interactions in immediate environments. Each person is an active 
participant in multiple microsystems, and interactions with elements of the microsystem are 
typically characterized by face-to-face exchanges. For example, microsystems in which an 
individual might reside could include family, peer group, sports team, English class, and so 
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forth. A person's role in each of these microsystems might be described as brother, friend, 
teammate, or class member, respectively. Each of the microsystems influences the 
individual's development or behavior. In turn, the individual exerts influence in each of the 
separate (but not necessarily mutually exclusive) microsystems. Because of these reciprocal 
relationships, microsystems are dynamic and continually changing. 
Together, each of the microsystems comprise a mesosystem. The mesosystem is the 
theoretical arena where at least two or more of an individual's microsystems interact. The 
individual may perform different roles or have different responsibilities in each of the 
microsystems that define the mesosystem, as influenced by the context of the interactions. 
For example, an individual might simultaneously be a father and son, performing the 
different roles implied by each at the same time, according to the context. The mesosystem 
is comprised of domains in which the individual may or may not reside, but in which the 
person interacts at least infrequently. For example, a mesosystem called "neighborhood" 
may contain ones' school, family, and church microsystems. Because the mesosystem 
describes a proximal context in which face-to-face interactions occur at least infrequently, 
the individual is directly influenced by the characteristics of the mesosystem. In turn, the 
individual influences the characteristics of the people, processes, and contexts, of the 
mesosystem. 
The exosystem is yet another domain that influences a person, but the exosystem 
exerts its influence without the individual's face-to-face or direct interaction. 
Bronfenbrenner describes exosystems as distal environments. Examples of exosystems that 
might influence a child's development include local governments, a parent's employer, local 
education boards, and so forth. Although exosystems do not have direct influences on 
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individuals, the role of exosystems can be pronounced. For example, the health insurance 
policies of a parent's employer indirectly affect the child through the explication of eligibility 
and benefit levels. Because the exosystem is a distal context, opportunities for an individual 
to influence the exosystem are infrequent, though not precluded. 
An overarching structure containing the micro-, meso-, and exosystems is described 
by Bronfenbrenner as providing the "cultural blueprint" within which each of the other 
systems exists (Bronfenbrenner & Ceci, 1994). This macrosystem embodies the core 
political, social, economic, and legal norms, beliefs, and attitudes that influence the 
ecological environment. Individuals do not have face-to-face interactions with a 
macrosystem, and therefore, have few opportunities to impact it directly. Rather, people are 
influenced by the opportunities, choices, and patterns present in the macrosystem through 
cultural, social, educational, and economic opportunities. Examples of macrosystems include 
such defining labels as socialism, capitalism, Christianity, or the like. Again, although 
opportunities for an individual to influence the macrosystem directly are rare, individuals are 
assumed to ultimately contribute to, and be affected by, the core values, practices, and 
assumptions that are rooted in the overarching context because of the assumption of 
reciprocity. 
Finally, Bronfenbrenner describes a chronosystem that represents developmental 
(ontogenetic passage of time), cohort (shared experiences because of simultaneous entry into 
an experience with others), and historical time (shared experiences of a unique event 
regardless of age) effects. The chronosystem provides a background from which one may 
explore "ecological transitions," or transitions that occur to one or more of the related 
systems. For example, movements into and out of a microsystem, such as the loss of 
employment, result in redefined micro- and mesosystems. The newly redefined mesosystem 
influences the context in which the individual interacts with each of the other systems. 
A key assumption of the bioecological theory is that the individual's relationship to 
each of the systems is reciprocal. Individuals are capable of influencing, and being 
influenced by, the series of nested systems. Bronfenbrenner specifies this system of 
relationships between the individual and his or her numerous influential environments as 
D,=/^(fE) (1) 
where development (D) is a function of the reciprocal relationship between the person (P) 
and the environment (E). The development outcome observed at a particular time (t) is the 
product of a reciprocal relationship over the time period that the relationship exists (t-p) 
between the person and the environmental influence (Muuss, 1996). Bronfenbrenner's 
specification is a modification of Kurt Lewin's classical behavioral formula, where behavior 
(B) is specified rather than development (D). Importantly, Bronfenbrenner adds the time 
component (t-p) and takes great care articulating that the characteristics of the individual at a 
given point in time should be viewed from a phenomenological perspective. That is, an 
individual's perception of the circumstance defines the situation to a greater degree than 
objective indicators might. 
Because of its explicit inclusion of the multiple levels of influence on an individual, 
Bronfenbrenner's bioecological theory is an appropriate theoretical underpinning for the 
research reported here. The bioecological perspective acknowledges that the individual's 
actions, attitudes, and beliefs influence the context in which events occur, but that outcomes 
are shaped, in part, by the decisions of others and the environment in which the interactions 
take place. Bioecological theorists might suggest, for example, that a child's well-being 
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should be viewed as a function of the child's own endowments, the family's socioeconomic 
status, the parent's employer's decisions, the attitude and belief structure of the family, and 
the macroeconomic and broader political context in which each operates. For the research 
described here, this point is particularly important. Children seldom seek out their own 
health insurance coverage in an attempt to maximize their own well-being. Rather, children 
rely on actors in (or characteristics of) each of the systems (e.g., parents in microsystem, 
parent's employer in the mesosystem, state health insurance regulators in exosystem, 
attitudes and beliefs of society at large in the macrosystem) to make public and private health 
insurance decisions on behalf of the child. The child's behavior and characteristics 
(including genetic endowments) influence other actors directly in the proximate micro- and 
mesosystems, and indirectly in the more distal exo- and macrosystems. 
From Ecological Theory to an Adapted Behavioral Model 
To assess the influence that health insurance status has on the physical and economic 
well-being of children and families, this research adapts a model recently developed by the 
Institute of Medicine's Committee on the Consequences of Uninsurance (Institute of 
Medicine, 2002b). The committee's model is based on Andersen's behavioral model of 
medical services use that incorporates a systems perspective. In this section I outline the 
fundamental relationships hypothesized by Andersen's behavioral model, and then describe 
the Institute of Medicine's adaptations. Then, to illuminate the utility of the framework, I 
provide an example of how an adaptation, based on bioecological theory, frames the systems 
of reciprocal relationships that affect well-being. 
Variants of Andersen's behavioral model have been used by researchers and health 
policy analysts for more than 30 years. Although Andersen did not originally intend for his 
model to be used to predict health outcomes (Andersen, 1995), Andersen's framework, and 
the research communities' incremental adaptations over three decades, have proven so useful 
as an explanatory and descriptive tool that, despite his original intent, the behavioral 
framework remains the most influential framework for those who seek to understand medical 
services access and certain medical services outcomes. 
Andersen's behavioral model predicts that an individual's use of medical services is a 
function of several characteristics that Andersen calls predisposing characteristics, enabling 
characteristics, and need factors. Predisposing characteristics that influence one's 
interactions with medical services include family composition (e.g., family size, gender of 
head, marital status, age of family members), social characteristics (e.g., education, 
occupation, ethnicity, race, and employment status of the family members), and health belief 
attributes (e.g., the attitudes, beliefs, and knowledge) that predispose one to seek medical 
care. 
Enabling characteristics are the family-specific and community-specific resources 
that influence one's ability to access medical services. Family-specific enabling 
characteristics include income, financial resources, health insurance, presence of a regular 
health provider, and travel or wait times required when seeking care. Community-specific 
enabling characteristics include the community's mix of physicians and hospitals, population 
density, proximity to medical care providers, and the community's attitude about the use of 
medical services (Aday & Awe, 1997). The final group of characteristics included in 
Andersen's behavioral model is the need for health services based on one's evaluated and 
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perceived need for care. Evaluated need characteristics describe the judgments of health-
services professionals that one is, or is not, in need of medical care. Perceived need factors 
describe those needs that are based on personal or social factors. Andersen argues that in 
situations where discretion can be exercised (such as the need for elective surgery), 
predisposing and enabling characteristics most strongly predict the use of medical services. 
When discretion is reduced (such as the need for an emergency appendectomy), need 
characteristics are better predictors of the use of medical care services. 
As noted earlier, researchers who use the behavioral model are interested in the 
correlates of either potential or realized access to medical services (Aday et al., 1984; 
Hanson, 1998). "Potential access" describes the stock of resources that one may draw from 
when medical care is sought, such as community resources that may influence one's access, 
family structure, family resources (including health insurance), family demographics, any 
predisposing beliefs or attitudes about medical services, and the structure of the local medical 
services community. 
Indicators of "realized access" include numerous measures of health services 
utilization, such as physician visits, spells of illness, and consumer accounts of satisfaction 
with medical services that are actually received. Variations of the behavioral model 
developed by Andersen are primarily used by sociologists and health policy analysts who are 
interested in the dynamics of medical care access and utilization, particularly in the 
description and analysis of various populations' access to medical services (Aday et al., 
1980; Aday & Awe, 1997; Almeida et al., 2001; Andersen, 1995; Andersen et al., 2001). 
The Institute of Medicine's Committee on the Consequences of Uninsurance uses a 
modified behavioral model to frame their six-part investigation into the consequences of the 
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lack of insurance for individuals, families, communities, and the broader economy (Institute 
of Medicine, 2001). The Committee's framework specifies individual, family, and 
community level consequences of the lack of insurance to be a function of two types of 
influences: determinants of health insurance coverage, and access to health care services. 
Determinants of health insurance coverage include individual and family-level 
determinants of health insurance status, such as eligibility rules for public or private 
coverage, the cost to enroll or maintain enrollment, any administrative costs borne by the 
consumer to enroll or maintain coverage, and one's understanding of eligibility. 
Community-level determinants of coverage that directly affect individual and family 
coverage are those employment-based, publicly offered, and privately held insurance options 
from which the individual and family are eligible to select coverage. 
The process of acquiring access to health care services also is a function of 
individual, family, and community level variables. Individual and family-level resources 
include financial assets and the health insurance policy or program rules that apply to the 
individual and the family, whether public or private. Demographic, socioeconomic, 
geographic, and cultural characteristics are all individual and family-level predictors of 
access. Community level resources that affect access to care include community health 
policies, service organization, and service financing structures. Community characteristics 
include demographic, social, economic, and cultural characteristics that influence individuals 
and families. Community-level resources and characteristics do not directly predict health 
services utilization. Rather, individual- and family-level resources and characteristics 
mediate the community level factors (Institute of Medicine, 2002b). 
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Viewing the Institute of Medicine's empirical framework from the perspective of an 
ecological theorist modifies the structure of the relationships only slightly. From the 
perspective of a focal individual who faces the possibility of higher or lower levels of a 
particular domain of well-being due to his or her insurance status, the microsystem and 
mesosystem factors can be represented by the "predisposing characteristics" and "enabling 
characteristics" that the Institute of Medicine calls "individual and family-level resources and 
characteristics." Similarly, community level (exosystem) factors include the "determinants 
of coverage" and the "process of obtaining access to health care" resources and 
characteristics at the community level. Therefore, the individual's development (or, as 
adapted here, economic and physical well-being) is theoretically a function of his or her own 
predisposing characteristics and enabling resources, and the characteristics and resources of 
the multiple systems with which the individual interacts at least occasionally. 
Research Questions and Hypotheses 
This research investigates health insurance patterns over time to determine whether or 
not health insurance patterns are associated with varying levels of adult, child, and family 
well-being. The empirical analyses are derived from an adapted behavioral model of health 
care services access, and incorporate an ecological framework. Each of the following 
questions is investigated. First, what are the correlates of individual and family health 
insurance patterns, particularly among those who are uninsured? To answer this question I 
describe relationships drawn from between health insurance, other enabling resources, and 
predisposing characteristics. Health insurance status is modeled as a potential enabling 
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resource for individuals and families who seek to maximize the conceptual outcomes of 
interest, economic and physical well-being. Therefore, no hypotheses are generated to 
predict the relationships between health insurance and other enabling resources or 
predisposing characteristics. 
The second research question recognizes the systematic relationships of the 
ecological framework and speaks to the relationship between health insurance and economic 
well-being. Specifically, how does the economic well-being of ever-uninsured families 
differ from the economic well-being of continuously-insured families? This question seeks 
to understand the association between health insurance status (as an enabling resource), and 
the first conceptual outcome of interest, economic well-being. 
The final research question speaks to the relationship between health insurance status 
and the physical well-being of adults and children. In particular, how does the physical well-
being of individuals in ever- and continuously-uninsured families differ from the physical 
well-being of individuals in continuously-insured families? This research question seeks to 
understand the association between health insurance status (again, as an enabling resource), 
and the second conceptual outcome of interest, physical well-being. As with the second 
research question, this question also draws from an ecological framework. Specific 
conceptual and empirical hypotheses are outlined in the next section. 
Conceptual and Empirical Hypotheses 
Three pairs of conceptual hypotheses are derived from the general research questions 
outlined above. First, HO, o and HA,.o are the null hypothesis and alternative hypothesis that 
describe my expectations about the relationship between enabling resources (health insurance 
status) over time and economic well-being. Specifically, HO,.o: The economic well-being of 
ever-uninsured families does not differ from the economic well-being of continuously-
insured families. That is, EUfamiiies^CIfamnies with respect to economic well-being, ceteris 
paribus. Alternatively, HAi.o: Families that are ever uninsured will have lower levels of 
economic well-being than families that have continuous coverage, ceteris paribus. 
The second pair of conceptual hypotheses, HO2.0 and HA2.0, are the null hypothesis 
and alternative hypothesis that describe my expectations about health insurance status (the 
enabling resource of interest) over time and the physical well-being of adults. Specifically, 
HO2.0: Adults who are members of families that are ever uninsured and adults who are 
members of continuously insured families do not differ with respect to physical well-being. 
That is, EUaduit =CIaduit with respect to adult physical well-being, ceteris paribus. 
Alternatively, HA2.0: The physical well-being of adults who are members of families that are 
ever uninsured is lower than the physical well-being of adults who are members of families 
that have continuous health insurance coverage, ceteris paribus. 
The third pair of conceptual hypotheses, HO3.0 and HA3.0, are the null and alternative 
hypotheses that describe my expectations about health insurance status (the enabling resource 
of interest) over time and the physical well-being of children. Specifically, HO3.0: Children 
who are members of families that are ever uninsured and children who are members of 
continuously insured families do not differ with respect to physical well-being. That is, 
EUchiid =CIchiid with respect to child physical well-being, ceteris paribus. Alternatively, 
HA3.0: Children who are members of families that are ever uninsured will have lower levels 
of physical well-being than children who are members of families that have continuous 
health insurance coverage, ceteris paribus. 
Empirical hypotheses that incorporate the empirical indicators of economic and 
physical well-being used in the analyses, and fully described in Chapter 4, are derived from 
the conceptual hypotheses stated above. Three pairs of empirical hypotheses are tested. 
First, HOi.i and HA,.,, are the null hypothesis and alternative hypothesis that describe my 
expectations about the relationship between family health insurance status and economic 
well-being, as indicated by reports of food insecurity. That is, HOi.i : Levels of food 
insecurity do not differ between ever-uninsured and continuously-uninsured families, ceteris 
paribus. Alternatively, HA1.1 : Families that are ever uninsured will have higher levels of 
food insecurity than families that have continuous health insurance coverage, ceteris paribus. 
The second pair of empirical hypotheses, HO2.1 and HA2.1, are the null and alternative 
hypotheses that describe my expectations about the relationship between health insurance 
and the physical well-being of adults, as indicated by self-reported current health status. 
Specifically, HO2.1: Adults who are members of families that are ever uninsured and adults 
who are members of continuously insured families do not differ with respect to current health 
status, ceteris paribus. Alternatively, HA2.1: The current health status of adults in families 
that are ever uninsured will be lower than the current health status of adults in families that 
have continuous health insurance coverage, ceteris paribus. 
The final pair of empirical hypotheses, HO3.1 and HA3.1, are the null and alternative 
hypotheses that describe my expectations about the relationship between health insurance 
and the physical well-being of children, as indicated by current health status. Specifically, 
HO3.1: Children who are members of families that are ever uninsured and children in families 
that are continuously insured do not differ with respect to current health status, ceteris 
paribus. Alternatively, HA3.1: Children in families that are ever uninsured will have lower 
health status than children in families that have continuous health insurance coverage. 
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CHAPTER 4. METHODS 
Data and Sample 
Data used in this research are drawn from the 1996 panel of the Survey of Income and 
Program Participation (SIPP), a nationally-representative sample of 40,188 households 
(95,402 original sample members) that was conducted by the United States Census Bureau 
(U.S. Census Bureau, 2001). The survey's population universe was the civilian non-
institutionalized population of the United States. Bauman (2003) reports that the 
institutionalized population is largely (91 %) comprised of people who are in correctional 
facilities or nursing homes. According to the most recent decennial census, the omission of 
the institutionalized population results in a population universe reduction of approximately 
4.1 million individuals out of a complete universe of approximately 281 million in 2000 
(Bauman, 2003). Members of the armed forces and their families who do not reside in 
barracks were included in the SIPP population universe (U.S. Census Bureau, 2001) and, 
therefore, are included in all analyses. 
The 1996 panel of the SIPP surveyed households from April, 1996 to March, 2000. 
Each household selected by the two-stage sample was surveyed every four months, a period 
the Census Bureau refers to as a "wave," for the duration of the 4-year panel. Because the 
recall period of four months is relatively short, data from the SIPP are thought to be less 
prone to respondent recall errors than other surveys that collect retrospective income, 
household composition, program participation, and health insurance data from as long as a 
full year prior to the interview (U.S. Census Bureau, 2001). 
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Each SIPP panel consists of "core" and "topical" survey modules. The core modules 
include questions that are asked of respondents at each of the 12 waves in the panel. Core 
modules probe three broad topical areas: employment and earnings of household members— 
public program, general, and asset income sources and amounts received by the household— 
and several additional questions about public and private health insurance coverage, 
educational attainment, and various public assistance programs. Questions that are not asked 
at each interview are grouped into "topical modules." The timing and frequency of the 
topical modules varies, as does the duration of the reference period to which the question 
refers. Topical module categories include welfare reform, personal history, supplemental 
family and household characteristics, education and employment, child care arrangements 
and support, physical well-being, and a rich set of financial assessment questions (U.S. 
Census Bureau, 2001). With one exception, this research uses data from both core and 
topical modules across the first eight waves (32 months) of the 1996 panel, with most 
outcomes of interest coming from wave 8. One outcome variable, self- or parental-reports of 
health, was collected four months later in a topical module in wave 9 (36 months). This 
variable is treated as if the information was collected at the same time (32 months) as other 
outcome variables. The decision to use only the first 8 waves rather than the full 12 waves 
that are available is driven by the timing of the topical modules. The outcome measures used 
in this investigation were obtained from topical modules administered in waves 8 and 9, 
necessitating the use of only three of the four years of data available in the panel. 
The core sociodemographic and health insurance status data are available from the 
core questionnaires. In addition to the eight core files that provide longitudinal 
sociodemographic information and health insurance status data for sample members, two 
topical modules are of particular importance to this research. First, the Assets, Liabilities, 
and Eligibility topical module collected in waves 3, 6, and 9 provides a Likert-type subjective 
health assessment that is collected for adults via self report, or by proxy when necessary. 
Similar data are collected for children via parental or guardian assessment of the child's 
health status. The second relevant module is Adult Weil-Being, which was collected in wave 
8 of the 1996 panel. In addition to numerous questions that query household members' 
experiences with several forms of economic hardship, this module includes a catalog of 
economic hardships called "basic needs." This series of questions allows one to assess 
whether or not the household was able to meet basic needs, such as having enough food to 
eat during the previous 12 months (Bauman, 2003). These questions provide a context for 
the physical and economic environment in which the family lives. 
Time Period Definitions 
Based on the data collection plan of the 1996 SIPP panel, the "data needs period" is 
the 36 month period defined by waves 1-9. As shown in Figure 1, the data needs period is 
different from the "study period," which refers to the 32-month period defined by months 1-
32 of the panel. The SIPP collects data from four rotation groups each wave, so 
approximately one-quarter of the sample was interviewed each month throughout the panel. 
For example, the data collection months for wave 1 were March-June, 1996. As a result, the 
32 month study period corresponds to the calendar time between December, 1995 (the first 
reference month for the first rotation group that was interviewed in April, 1996) and October, 
1998 (the final reference month for the fourth rotation group, collected in November, 1998). 
With one exception noted earlier, all data used are reported in this 32-month study period. 
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Figure 1. 
Referenced Time Periods 
Wave 123456789 
Data Needs Period ^ 
Study Period —...... 
Analysis Period —————— 
Notes. Data collected for the 1996 SIPP panel were collected at the end of a four-month reference period, or 
wave. This research makes use of data from months 1-36 (waves 1-9) as shown by the solid "data needs 
period" line. The 32 month "study period" refers to data from waves 1-8. With one exception, all data used are 
reported in this 32 month study period. The "analysis period" includes the 24-month period indicated by waves 
2-7. It is from this two-year period that health insurance status, employment, sociodemographics, and family 
composition data are drawn. The first four months (wave 1) are used when appropriate as a proxy, or control, 
for the individual's or family's health insurance status, employment status, or family composition prior to the 
analysis period. Outcome measures were collected at the end of wave 8 or 9. 
The "analysis period" refers to the two-year period defined by months 5-28 (waves 2-
7). It is from this two-year period that all variables representing health insurance status, 
employment, sociodemographics, and family composition are drawn. The first four months 
(wave 1) are used when appropriate as a proxy, or control, for the individual's or family's 
health insurance status, and family composition prior to the analysis period. 
The Sample of Individuals and Families 
This research is framed as an investigation of both individual and family well-being. 
Therefore, it is important that both individuals and families be clearly defined and identified 
within each household. Following the Census Bureau's convention, a "household" refers to 
"all people who occupy a housing unit, regardless of their relationships to each other." The 
term "family" refers only to "a group of two or more people related by birth, marriage, or 
adoption who reside together" (U.S. Census Bureau, 2001). A household may have more 
than one family in residence, and the multiple families residing in the household may or may 
not have familial ties. The term "primary family" will refer to the family that contains the 
person, or persons, who are the homeowners of record. A "subfamily" refers to a family that 
does not include the homeowner of record. An unrelated subfamily is "a nuclear family that 
is not related to the household reference person." The household reference person is "the 
person whose name the home is owned or rented." In the case of joint ownership or rental 
responsibility, either/any of the persons may be selected as the household reference person. 
A related subfamily is "a nuclear family that is related to but does not include the household 
reference person" (U.S. Census Bureau, 2001). 
The analysis sample used throughout this paper includes 45,857 individuals who meet 
certain sample-inclusion criteria. First, because health insurance coverage is nearly universal 
for those age 65 and older, only those who are less than 65 years of age throughout the 32 
month study period are included. Bhandari and Mills (2003) report that 93% of those age 65 
and older have Medicare, and 99% had some form of health insurance throughout the entire 
year in 1999. As shown in Table 3, this selection criterion reduces the sample from 111,988 
subjects (266.9 million weighted) to 98,521 (234.5 million weighted). Second, because this 
investigation seeks to understand the effects of family-level insurance status on the individual 
members of families, individuals who are not members of primary families or subfamilies 
throughout the study period are excluded. In addition, individuals who reside in group 
quarters at any point of the study period are not retained. These two selection criteria reduce 
the sample from 98,521 (234.5 million weighted) to 71,700 (188.4 million weighted). The 
final sample selection criterion requires that individuals have a full roster of health insurance 
data. That is, only those who have a full 32-month inventory of health insurance status are 
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Table3. 
Individual Sample Restriction Details 
Weighted N 
Sample Restriction Criteria Reduction N (Millions)3 
Full 8 merged waves without exclusions 111,988 266.9 
Exclude those age 65 and olderb 13,467 98,521 234,5 
Exclude those in non-family households0 26,821 71,700 188.4 
Drop those missing health insurance datad 25,843 45,857 165.4 
Final individual-level analysis sample 45,857 165.4 
"Weights applied are the four-month average of the longitudinal person-level weights provided in the 
SIPP public use file for use with wave 8 (months 29-32). 
individuals age 65 or older during any of the 32 months of the study period are excluded. 
Individuals who are members of primary families, unrelated subfamilies, and related subfamilies at the 
beginning of the analysis period are retained. Primary individuals and secondary individuals (both non-
family categories according to Census Bureau definitions) are excluded. 
individuals who lack health insurance status data for each of the 32 months of the study period are 
excluded. See Appendix A for a comparison of samples with, and without, this restriction. 
included in the analyses. This selection criterion further reduces the sample by 25,843 cases 
(see Appendix A for a comparison of samples with, and without, this restriction). After 
accounting for these sample reductions, the final sample is 45,857 cases representing 
approximately 165.4 million children and adults less than 65 years old who are members of a 
family, as defined by the U.S. Census Bureau. 
Family composition is dynamic and can change dramatically over the course of a 
given two-year period due to births, deaths, marriage, divorce, adoptions, or other events. 
Because it is exceedingly difficult to account for these dynamic familial relationships over 
time in a meaningful way, familial ties are assessed immediately prior to the analysis period, 
in month 4 of the panel, by linking each of the 45,857 subjects to one of 14,275 family 
reference persons identified in the SIPP. Family-level data are drawn from these 14,275 
family reference persons, and those family-level characteristics are assigned to each of the 
other family members for whom the family reference person reports information. When 
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weighted, these family reference persons represent 51.4 million families. To provide an 
indication of the volatility of each person's family composition over time, each individual is 
assigned a value that represents the number of family composition changes that person 
experiences over the course of the analysis period, waves 2-7. Therefore, all subjects are 
members of families at the beginning of the analysis period, but family composition changes 
that occur over the course of the panel, such as death or divorce, may result in an individual 
being a non-family member of the panel at the end of the analysis period. A majority of 
subjects (77%) experienced no family composition changes; only 1% experience three or 
more family composition changes. 
The family-level sample is selected using the same criteria as the individual-level 
sample. As shown in Table 4, only family reference persons who are less than 65 years of 
age throughout the 32-month study period are included. This selection criterion reduces the 
sample from 41,329 (104.8 million weighted) to 32,448 (83.0 million weighted). The second 
Table 4. 
Family Sample Restriction Details 
Sample Restriction Criteria Reduction N 
Weighted N 
(Millions)3 
Family reference persons 41,329 104.8 
Exclude persons age 65 and olderb 8,881 32,448 83.0 
Exclude those in non-family households0 10,468 21,980 58.2 
Drop those missing health insurance datad 7,705 14,275 51.4 
Final family-level analysis sample 14,275 51.4 
"Weights applied are the four-month average of the longitudinal family-level weights provided in the SIPP 
public use file for use with wave 8 (months 29-32). 
individuals age 65 or older during any of the 32 months of the study period are excluded from all 
analyses. 
'Individuals who are members of primary families, unrelated subfamilies, and related subfamilies 
immediately prior to the analysis period (month 4) are retained. Persons in non-family households and 
those living in group quarters (boarding houses, hotel rooms, and similar dwellings not counted as 
housing units in the decennial census) are excluded. 
individuals who lack health insurance status data for each of the 32 months of the study period are 
excluded. See Appendix B for a comparison of samples with, and without, this restriction. 
selection criterion excludes 10,468 who live in non-family households or reside in group 
quarters at any point of the study period reduces the sample to 21,980 (59.0 million 
weighted) family reference persons. Finally, only individuals who have a full 32-month 
inventory of health insurance data are retained (see Appendix B for a comparison of samples 
with, and without, this restriction). This selection criterion further reduces the sample by 
7,705 cases, leaving a family-level sample of 14,275 (51.4 million weighted) cases. 
Weighting and Variance Estimation 
The 1996 panel was drawn from 322 primary sampling units throughout the United 
States that were either a single, densely-populated county or a group of adjoining counties. 
Within these primary sampling units, living quarters were selected systematically from a list 
constructed using 1990 decennial census data. Living quarters that had been constructed 
after the 1990 decennial census in each of the primary sampling unit areas were identified by 
the use of construction permit records and included in the sampling universe via a separate 
sampling cluster (U.S. Census Bureau, 2004). Because the sampling design is not a simple 
random sample, the Census Bureau includes variables in the public-use files that allow one to 
identify the sampling strata and primary sampling units. Using this information provided by 
the Census Bureau, I account for the complex sample design in all analyses. 
The Census Bureau provides longitudinal individual, family, and household weights 
for the 1996 panel of the SIPP that are appropriate for a wide range of analyses. The 
longitudinal weights are calculated each month to adjust for more than 500 nonresponse 
classes and differential attrition rates that vary by Census region, metropolitan status, 
household size, home ownership, race, education, and poverty status (U.S. Census Bureau, 
2001). Because the research goals of SIPP users vary widely, there is no established method 
for applying weights in the longitudinal files (personal communication with Urban Institute 
and U.S. Census Bureau staff, March, 2003). As a result, researchers must determine a 
reasonable strategy for applying weights according to their own research goals, unit of 
analysis, and sample selection. Because the compositions of both the sample universe and 
the realized sample of households change over time, and because many of the questions 
reference the preceding 4- to 12-month time period, I average the longitudinal weights over 
the applicable reference period. Specifically, all weighted-sample values reflect the four-
month average of the longitudinal panel weights provided in the SIPP public use file for 
wave 8 (months 29-32), the wave in which the economic well-being outcome measure (food 
insecurity) is collected. This weighting procedure was recommended by experienced SIPP 
users at the Urban Institute and is consistent with general weighting guidelines outlined in the 
SIPP user's guide (U.S. Census Bureau, 2001). 
An important characteristic of the SIPP sampling design is the oversampling of 
particular subgroups of interest to policy makers. Because the SIPP seeks to provide 
information about public programs and participation rates, low-income households are 
sampled at a rate that is approximately 1.7 times greater than households that are not at, or 
near, the poverty thresholds. The individual, family, and household weights provided by the 
Census Bureau reflect this higher probability of selection, which results in approximately 
18% greater representation of households at or near poverty thresholds. Since a higher 
representation of low-income households provide more data observations, this over-sampling 
provides more robust point estimates that more fully assess the contexts in which lower-
income families interact with public and private markets (U.S. Census Bureau, 2001). Again, 
all analyses reported here are weighted to reflect the complex sampling design and the low-
income oversampling rate. 
The longitudinal, full-sample weights provided by the Census Bureau allow one to 
estimate population point estimates that more accurately reflect the population of interest 
while accounting for the dynamic nature of panel membership. However, statistical tests that 
simply use the weighted variance estimates with those point estimates without accounting for 
the SIPP's complex sampling design are likely biased (Brick, Morganstein, & Valliant, 2000; 
U.S. Census Bureau, 2003, 2004). As recommended by the U.S. Census Bureau, (2004), all 
sample values reported here use Fay's method of calculating a standard error of estimates 
that attempts to approximate the effects of the SIPP's complex sample design (for a full 
description of Fay's method, see Brick et al. (2000) or U.S. Census Bureau (2003)). 
Fay's estimation of the true population variance (&o) is shown in Equation 2. The 
number of replicate samples drawn from the full realized sample is (G), (1-t) is a 
perturbation factor that includes both half samples in the estimation of each replicate 




sample from which replicate variance estimates are calculated, ( i )  is the replicate i to G, ((),) 
is the z'th estimate of the parameter 6 based on the z observations included in the z'th replicate 
sample of the estimated variance of the population, and (#,) is the estimate of the parameter 0 
that is based on the full realized sample (U.S. Census Bureau, 2004). The 1996 SIPP panel 
design includes 108 replicates to be calculated with a perturbation factor of 0.5 (U.S. Census 
Bureau, 2004). Equation 3 incorporates these values into Fay's variance estimation equation. 
Fhr((9o) = 
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All standard errors account for the complex sample design by calculating replicate sample 
weights using Fay's variance estimation method. The resulting estimates of the sample's true 
variance {6q), then, are correctly interpreted as the estimated variance derived from the 
repeated replicate samples drawn from the selected full sample. Accounting for the sample 
design in this prescribed manner provides a more accurate estimate of the true standard errors 
and, as a result, yields greater confidence in the results than estimates that fail to incorporate 
important aspects of the sample design. 
Variable Descriptions 
The variables included in this investigation are chosen based on the guidelines 
suggested by the adapted behavioral framework. As described more fully in Chapter 3, the 
adapted behavioral model posits that a family's economic well-being and an individual's 
physical well-being are a function of several characteristics that Andersen calls predisposing 
characteristics and enabling characteristics. Predisposing characteristics that influence one's 
interactions with medical services include family composition (e.g., family size, gender of 
head, marital status, age of family members), social characteristics (e.g., education, 
occupation, ethnicity, race, and employment status of the family members), and health belief 
attributes (e.g., the attitudes, beliefs, and knowledge) that predispose one to seek medical 
care. Enabling characteristics are the family-specific and community-specific resources that 
influence one's ability to access medical services. Family-specific enabling characteristics 
include income, financial resources, and health insurance status. The following provides a 
description of each of the variables that are used in the analyses. 
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Predisposing Characteristics Variables 
The predisposing characteristic variables included in the model are assessed at two 
different points in the SIPP. Individual characteristics and attributes are assessed in month 
28 of the panel, the final month of the two-year analysis period, whereas family 
characteristics are assessed in month 4. In month 28, final month of the analysis period, 
individuals' sex, race, ethnicity, Hispanic origin, age, educational level, adult status, and 
employment history are determined. As shown in Table 5, the dummy variables male and 
female, where 1 is assigned if the person is male (or female, as appropriate) and 0 otherwise, 
were created to indicate the sex of each individual. Similarly, dummy variables were created 
to indicate whether or not a person's race is White or other, Black or other, or a race other 
than White or Black. A dummy variable equal to 1 if a person of any race indicated that he 
or she is Hispanic, and 0 otherwise, completes the race and ethnicity group of predisposing 
characteristics. 
Continuing in Table 5, the age of each member of the sample was determined based 
on his or her age at the end of the analysis period, month 28 of the panel. When referring to 
adult or child status, the status is determined at the end of the analysis period. Therefore, 
anyone who is a child (children=\, other=0) was less than 18 years of age throughout the 
two-year analysis period. Subjects who are identified as adults at month 28 were less than 65 
years of age for the duration of the analysis period, but may have been less than 18 years of 
age for a portion of the analysis period. Educational status also is assessed at month 28, and 
is determined only for those identified as adults (adults-1). Four dummy variables were 
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Table 5. 
Predisposing Characteristics Variable Definitions and Statistics 
Variable Name Description Unweighted Weighted 
Male l=male, 0=other 0 49 0.48 
Female l=female, (Mother 0.51 0.52 
White l=White, 0=other 0.83 0.82 
Black 1 =Black, 0=other 0.13 0.13 
Other Race 1 =race is other than White, Black, 0=other 0 05 0.05 
Hispanic (any race) l=Hispanic origin, 0=other 0.12 0.12 
Age 
Adults" Mean age of adults 39.9 39.4 
Children*1 Mean age of children 9.7 9.6 
Less than HS l=education level less than high school graduate, 0.15 0.15 
graduate" 0=other 
HS graduate" 1 =highest educational level completed is high 0.31 0.31 
school, (Mother 
Some college" l=highest educational level completed is some 0.31 0.32 
college, 0=other 
College graduate" 1 =highest educational level completed is college 0.22 0.23 
graduate, (Mother 
Adult 1 =adult age 18 or older at month 28, (Mother 0.67 0.69 
Child l=child under age 18 at month 28, (Mother 0.33 0.31 
Family kind 
Couple l=two-adult family, (Mother 0.79 0.80 
Male head l=male-headed family, (Mother 0.04 0.04 
Female head l=female-headed family, (Mother 0.18 0.16 
Number of Children 
All families Mean number of children 1.6 1.6 
Families with Mean number of children 2.2 2.1 
children 
Worked full time" 1 = worked full time waves 2-7 (24 months), (Mother 0 42 0.42 
Did not work" l=did not work waves 2-7 (24 months), (Mother 0.15 0.14 
Family changes Mean number of family composition changes over 0.3 0.3 
waves 2-7 (24 months) 
Family size Mean number of family members, wave 1 3.9 3.8 
Household size Mean number of household members, wave 1 3.9 3.9 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health insurance status 
inventory. Individuals age 65 and older at any point in the study period (months 1-32) are excluded. Persons who 
are not members of primary families or subfamilies, or who live in group quarters (boarding houses, hotel 
rooms, and similar dwellings not counted as housing units in the decennial census) immediately prior to the 
analysis period (month 4) also are excluded. 
an=30,622 (113.6 million weighted) and includes only adults who have a complete health insurance status 
inventory who are age 18-64 at the end of the analysis period (month 28). Adults who are not members of 
primary families or subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar 
dwellings not counted as housing units in the decennial census) immediately prior to the analysis period (month 
4) also are excluded. 
Ln=l 5,235 (51.8 million weighted) and includes only children age 17 and younger at the end of the analysis 
period (month 28). Children who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units in the decennial 
census) immediately prior to the analysis period (month 4) also are excluded. 
created to represent the educational attainment of adults; less than a high school diploma 
(less than HS graduate-!, other=0), high school graduates (HS graduate^ 1, other=0), those 
who completed some college courses but did not earn a degree (some college-!, other=0), 
and those who completed a college degree (college graduate=!, other=0). 
Predisposing characteristics that provide information about family or household 
characteristics are generally assessed in month 4 of the panel, immediately prior to the two-
year analysis period. These family characteristics are assessed early in the panel to 
determine the family context for each individual before the analysis period commences. 
Other variables drawn from later waves provide information about the family dynamics faced 
by individual subjects. Continuing in Table 5, one can see that three dummy variables were 
created to represent the kind of family each individual was a member of in month 4 of the 
panel. The family types are two-adult families (couple=!, other=0), families headed by a 
single male adult (male head-!, other=0), and families headed by a single female adult 
(female head=!, other=0). The number of children present in each family also is assessed at 
month 4. With this information, a variable that counts the number of adult and child family 
members at month A, family size, is calculated. In addition, a variable containing information 
about the household size, or the number of individuals in the household regardless of familial 
ties, is included to provide information about non-family members who may be in the home. 
The final predisposing characteristics variables provide information about family 
dynamics and employment during the analysis period. First, because families are dynamic 
and changes are likely to occur over the course of the two-year analysis period, this baseline 
family composition information is supplemented with a variable that counts the number of 
family composition changes that occur during the analysis period (waves 2-7). This variable, 
family changes, counts the number of family composition change flags that are checked 
during the two-year analysis period. The family change variable, then, is the sum of the final 
month composition change flags of each wave of the 24-month analysis period. These flags 
simply reflect whether or not change(s) occurred. The family change that occurred may 
include family size, such as additions or reductions in family size, or changes in family type, 
such as a change in marital status. Although this method of accounting for family 
composition does not allow one to follow the familial relationships of each subject, it does 
provide information about the volatility of the family composition context over the course of 
the analysis period. 
Employment information variables about each adult member of the sample also are 
included as predisposing characteristic data. Two dummy variables representing opposite 
ends of the employment continuum are included here. Worked full time is equal to 1 when 
the adult is employed 35 hours or more per week of the final reporting month of each wave 
of the analysis period, and 0 if this condition is not met. The fourth month of each wave is 
used because of a phenomenon commonly called a "seam effect." The seam effect refers to a 
tendency for the data to reflect greater rates of change between waves than within waves 
(U.S. Census Bureau, 1998). This phenomenon, and the consequences for this study, are 
explained more fully in the next section. At the other end of the employment continuum, did 
not work is equal to 1 when the adult reports not working any hours in the final reporting 
month of each wave of the analysis period, and 0 if this condition is not met. A more 
complete accounting of employment patterns and their relationships to health insurance 
status is completed as part of this research (see Table 10), but the two extremes of the 
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employment continuum are presented here because these are the dummy variables that are 
included in later empirical models. 
Enabling Resource Variables 
The enabling resource variables available in the SIPP and used here include variables 
that are either assessed a single time in month 4 (wave 1) of the panel, or over the course of 
the two-year analysis period (waves 2-7) and measured in month 28. As shown in Table 6, 
two enabling resource variables are measured at month 4. The first, own home, is a dummy 
variable that equals 1 if, at month 4 of the panel, a member of the individual's family owns 
the home in which the family is living and 0 if this condition is not met. The second, health 
insurance status during wave 1 (HI wave I) equals 1 when the individual has some form of 
health insurance in wave 1 of the panel. Because it is not possible to determine each person's 
prior health insurance status history due to the left-censoring of the data, this variable serves 
as an indicator of the person's prior health insurance status. 
The remaining enabling resource variables defined in Table 6 are composite measures 
of events, changes, or states that occur over the two-year analysis period. Each is measured 
at the 4th month of waves 2-7, and summarized at the end of the analysis period (month 28). 
The first, income/poverty ratio, provides a long-term view of the family's income resources 
relative to family size. The family income-to-poverty ratio is a two-year sum of total family 
income divided by the sum of the applicable federal monthly poverty thresholds from the 
two-year period. This provides a value that is referred to as a "percent of poverty." That is, a 
value of 200 means that over the course of the two-year analysis period, total family income 
was twice as large as sum of the appropriate family poverty threshold values. This is a 
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Table 6. 
Enabling Resource Variable Definitions and Statistics 
Variable Name Description Unweighted Weighted 
Income/poverty ratio Mean family income/poverty threshold ratio, 3.6 3.7 
2-year ratio 
Own home l=family member owns home, 0=other 0.71 0.72 
WIC l=family member received WIC, (Mother 0.04 0.04 
Food stamp l=family member received FS, (Mother 0.14 0.12 
Family income, 2 yr, Mean total family income over 24-month 10.8 11.0 
individual level analysis period, waves 2-7 (in 10,000s) 
Family income, 2 yr, Mean family income over 24-month analysis 10.7 10.9 
family level* period, waves 2-7 (in 10,000s) 
HI all waves 1 individual had health insurance waves 2-7 0.74 0.74 
(24 months), 0=other 
No HI All waves 1 individual without health insurance waves 2-7 0.06 0.07 
(24 months), 0=other 
Transition in 1 individual began the analysis period without 0.05 0.05 
health insurance, then gained and maintained 
coverage, 0=other 
Transition out 1= Individual began the analysis period with 0.05 0.05 
health insurance, then lost coverage for the 
remainder of the period, 0=other 
One gap 1 individuals who report beginning and ending 0.06 0.06 
the analysis period with insurance, but were 
uninsured for a single spell of one or more waves 
during waves 3-6, 0=other 
Temporary coverage 1 individuals who report beginning and ending 0.02 0.02 
the analysis period without insurance, but were 
insured for a single spell of one or more waves 
during waves 3-6, 0=other 
Cycler 1 individual was intermittently insured waves 0.02 0.02 
2-7 (24 months), 0=other 
HI changes Mean number of health insurance status changes 0.30 0.30 
per individual waves 2-7 (24 months) 
HI wave 1 1 individual insured in wave 1, 0=other 0 86 0 86 
HI percent Percent of time individual insured, waves 2-7 85.4 85.5 
(24 months) 
Family HI percent" Percent of time each and every family member is 85.9 86.3 
insured, wave 2-7 (24 months) 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health insurance status 
inventory. Individuals age 65 and older at any point in the study period (months 1-32) are excluded. 
Persons who are not members of primary families or subfamilies, or who live in group quarters (boarding 
houses, hotel rooms, and similar dwellings not counted as housing units in the decennial census) 
immediately prior to the analysis period (month 4) also are excluded. 
"ni4,275 family reference persons. 
family-level value that is assigned to each member of the family. In addition, individuals are 
assigned a value equal to the mean total family income over the 24-month analysis period, 
calculated at both the individual level and family level. 
Next, two variables provide information about food program participation. The 
variables WIC is a dummy variable that equals 1 if the person is a member of a family that 
reported receiving WIC benefits at any time during the 24-month analysis period and 0 if the 
receipt of WIC is never reported. Similarly,/oo<i stamp is a dummy variable that equals 1 if 
the person is a member of a family that reports having received food stamp benefits during 
the analysis period and 0 if food stamps were never received. 
The final group of variables captures the dynamics of the individual and family health 
insurance contexts throughout the study period. Because these variables form a critical 
element of the empirical models, I will first provide a brief description of the typology used 
to define the variables. I will then provide a more complete discussion of the theoretical and 
practical decisions that were made when developing this operational plan. This later 
description provides a justification for the coding typology and inclusion of the variables. 
HI all waves is a dummy variable that equals 1 when the individual had health 
insurance coverage during the entire analysis period and 0 otherwise. Similarly, no HI all 
waves is a dummy variable equal to 1 when the individual did not have health insurance 
throughout the analysis period, and 0 if this condition is not met. Subjects who begin the 
analysis period without health insurance coverage, but who eventually gain and maintain 
health insurance coverage, are classified as having transitioned into coverage. For subjects 
whose insurance pattern meets this description, the dummy variable transition in will equal 
1. If this health insurance pattern is not met, transition in equals 0. Subjects who begin the 
analysis period with health insurance coverage, but who eventually lose their coverage for 
the remainder of the analysis period, are classified as having transitioned out of coverage. For 
these subjects, the dummy variable transition out will equal 1. If this health insurance 
pattern is not met, transition in equals 0. 
Subjects classified as having "one gap" in health insurance coverage are those who 
report beginning (wave 2) and ending (wave 7) the analysis period with insurance coverage, 
but who were without insurance for a single spell of one or more waves during waves 3-6. 
When this pattern is met, the dummy variable one gap is equal to 1. Otherwise, one gap 
equals 0. Individuals classified as having "temporary coverage" are those who report 
beginning and ending the analysis period without insurance coverage, but who report having 
insurance coverage for a single spell of one or more waves during waves 3-6. When this 
pattern is met, the dummy variable temporary coverage is equal to 1. Otherwise, temporary 
coverage is coded as 0. Cycler is a term used to describe those who are intermittently 
insured during the analysis period. That is, cyclers are those who repeatedly transition into 
and out of a health insurance coverage status. When this condition is met, the dummy 
variable cycler is equal to 1. Otherwise, cycler equals 0. 
In addition to the health insurance pattern described above, several other variables 
describe health insurance status over the analysis period. The first, HI changes, counts the 
number of health insurance status changes during the two-year period. For example, an 
individual who transitions out of insurance would have a single change in health insurance 
status and HI changes would equal 1. Health insurance status changes are counted regardless 
of whether the change is a transition into, or out of, insurance coverage. Changes in types of 
insurance that do not result in a period without insurance are not coded as a health insurance 
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status change. The percent of time each individual is insured during the analysis period also 
is calculated by dividing the number of waves during the analysis period (waves 2-7) that the 
person is insured by 6. This estimate of the percentage of time insured is included as the 
variable HI percent. Finally, a family-level indicator of the percentage of time the family as 
a whole is insured is labeled family HI percent. This variable is the mean percent of time that 
each family member is insured. Full family insurance, then, would equal 100% and indicate 
that each and every person identified to be a member of a family in month 4 of the panel was 
insured throughout the duration of the two-year analysis period. 
Operationalizing health insurance status over time is a challenging endeavor. Public 
and private health insurance plans vary widely with respect to benefit levels, eligibility, cost-
sharing requirements, maximum values, co-payment levels, and along numerous other 
dimensions, and frequent changes over time add to the complexity. Unfortunately, the SIPP 
does not allow one to differentiate between these dimensions to any meaningful degree. 
Therefore, in order to simplify the analyses, and in response to challenges imposed by the 
data, this research follows the lead of other health insurance research and treats all forms of 
health insurance coverage equally. That is, no distinction is made between the numerous 
public and private sources of health insurance available to consumers. Although the SIPP 
allows one to differentiate between public and private sources of health insurance, policy 
differences within these categories can be dramatic, reducing the utility of clarifying the 
distinctions. For example, throughout the panel, public sources of insurance available to 
respondents and their families might include Medicaid, CHAMPUS, or individual states' 
health insurance programs, yet one important source of health insurance for children, SCHIP, 
was not available until after the panel was underway. Similarly, private sources of health 
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insurance could include employer-based insurance or private market plans, yet benefit levels, 
co-payment levels, premiums, and other key components of health insurance policies that 
vary widely, are not included in the data. Because SIPP data do not allow one to identify 
these policy or underwriting differences, no distinction is made. 
Another challenge posed by SIPP health insurance coverage data is that the survey 
does not include a confirmation question to verify that individuals who fail to report being 
covered by a private health insurance policy, Medicaid, Medicare, CHAMPUS, or other 
health insurance do indeed lack health insurance. As a result, it is possible that some 
respondents who report the lack of health insurance are actually insured by some public or 
private policy. Although the U.S. Census Bureau has attempted to determine the extent to 
which this confusion results in people being inappropriately assigned to the uninsured 
category, the extent of misclassification in the SIPP is unknown. 
Health insurance estimates in the SIPP also suffer from a phenomenon commonly 
referred to as a "seam effect." The seam effect refers to a tendency for the data to reflect 
greater rates of change between waves than within waves (U.S. Census Bureau, 1998). 
When examining reports of health insurance status, for example, Nelson (2003) finds that 
SIPP respondents report the absence of health insurance at much higher rates every fourth 
month (the final month of each wave's reference period) than immediately before and after 
the fourth month of the reference period. That is, uninsured spells reported in months 3, 7, 
11, 15, 19, 23, 27, 31 and 5, 9, 13, 17, 21, 25, 29, 33 are lower than the final months of each 
wave, or months 4, 8, 12, 16, 20, 24, 28, and 32. Because the seam effect is often thought to 
influence the quality of the monthly values of variables, researchers often choose to adjust 
monthly reports by creating categories or collapsing the months into wave values (Nelson, 
2003; U.S. Census Bureau, 1998). To minimize the effect of this longitudinal panel response 
anomaly, the Congressional Budget Office in their analysis of health insurance spells and 
transitions created four categories (1-4, 5-12, 13-24, and 24+ months uninsured) of spell 
duration (Nelson, 2003). Others have chosen different approaches, however. 
In their investigation of health insurance stability, Short and Graefe (2003) use what 
is arguably a more liberal approach and take each month's report at face value. Because the 
Census Bureau acknowledges the existence of the seam effect and cannot determine its origin 
or effect on longitudinal estimates (U.S. Census Bureau, 1998), the data used in this 
investigation reflect a slightly more conservative approach than that taken by Short and 
Graefe (2003) by not using the reported monthly values for health insurance status. Rather, 
health insurance status reports from the fourth reference month in each wave are assigned to 
each of the months queried in the given wave. This approach is consistent with U.S. Census 
Bureau estimates that suggest that respondents frequently misreport a mid-wave change in a 
given characteristic across each month in the wave (U.S. Census Bureau, 1998). 
For the purposes of this research, I developed a health insurance status typology that 
is based on Short and Graefe's (2003) seven-category strategy for specifying insurance status 
stability. The seven categories for an individual's health insurance status are: always 
uninsured, single transition into coverage, single transition out of coverage, single gap in 
coverage, temporary coverage, frequent changes in coverage, and repeatedly uninsured. 
Short and Graefe collapse the first five categories to create a single variable called 
"relatively stable insurance coverage", then collapse the final two categories to create a 
variable called "unstable insurance coverage." Using the 1996 Panel of the SIPP, Short and 
Graefe (2003) find that 57% (approximately 48 million) of individuals who experience any 
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spell without insurance fall into the "relatively stable" category. Forty-three percent 
(approximately 37 million) of those who experience a spell without insurance have 
"unstable" coverage characterized by frequent changes or frequent uninsured spells. 
The modified insurance status typology used here is comprised of seven categories to 
define each respondent's health insurance status throughout the 24-month analysis period. 
As illustrated in Figure 2, these insurance coverage pattern types are always insured, always 
uninsured, temporary coverage, temporary gap in coverage, transition into coverage, 
transition out of coverage, and cyclers. Individuals classified as always insured are those 
Figure 2. 
Individual Health Insurance Coverage Pattern Typology 
% of sample 
Always insured —————————————— 73.8 
Always uninsured • • • • • • 6.5 
Transition into coverage ———-———— 5.1 
Transition out of coverage ————— 4.7 
One gap in coverage •— —— g g 
Temporary coverage ———— 1.8 
Cycler ——i 2.3 
Notes. Solid lines indicate periods with health insurance coverage, dashed lines indicate periods without health 
insurance coverage. n=45,857 (165.4 million weighted) and includes only those with a complete health 
insurance status inventory. Individuals age 65 and older at any point in the study period (months 1-32) are 
excluded. Persons who are not members of primary families or subfamilies, or who live in group quarters 
(boarding houses, hotel rooms, and similar dwellings not counted as housing units in the decennial census) 
immediately prior to the analysis period (month 4) also are excluded. Typology adapted from Short, and Graefe, 
(2003). 
who report public or private health insurance coverage for each of the 6 waves that define the 
24-month analysis period. Approximately 74% of the sample report this health insurance 
status pattern. Individuals classified as always uninsured are those who fail to report any 
public or private health insurance coverage for each of the 6 waves that define the 24-month 
analysis period. Slightly less than 7% of the sample experienced this health insurance status 
pattern. 
Individuals who begin the analysis period without health insurance coverage, but who 
eventually gain and maintain health insurance coverage, constitute the third type of health 
insurance pattern, transition into coverage. Five percent of the sample experienced this 
health insurance status pattern. Similarly, individuals who begin the analysis period with 
health insurance coverage, but who eventually lose their coverage for the remainder of the 
analysis period, are the fourth type of health insurance pattern, transition out of coverage. 
Just under 5% of the sample experienced this health insurance status pattern. 
The fourth health insurance status type describes a temporary gap in coverage. 
Individuals classified as having a temporary gap in coverage are those who report beginning 
and ending the analysis period with insurance coverage, but who were without insurance for 
a single spell of one or more waves during waves 3-6. Nearly 6% of the sample experienced 
this health insurance status pattern. The sixth health insurance status type is temporary 
coverage. Individuals classified as having temporary coverage are those who report 
beginning and ending the analysis period without insurance coverage, but who report having 
insurance coverage for a single spell of one or more waves during waves 3-6. Nearly 2% of 
the sample experienced this health insurance status pattern. Finally, cyclers describes those 
who are intermittently insured. That is, those who repeatedly transition into and out of a 
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health insurance coverage status. Cyclers account for approximately 2% of the sample. 
Together, the categories always uninsured, transition in to coverage, transition out of 
coverage, temporary gap, temporary coverage, and cycler comprise the ever uninsured. 
Those who were ever uninsured comprise approximately 26% of the sample. 
It also is useful to examine the patterns among those who are ever uninsured during 
the analysis period. As illustrated in Figure 3, when only those who were ever uninsured are 
considered, 25% are classified as always uninsured. Individuals who begin the analysis 
period without health insurance coverage, but who eventually transition into coverage 
comprise almost 20% of the ever uninsured, and those who begin the analysis period with 
Figure 3. 
Individual Health Insurance Coverage Pattern Typology, Ever Uninsured 
% of ever 
uninsured 
Always uninsured 24.7 
Transition into coverage -^———— 19.5 
Transition out of coverage ————• 17.9 
One gap in coverage 22.0 
Temporary coverage —— 7.0 
Cycler """" 8.9 
Notes. Solid lines indicate periods with health insurance coverage, dashed lines indicate periods without health 
insurance coverage. n=12,106 (43.4 million weighted) and includes only those with a complete health insurance 
status inventory. Individuals age 65 and older at any point in the study period (months 1-32) are excluded. 
Persons who are not members of primary families or subfamilies, or who live in group quarters (boarding 
houses, hotel rooms, and similar dwellings not counted as housing units in the decennial census) immediately 
prior to the analysis period (month 4) also are excluded. Typology adapted from Short, P. and Graefe, D. 
(2003). 
health insurance coverage, but who eventually transition out of coverage, total 18% of the 
ever uninsured. At 22%, those who experienced a temporary gap in coverage make up the 
second largest group of ever uninsured subjects. Individuals classified as having temporary 
coverage, or those who report beginning and ending the analysis period without insurance 
coverage, but who report having insurance coverage for a single spell of one or more waves 
during waves 3-6, make up 7% of the ever uninsured. Finally, cyclers, account for 
approximately 9% of the ever uninsured. 
These patterns describe one aspect of health insurance coverage dynamics, but a 
critical aspect of coverage that these pattern types do not capture is the amount of time 
insured. For example, an individual who transitions into insurance coverage could gain 
coverage in the 3rd wave, 4th wave, 5th wave, etc. For this reason, each person also is 
assigned a value that captures the proportion of the analysis period that the individual was 
insured. On average, individuals were insured 85% of the analysis period. 
A third component of an individual's health insurance status dynamics is the number 
of transitions experienced over time. Individuals reporting that they are insured or uninsured 
throughout the analysis period experience no transitions in insurance coverage. Those who 
transition into or out of insurance coverage experience a single health insurance status 
transition, and those who experience a single gap without coverage, or a single spell with 
insurance coverage experience two insurance status transitions. Because of their repeated 
insurance status changes, cyclers experience three or more insurance coverage transitions. 
Together, the health insurance pattern type, the proportion of the analysis period that the 
person is insured, and the number of transitions experienced during the analysis period 
74 
provide a better description of the health insurance dynamics than any of the three could 
provide alone. 
This same three-component typology is applied to family-level insurance status when 
families are the unit of analysis. That is, a family is defined as always insured if each and 
every member of the family has health insurance coverage throughout the 24-month analysis 
period. Similarly, a family is defined as always uninsured when each and every member of 
the family lacks health insurance coverage throughout the 24-month analysis period. One 
operationalization simplification is employed when describing family-level health insurance 
status, however. Families where all members aren't either always insured, nor always 
uninsured, are defined as ever uninsured for some analyses. Ever-uninsured families may 
include individual family members whose uninsured pattern resembles any of the patterns 
described for individuals; transition in, transition out, cycler, temporary coverage, or 
temporary gap. This simplification is made because of the difficulty of accounting for both 
family composition and health insurance pattern types over time. Instead, a family-level 
proportion of time insured is calculated and assigned to individual family members when 
appropriate. That is, the mean percent of time insured for each individual family member is 
summed, then divided by the number of family members present immediately prior to the 
beginning of the analysis period (month 4 of wave 1). 
Well-Being Outcome Indicators 
This research makes use of two indicators of economic and physical well-being that 
are identified by the Interagency Forum on Child and Family Statistics (Federal Interagency 
Forum on Child and Family Statistics, 2003). The first outcome variable is food insecurity, 
which serves as an indicator of family economic well-being. The physical well-being 
outcome variable for both adults and children is self- or guardian-report of current health 
status. Descriptions of both measures follow. 
The food insecurity measure used in this paper provides an indicator of the extent to 
which economic pressures affect the adequacy of a family's food stores and satisfaction. The 
use of food-based measures to assess household economic well-being was established in the 
early 1960s when the Social Security Administration, and later the Office of Economic 
Opportunity and the U.S. Office of Management and Budget, adopted staff economist Mollie 
Orshansky's food consumption-based poverty thresholds as a measure of income inadequacy. 
The poverty thresholds originally developed by Orshansky were based on the USDA's 
economy food plan, the most thrifty of four food plans specified by the USDA. Orshansky's 
early income thresholds were eventually adopted as the U.S. government's official estimate 
of the household income level required to meet basic needs (Fisher, 1992). Despite broad 
agreement that the U.S. government's official method of measuring income inadequacy 
needs to be updated to reflect changing household income and consumption patterns, the 
original method outlined by Orshansky remains largely in tact (Citro & Michael, 1995). 
Researchers continue to use consumption-based measures as indicators of economic 
security. The 1996 panel of the SIPP includes two sets of questions that attempt to provide 
food consumption estimates of economic hardship. The first, food insufficiency, is collected 
through a series of questions administered to all respondents in the wave 8 topical module. 
Respondents were asked the following: Which of these statements best describes the food 
eaten in your household in the last four months: enough of the kinds of food we want, enough 
but not always the kinds of food we want to eat, sometimes not enough to eat, or often not 
enough to eat. Several follow-up questions attempt to determine the exact months in which a 
member, or members, of the household did not have enough to eat. Following a common 
convention (see Gundersen, Jolliffe, & Tiehen, 2003; Gundersen & Oliveira, 2001), 
individuals are defined as being food insufficient if the household informant reports that a 
member of the household sometimes or often does not have enough to eat during the four-
month reference period. 
The second food-based economic well-being indicator, food insecurity, is assessed 
through a set of five questions drawn from the standard USD A food insecurity core module 
that is normally assessed via 18 questions. The series of food insecurity questions attempts 
to determine the extent to which nutritionally adequate foods are unavailable to the adults 
and children in the household due to economic resource limitations (Bickel, Nord, Price, 
Hamilton, & Cook, 2000; Jensen, 2002; Nord, Andrews, & Carlson, 2003). 
To reduce respondent burden, a shorter food insecurity module included in the SIPP 
asks each respondent at least two questions. First, respondents are asked whether it was 
"often true, sometimes true, or never true", that in the last four months "The food that (I/WE) 
bought just didn't last and (I/WE) didn't have money to get more." Next, respondents are 
asked whether it was "often true, sometimes true, or never true" that in the last four months 
"(I/WE) couldn't afford to eat balanced meals." Based on responses to these two questions 
and the composition of the household, respondents may be asked one or more of the 
following questions that assess both adult and child food insecurity. First, "(My child 
was/our child was/the children were) not eating enough because (I/WE) couldn't afford 
enough food." Second, "In the past four months did you or the other adults in the household 
ever cut the size of your meals or skip meals because there wasn't enough money for food?" 
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Finally, "In the past four months did you or the other adults in the household ever eat 
less than you felt you should because there wasn't enough money to buy food?" Using SAS 
code provided by the Economic Research Service (Nord, 2002) I calculate each household's 
food security status raw score, from which a food insecurity index appropriate for interval-
level analyses is calculated (see Appendix C for the SAS syntax). In addition, a categorical 
food insecurity variable is constructed per USD A guidelines, where 1 equals food secure, 2 
equals food insecure without hunger, and 3 equals food insecure with hunger. 
There are differences between the food sufficiency and food insecurity indices that 
were considered when deciding which measure would serve as the most appropriate indicator 
of economic well-being for this research. Reports of food insufficiency appear to track 
somewhat closely with reports of food insecurity with hunger. Using the 1996 panel of the 
SIPP, Gundersen et al. (2003) find that approximately 2.5% of the population are food 
insufficient, whereas Nord et al. (2002), using the 2000 Current Population Survey, estimate 
that 3.7% of households are food-insecure with hunger. Of particular importance to the 
current investigation of economic well-being, however, is the category of the food insecurity 
measure labeled food insecure without hunger. Nord and colleagues find that approximately 
12% of households are food insecure without hunger, suggesting that many households face 
threats to their economic well-being that do not result in actual hunger. 
The food insecurity measure was chosen as the indicator of economic well-being for 
several reasons. First, because the language in the food insecurity questions more explicitly 
capture economic hardship than the language in the food insufficiency questions. Second, 
there is evidence that reduced consumption, as measured by food expenditures, is associated 
with declining economic well-being (Jensen, 2002). Finally, the food insecurity measure is 
one of the key economic security indicators used by the Federal Interagency Forum on Child 
and Family Statistics (2003). The five-question food insecurity module collected in wave 8 
is used as the economic well-being outcome indicator for all analyses that explore the 
economic well-being of sample families. As shown in Table 7, approximately 10% of the 
families in the sample experienced food insecurity. 
The physical well-being indicator is collected in the Adult Well-Being topical module 
of wave 9. As noted in Table 7, the five-category, Likert-type question queries the current 
health status of all respondents age 15 or older by asking, "Would you say your health in 
general is excellent, very good, good, fair, or poor?" The question also is used to assess the 
current health status of all children younger than 15 years of age by asking the adult 
respondents who are identified as guardians of the target children. Despite, or because of, the 
measure's apparent simplicity, the single-question, self-reported health assessment is widely 
used and has been shown to be both reliable and valid for the identification of serious 
physical health problems and mortality among adults (Idler & Angel, 1990; Runyan, 2001). 
However, the utility of the single-question health assessment for children is less clear. 
According to Runyan (2001), parental reports of children's health adequately predict chronic 
conditions among children, and Scholle, Whiteside, Kelleher, Bradley, and Casey (1995) 
provide evidence that maternal reports of child health are valid indicators of serious pediatric 
health problems. Despite the fact that the validity of the single-question health status 
indicator across the infant, toddler, early childhood, and adolescent periods remains 
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Table 7. 
Well-Being Outcome Variable Definitions and Statistics 
Variable Description Unweighted Weighted 




Percent of adults in fair or poor health 





an=14,275 (51.4 million weighted) and includes only those family reference persons who have a 
complete health insurance status inventory. A family is considered food insecure if the family reference 
person scores a 2 or 3 on the SIPP food security status variable derived from the SIPP's five item 
assessment (see Nord, 2002). Respondents are asked whether it was "often true, sometimes true, or 
never true" that in the last four months "The food that (I/WE) bought just didn't last and (I/WE) didn't 
have money to get more." Next, respondents are asked whether it was "often true, sometimes true, or 
never true" that in the last four months "(I/WE) couldn't afford to eat balanced meals." Based on 
responses to these two questions and the composition of the household, respondents may be asked one 
or more of the following questions that assess both adult and child food insecurity. First, "(My child 
was/our child was/the children were) not eating enough because (I/WE) couldn't afford enough food." 
Second, "In the past four months did you or the other adults in the household ever cut the size of your 
meals or skip meals because there wasn't enough money for food?" Finally, "In the past four months 
did you or the other adults in the household ever eat less than you felt you should because there wasn't 
enough money to buy food?" 
bn=30,622 (113.6 million weighted) and includes only adults who have a complete health insurance 
status inventory who are age 18-64 at the end of the analysis period (month 28). Adults who are not 
members of primary families or subfamilies, or who live in group quarters (boarding houses, hotel 
rooms, and similar dwellings not counted as housing units in the decennial census) immediately prior to 
the analysis period (month 4) also are excluded. Values reflect a loss of 1,302 cases (n=29,320) due to 
missing health status values. The SIPP uses a five-category, Likert-type question that queries the 
current health status of all respondents by asking, "Would you say your health in general is excellent, 
very good, good, fair, or poor?" By design, SIPP respondents age 15 and older can report their own 
health status. The health of children younger than 15 years of age is assessed by asking the child's adult 
guardian. 
cn=l 5,235 (51.8 million weighted) and includes only children age 17 and younger at the end of the 
analysis period (month 28). Children who are not members of primary families or subfamilies, or who 
live in group quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing 
units in the decennial census) immediately prior to the analysis period (month 4) also are excluded. 
Values reflect a loss of 564 cases (n=14,671) due to missing values. The SIPP uses a five-category, 
Likert-type question that queries the current health status of all respondents by asking, "Would you say 
your health in general is excellent, very good, good, fair, or poor?" By design, SIPP respondents age 15 
and older can report their own health status. The health of children younger than 15 years of age is 
assessed by asking the child's adult guardian. 
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largely unanswered, the measure remains the standard for large-scale social surveys due to its 
relative simplicity and assessed validity across at least a couple of the stages of development 
(Runyan, 2001). Approximately 10% of adults in this sample are identified as having fair or 
poor health, whereas just 2% of children are identified as having fair or poor health. 
Empirical Strategy 
The progression of the empirical analyses begins with a description of the 
sociodemographic characteristics of the sample. Descriptive characteristics are presented 
according to relevant categories specified by the model and include individual and family 
characteristics, social structure characteristics, family resources, and descriptive information 
about the economic and physical well-being outcome variables. Next, using chi-square 
analyses, bivariate relationships are analyzed to assess the presence of associations between 
key predisposing characteristics and enabling characteristics, particularly health insurance 
status over the course of the analysis period. In addition, chi-square analyses test for 
bivariate associations between health insurance status and the physical and economic well-
being outcome variables. Finally, individual logistic regression equations are specified for 
each of the physical and economic well-being indicators to assess the presence of any 
relationships, controlling for all other variables in the models. 
Empirical Model 
The empirical model examines the effects of health insurance coverage on the 
physical and economic well-being of children and adults who live in families, controlling for 
individual and family characteristics and resources. As shown in Equation 4, physical or 
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(4) 
economic well-being (W) at time (t) is modeled such that the insurance status of the person 
(I) throughout the analysis period (t-p), the individual's sociodemographic characteristics and 
resources (X), and the characteristics and resources of each of the predisposing and enabling 
characteristics in the micro-, meso-, and exosystems (S). More specifically, the probability 
of food insecurity, which serves as the family-level indicator of economic well-being, is 
shown in Equation 5, where food insecure is a dichotomous variable 
equal to 1 when the family has experienced food insecurity, and 0 when the family has not 
experienced food insecurity. X is the matrix of predictor variables that include the 
predisposing and enabling characteristics hypothesized to influence the probability of food 
insecurity. These include family-level insurance status variables, insurance pattern of the 
family reference person from whom the data are drawn, race, origin, education, and age of 
the family reference person, household and family size indicators, family type, family 
composition and family composition change indicators, a total family income to federal 
poverty threshold value, indicators of the employment status of adults in the family, home 
ownership status, and indicators of the receipt of public food assistance program benefits, a 
is the log odds when each X is equal to zero, and P is the vector of estimated odds ratios. 
Similarly, the probability that an adult's self-reported health status, or P(adult), is fair 
or poor is shown in Equation 6. The variable adult is a dichotomous variable equal to 1 
when the adult respondent reports fair or poor health, and 0 when the adult respondent 
P(foodin sec ure) = (5) 
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P {adult) = 
{l + exp[-((z + ZA^,)]} 
(6) 
reports excellent, very good, or good health. X is a matrix of predictor variables that include 
the predisposing and enabling characteristics hypothesized to influence the probability of fair 
or poor health among adults, including family-level health insurance status, indicators of the 
individual's own health insurance pattern, race, origin, education, and age of the individual, 
household and family size indicators, family type, family composition and family 
composition change indicators, a total family income to federal poverty threshold variable, 
indicators of the employment status of adults in the family, home ownership status, and an 
indicator of prior health status, a is the log odds when each X is equal to zero, and p is the 
vector of estimated odds ratios. 
Finally, the probability that a child's health status, or P(child), is fair or poor is shown 
in Equation 7. The variable child is a dichotomous variable equal to 1 when the child is in 
fair or poor health, and 0 when the child is in excellent, very good, or good health. X is a 
matrix of predictor variables that include the predisposing and enabling characteristics 
hypothesized to influence child health status, including family-level insurance status, the 
child's own health insurance status, race, origin, and age of the child, household and family 
size indicators, family type, family composition and family composition change indicators, a 
total family income to federal poverty threshold variable, indicators of the employment status 
of adults in the family, and the family's home ownership status, a is the log odds when each 
X is equal to zero, and p is the vector of estimated odds ratios. 
P{child) = (7) 
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CHAPTER 5. EMPIRICAL RESULTS 
Descriptive Results 
The full sample of individuals used throughout the analyses includes 45,857 
individuals younger than 65 years old who were members of families at the end of wave 1 
(immediately prior to the analysis period), and who have a full roster of health insurance 
status information. When weighted to approximate the U.S. population using the average of 
the longitudinal person-weights provided in wave 8 of the SIPP, these individuals reflect 
165.4 million Americans. 
The discussion of sample characteristics proceeds in the following manner. First, 
characteristics included in the behavioral model, and hypothesized here to comprise the 
predisposing characteristics that influence one's physical and economic well-being, are 
discussed. These characteristics include sex, race, ethnicity, age, familial characteristics, and 
employment. Next, characteristics included in the model, and hypothesized to be enabling 
resources, are described. These resources include family income, asset ownership, public 
program participation, and health insurance. To describe more fully the relationships 
between health insurance pattern types and transitions, descriptive statistics that illustrate the 
effects of age, family income, employment, and family composition stability are described. 
Univariate frequencies that show the simple relationships between health insurance patterns 
and food insecurity, adult health reports, and child health reports complete this section. 
Throughout the discussion of the analyses I refer to three primary health insurance status 
categories. A person is coded as "always uninsured" when he or she reports having no public 
or private health insurance in each of the six waves of the analysis period (waves 2-7). 
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Similarly, individuals are "always insured" when they report having public or private health 
insurance each wave. Individuals are "ever uninsured" when they report ever being without 
public or private health insurance during any of the six waves of the analysis period. In all 
cases, a person is either "always insured" or "ever uninsured." A person who is "always 
uninsured" is, by definition, also "ever uninsured." 
Approximately 48% of the adults in the full sample are male. As shown in Table 8, 
the adult men tend to experience periods without insurance at a higher rate than women, with 
27% of men and 24% of women ever being uninsured during the two-year analysis period. 
Only 6% of women, compared to 8.5% of men, were uninsured throughout the two-year 
analysis period. 
Whites comprise approximately 82% of the sample and have much higher rates of 
continuous insurance than people of other races. Seventy-six percent of Whites were insured 
throughout the two-year period, compared to 62% of Blacks and 65% of those of another 
race. The lowest continuously-insured rate was among Hispanics, who comprise 12% of the 
sample and may be of any race. Approximately half (49.8%) of Hispanics had health 
insurance throughout the two-year analysis period. Not surprisingly, adults with higher 
educational attainment were much less likely than adults with lower educational levels to 
experience periods without insurance. Ninety percent of adults with a college degree were 
insured throughout the two-year analysis period, whereas 51% of adults with less than a high 
school education were insured the full two years. Similarly, just 2% of adults who had a 
college degree were uninsured during the full two-year analysis period, but 18% of adults 
who had less than a high school education were always without insurance. Of course, the 
higher educational level should provide more opportunities to be employed by firms that 
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Table 8. 
Individual Characteristics by Coverage Status: Predisposing Characteristics 
Health Insurance Status" 
All Always Uninsured Ever Uninsured Always Insured 
% % % % 
Sex (Adults)" 
Male 47.8 8.5 26.9 73.1 
Female 52.2 6.1 218 76.2 
Race and Ethnicity 
White 82.4 6.1 219 76.1 
Black 12.7 7.9 38.0 62.0 
Other 4.9 9.8 34.8 65.2 
Hispanic (any race) 12.2 17.9 50.2 49.8 
Education (Adults)" 
Less than high school 14.5 18.1 48 8 51.2 
High school diploma 31.2 8.5 29.1 70.9 
Some college 31.8 4.7 21.6 78.4 
College graduate 22.5 2.0 9.9 90.1 
Age 
Adult" 68.7 7.3 25.3 74.8 
Child' 31.3 4.8 28.4 71.6 
Family typed 
Headed by husband/wife 79.5 5.6 18.2 81.8 
Male-headed 4.1 12.8 39.3 60.7 
Female-headed 16.4 7.9 36.0 64.0 
Number of children 
0 children 27.1 7.3 219 76.1 
1 child 22.8 6.2 26.8 73.2 
2 children 28 6 5.0 213 76.7 
3 children 13.7 6.2 28.0 72.0 
4 children 4.9 9.6 37.6 62.4 
5 or more children 2.9 11.3 44.5 55.5 
Employment (Adults 18+)" 
Full-time6 42.1 3.8 12.8 87.2 
Part-time^ 4.0 7.6 19.4 80.6 
Did not work for pay8 14.3 10.9 30.2 69 8 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health insurance status 
inventory. Individuals age 65 and older at any point in the study period (months 1-32) are excluded. Persons 
who are not members of primary families or subfamilies, or who live in group quarters (boarding houses, 
hotel rooms, and similar dwellings not counted as housing units in the decennial census) immediately prior 
to the analysis period (month 4) also are excluded. All values are weighted. 
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Table 8. (continued) 
"Individuals are "always uninsured" when they report having no public or private health insurance each of 
the six waves of the analysis period. Similarly, individuals are "always insured" when they report having 
public or private health insurance each wave. Individuals are "ever uninsured" when they report ever being 
without public or private health insurance during any of the six waves of the analysis period. In all cases, a 
person is either "always insured" or "ever uninsured." A person who is "always uninsured" is, by definition, 
also "ever uninsured." 
bn=30,622 (1 13.6 million weighted) and includes only those with a complete health insurance status 
inventory who are age 18-64 at the end of the analysis period (month 28). Persons who are not members of 
primary families or subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar 
dwellings not counted as housing units in the decennial census) immediately prior to the analysis period 
(month 4) also are excluded. 
cn=l 5,235 (51.8 million weighted) and includes only children age 17 and younger at the end of the analysis 
period (month 28). Children who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units in the decennial 
census) immediately prior to the analysis period (month 4) also are excluded. 
dValue assessed at the end of wave 1, immediately prior to the 28 month analysis period. 
"Adults employed 35 hours or more per week of the final reporting month of each wave of the analysis 
period. 
Adults employed less than 35 hours per week of the final reporting month of each wave of the analysis 
period. 
sAdults who reported no employment in the final reporting month of each wave of the analysis period. 
offer health insurance to its workers. Indeed, 87% of adults who worked full time, defined as 
35 or more hours per week for the duration of the analysis period, were always insured, 
compared to 80% of part-time workers and 70% among those who did not work for pay. 
Eleven percent of those who did not work for pay were uninsured throughout the two-year 
analysis period, compared to just 4% of adults who worked full time throughout the two 
years. 
As noted above, the analysis sample includes both children and adults. As shown in 
Table 8, adults make up 69% of the sample. Children and adults experience slightly different 
patterns with respect to health insurance status. Although children are more likely than 
adults to ever experience a spell without insurance (28% versus 25%, respectively), adults 
are more likely to remain uninsured throughout the analysis period. Seven percent of adults 
were uninsured throughout the analysis period, whereas 5% of children remained uninsured 
for the entire two-year period. This difference is most likely a reflection of programmatic 
efforts to insure children. 
The modal family type was a family headed by both a husband and a wife. Nearly 
80% of individuals in the sample were associated with this traditional family composition. 
Another 16% of the sample lived in female-headed families immediately prior to the 
beginning of the analysis period, and 4% were associated with a male-headed family. With 
the extra adult family member comes greater opportunity for maintaining continuous 
insurance coverage. Eighty-two percent of families headed by a husband and wife were 
insured throughout the analysis period, whereas 61% and 64% of male- and female-headed 
families, respectively, were always insured. Notably, the highest risk of being without 
insurance throughout the analysis period is among the male-headed families, which face 
continuous uninsured rates of 13%, compared to just under 6% for two-head families and 8% 
for female-headed families. 
Having a large number of children also places insurance coverage pressures on a 
family. Among the 3% of individuals who live in families that had five or more children, 
11% were uninsured throughout the two-year analysis period, compared to just 5% always 
uninsured rates among families with 2 children. Notably, individuals who lived in families 
with no, or three and fewer children had the highest rates of insurance. Each of these family 
sizes had continuous insurance rates above 70%, suggesting that it isn't the mere presence of 
children that puts strains on insurance coverage levels, but higher numbers of children. 
Family-specific enabling resource data that are available in the SIPP are and relevant 
to the model are reported in Table 9. These include income, financial resources or assets, 
88 
Table 9. 
Individual Characteristics by Coverage Status: Enabling Resources 
Health Insurance Status3 
Always Ever Always 
All Uninsured Uninsured Insured 
% % % % 
Family income/poverty ratio" 
Income/poverty < 1 (poverty) 9.4 15.1 55.9 44.1 
1 < income/poverty < 2 (low-income) 18.8 15.2 51.3 48.7 
2 < income/poverty < 3 19.8 6.0 26 3 73.7 
Income/poverty > 3 52.0 1.9 11.7 88.3 
Family home ownership0 
Home owned by family member 71.5 4.8 19.7 80.3 
Home not owned by family 28.5 10.6 42.7 57.3 
Food stamps or WICd 
WIC recipient 3.9 2.7 47.1 52.9 
Not WIC recipient 96.1 6.6 25.4 74.6 
Food stamp recipient 12.4 7.2 50.4 49.7 
No food stamps 87.6 6.4 22.8 77.2 
Source of health insurance, month 4e 
Private sources 76.4 0.6 12.3 87.7 
Employer or union 69.1 0.6 11.8 88.2 
Privately purchased 5.3 1.7 19.1 80.9 
Military 2.9 1.0 9.7 90.3 
Medicaid 10.7 2.4 42.1 75.7 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health insurance 
status inventory. Individuals age 65 and older at any point in the study period (months 1-32) are 
excluded. Persons who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units in the 
decennial census) immediately prior to the analysis period (month 4) also are excluded. All values are 
weighted. 
"Individuals are "always uninsured" when they report having no public or private health insurance each 
of the six waves of the analysis period. Similarly, individuals are "always insured" when they report 
having public or private health insurance each wave. Individuals are "ever uninsured" when they 
report ever being without public or private health insurance during any of the six waves of the analysis 
period. In all cases, a person is either "always insured" or "ever uninsured." A person who is "always 
uninsured" is, by definition, also "ever uninsured." 
"Family income-to-poverty ratio is a two-year average of the sum of total family income over the 24-
month analysis period, divided by the sum of the applicable monthly poverty thresholds over the 
analysis period. 
'Assessed at month 4, immediately prior to the 28 month analysis period. 
individuals who are members of families who report receipt of WIC at any point of the 24-month 
analysis period are coded as having received WIC. Similarly, members of families who report 
receiving food stamps during the analysis period are coded as having received food stamps. 
"Assessed at month 4, immediately prior to the 28 month analysis period. Individuals may have more 
than one source of health insurance. Approximately 3% report having more than one source of 
insurance coverage. 
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public programs available to community members, such as food stamps or WIC, and the 
stock of public and private health insurance options from which a person can choose. A 
family income-to-poverty ratio was constructed to provide a long-term indicator of each 
family's income level that adjusts for family size. The family income-to-poverty ratio is the 
two-year sum of total family income over the 24-month analysis period, divided by the sum 
of the applicable monthly federal poverty thresholds over the course of the analysis period. 
Approximately 9% of individuals in the sample live in families that, over the course 
of the two-year analysis period, had an income-to-poverty ratio at or below the two-year 
federal poverty level (FPL). Another 19% were members of families that had total family 
incomes that placed them between 100-200% of the federal poverty level average, and 
approximately 20% were between 200-300% of FPL. More than half (52%) had total family 
incomes over the course of the two-year analysis period that were more than 3 times the two-
year poverty thresholds. 
As expected, insurance status and income are associated in predictable ways. 
Individuals who are members of families that have high incomes relative to their applicable 
poverty threshold are much less likely than individuals from lower-income families ever to 
have experienced a spell without insurance, and it is much less likely that any spells without 
insurance lasted the full duration of the two-year analysis period. For example, 2% of 
individuals from families with income-to-poverty ratios higher than 300% of poverty were 
uninsured for the duration of the analysis period, whereas 15% of individuals from families 
with income-to-poverty ratios below 100% of poverty were uninsured the duration of the 
analysis period. 
Individuals and families also may draw from assets when faced with threats to their 
well-being, so the model includes an indicator of familial wealth: home ownership. 
Approximately 72% of the sample were members of families that owned their homes in 
month 4 of the panel, immediately prior to the beginning of the two-year analysis period. 
Individuals who were members of families that did not own a home were more likely than 
home-owners to have ever been uninsured; approximately 20% of individuals from home-
owning families were ever uninsured, compared to 43% of individuals who were from 
families that did not own their home. 
The food stamp and Women, Infants, and Children (WIC) food aid programs are 
included as enabling resources because of their direct effort to reduce economic hardship and 
protect the health of recipients. Both programs have means-tested eligibility criteria with 
income limits. As one would expect, non-participants have a greater likelihood of being 
insured the duration of the analysis period than those who received program benefits. 
Seventy-five percent of WIC non-recipients were insured throughout the analysis period, 
compared to 53% of WIC recipients. Food stamp recipients, who make up 12% of the 
sample, were insured throughout the analysis period at a rate of 77%. Approximately 47% of 
individuals who were members of families that received WIC benefits, and 50% of 
individuals who were members of families that received food stamps, were ever uninsured. 
Individuals who received Medicaid benefits prior to the analysis period experienced 
greater fluctuation in their insurance status over the course of the analysis period compared to 
those with private insurance sources. Individuals who were insured by one of the private 
sources of health insurance, including insurance from an employer or union and privately 
purchased policies, always had insured rates of 80% or higher. By comparison, 76% of 
individuals who received Medicaid benefits in month 4 of the panel were always insured. 
Tables 10-12 examine many of these simple relationships more fully by breaking age 
and family income-to-poverty ratios into numerous categories. As illustrated by Table 10, 
the likelihood that one is insured throughout the two-year analysis period drops immediately 
after one becomes an adult, then increases steadily as age increases. Seventy-two percent of 
children age 17 and younger were insured throughout the analysis period, but only 59% of 
adults age 18-24 maintained continuous insurance coverage. In addition, the health insurance 
pattern characterized by the greatest volatility—cycler—is highest among this youngest 
category of adults. When only those who were ever uninsured are considered, the same 
patterns emerge. Table 11 shows that children and young adults age 18-24 experience the 
greatest health insurance coverage volatility, characterized by relatively frequent transitions 
into, and out of, insurance coverage. Table 11 also reveals that individuals in the oldest adult 
category (age 55-64) face transitions into and out of insurance that are high relative to the 
transitions of other adults. If an adult age 55-64 is ever uninsured, he or she faces a 
likelihood (36%) of remaining uninsured for the duration of the analysis period that is higher 




Individual Health Insurance Status Patterns by Age 
Age at month 28a 
All Under 18 18-24 25-34 35-54 55-64 
% % % % % % 
Percent with pattern*3 
Always insured 718 71.6 58.6 66 9 80.7 810 
Always uninsured 6.5 4.8 9.0 9.1 6.2 6.2 
Transition into coverage 5.1 5.2 6.7 7.4 4.0 3.4 
Transition out of coverage 4.7 5.2 9.6 5.4 3.1 2.2 
One gap in coverage 5.8 8.1 8.4 6.2 3.5 2.6 
Temporary coverage 1.8 1.8 3.9 2.5 1.2 1.3 
Cycler 2.3 3.3 3.7 2.6 1.3 ' 1.4 
Percent with insurance status 
transition' 
No transitions 80.3 76.4 67.7 76.0 86.9 89.2 
One transition 9.8 10.5 16.3 12.7 7.2 5.6 
Two transitions 7.6 9.9 12.3 8.7 4.7 3.9 
Three or more transitions 2.3 3.3 3.7 2.6 1.3 1.4 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health insurance 
status inventory. Individuals age 65 and older at any point in the study period (months 1-32) are 
excluded. Persons who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units in the 
decennial census) immediately prior to the analysis period (month 4) also are excluded. All values are 
weighted. 
"Columns may not sum to 100% due to rounding. 
individuals are "always uninsured" when they report having no public or private health insurance 
each of the six waves of the analysis period. Similarly, individuals are "always insured" when they 
report having public or private health insurance each wave. Individuals are "ever uninsured" when 
they report ever being without public or private health insurance during any of the six waves of the 
analysis period. Individuals who begin the analysis period without health insurance coverage, but who 
eventually gain and maintain health insurance coverage, are classified as having "transitioned into 
coverage." Individuals who begin the analysis period with health insurance coverage, but who 
eventually lose their coverage for the remainder of the analysis period, are classified as having 
"transitioned out of coverage." Individuals classified as having "temporary coverage" are those who 
report beginning and ending the analysis period without insurance coverage, but who report having 
insurance coverage for a single spell of one or more waves during waves 3-6. Individuals classified as 
having a "temporary gap" in coverage are those who report beginning and ending the analysis period 
with insurance coverage, but who were without insurance for a single spell of one or more waves 
during waves 3-6. "Cyclers" are those who are intermittently insured. That is, those who repeatedly 
transition into and out of a health insurance coverage status. 
"Transitions are defined as health insurance coverage status changing from insured to uninsured, or 
from uninsured to insured. Changes from one form of insurance to another are not considered health 
insurance coverage transitions. 
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Table 11. 
Individual Health Insurance Status by Age, Ever Uninsured 
Age at month 28" 
All Under 18 18-24 25-34 35-54 55-64 
% % % % % % 
Percent with insurance 
pattern1' 
Always uninsured 24.7 16.8 21.9 27.6 32.1 36.2 
Transition into coverage 19.5 18.5 16.2 22.2 20.9 20.0 
Transition out of coverage 17.9 18.5 213 16.3 16.1 13.0 





Temporary coverage 7.0 6.1 9.5 7.6 6.0 7.6 
Cycler 8.9 11.5 9.0 7.7 6.6 8.0 
Percent with insurance status 
transition0 
No transitions 24.7 16.8 21.9 27.6 32.1 36.2 
One transition 37.4 36 9 39.5 38.4 37.0 33.0 
Two transitions 29.0 34.8 29.7 26.3 24.2 22.8 
Three or more transitions 8.9 11.5 9.0 7.7 6.6 8.0 
Notes. n=12,106 (43.4 million weighted) and includes only those who have a complete health 
insurance status inventory. Individuals age 65 and older at any point of the study period, persons 
who are not members of primary families or subfamilies immediately prior to the analysis period 
(month 4), and those in group quarters (boarding houses, hotel rooms, and similar dwellings not 
counted as housing units in the decennial census) immediately prior to the analysis period are 
excluded. All values are weighted. 
"Columns may not sum to 100% due to rounding. 
''Individuals are "always uninsured" when they report having no public or private health insurance 
each of the six waves of the analysis period. Individuals who begin the analysis period without 
health insurance coverage, but who eventually gain and maintain health insurance coverage, are 
classified as having "transitioned into coverage." Individuals who begin the analysis period with 
health insurance coverage, but who eventually lose their coverage for the remainder of the analysis 
period, are classified as having "transitioned out of coverage." Individuals classified as having 
"temporary coverage" are those who report beginning and ending the analysis period without 
insurance coverage, but who report having insurance coverage for a single spell of one or more 
waves during waves 3-6. Individuals classified as having a "temporary gap" in coverage are those 
who report beginning and ending the analysis period with insurance coverage, but who were 
without insurance for a single spell of one or more waves during waves 3-6. "Cyclers" are those 
who are intermittently insured. That is, those who repeatedly transition into and out of a health 
insurance coverage status. 
"Transitions are defined as changes from insured to uninsured, or from uninsured to insured. 
Changes from one form of insurance to another are not considered health insurance coverage 
transitions. 
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Table 12 groups individuals by family income-to-poverty ratios and insurance 
patterns and transitions. The most unstable health insurance pattern—cycler—is 
progressively less common as income-to-poverty ratios increase. Although only 2% of the 
sample experiences this pattern and the three or more transitions that characterize the pattern, 
that level of volatility over the course of just a two-year period is likely to place the person in 
a precarious position if any economic or health shocks occur. 
Because health insurance coverage is so closely tied to one's workplace, employment 
is expected to be associated with each type of health insurance pattern. As Table 13 shows, 
42% of adults were employed full time throughout the analysis period, which is defined as 
having worked 35 or more hours each week of the final month of each wave of the analysis 
period. Twenty seven percent of adults were never employed full time, and the remaining 
31% transitioned into or out of full-time employment during the two-year period. Less stable 
employment patterns are generally associated with higher uninsured rates. Thirteen percent 
of those who experienced intermittent full-time employment remained uninsured throughout 
the analysis period, whereas 4% of those who were always employed full time were always 
uninsured. 
The majority of individuals (77%) were members of families that experienced no 
family composition changes, defined as the sum of the month 4 family composition change 
flags for each wave of the two-year analysis period and reflect family size or family type 
changes. Over the course of the two-year analysis period, 23% experienced at least one 
family composition change, and the descriptive results suggest that more frequent family 
composition change is associated with higher uninsured rates. 
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Table 12. 
Individual Health Insurance Status by Family Income 
Family Income as a Percent of Poverty" 






% % % % % 
Percent with insurance pattern0 
Always Insured 718 44.1 48.7 73.7 88.3 
Always uninsured 6.5 15.1 15.2 6.0 1.9 
Transition into coverage 5.1 7.6 9.4 6.4 2.6 
Transition out of coverage 4.7 10.6 8.7 4.4 2.3 
One gap in coverage 5.8 11.4 9.8 5.6 3.4 
Temporary coverage 1.8 4.6 3.8 1.6 0.7 
Cyclers 2.3 6.4 4.4 2.3 0.9 
Percent with insurance status 
transition6 
No transitions 80.3 59.3 619 79.7 90.2 
One transition 9.8 18.3 18.1 10.8 4.9 
Two transitions 7.6 16.1 13.6 7.2 4.0 
Three or more transitions 2.3 6.4 4.4 2.3 0.9 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health 
insurance status inventory. Individuals age 65 and older at any point in the study period 
(months 1-32) are excluded. Persons who are not members of primary families or subfamilies, or 
who live in group quarters (boarding houses, hotel rooms, and similar dwellings not counted as 
housing units in the decennial census) immediately prior to the analysis period (month 4) also are 
excluded. All values are weighted. 
"Family income-to-poverty ratio is a two-year average of the sum of total family income over the 
24-month analysis period, divided by the sum of the applicable monthly poverty thresholds over 
the analysis period. 
bColumns may not sum to 100% due to rounding. 
"Individuals are "always uninsured" when they report having no public or private health 
insurance each of the six waves of the analysis period. Similarly, individuals are "always 
insured" when they report having public or private health insurance each wave. Individuals are 
"ever uninsured" when they report ever being without public or private health insurance during 
any of the six waves of the analysis period. 
^Transitions are defined as changes from insured to uninsured, or from uninsured to insured. 




Adult Employment and Health Insurance Status 
Health Insurance Status" 
Always Ever Always 
All Uninsured Uninsured Insured 
Full-time (FT) employment status6 
% % % % 
Always employed FT 42.1 3.8 12.8 87.2 
Never employed FT 26.6 9.8 29.4 70.6 
Transition into FT employment 6.4 8.9 41.4 58.6 
Transition from FT employment 6.1 8.2 32.7 67.3 
One gap in FT employment 7.4 8.8 34.4 65.6 
Temporary FT employment 4.8 10.1 40.0 60 0 
Intermittent FT employment 6.7- 12.6 44.1 55 9 
Notes. Adults only. n=30,622 (113.6 million weighted) and includes only those with a complete 
health insurance status inventory who are age 18-64 at the end of the analysis period (month 28). 
Persons who are not members of primary families or subfamilies, or who live in group quarters 
(boarding houses, hotel rooms, and similar dwellings not counted as housing units in the decennial 
census) immediately prior to the analysis period (month 4) also are excluded. All values are 
weighted. 
"Individuals are "always uninsured" when they report having no public or private health insurance 
each of the six waves of the analysis period. Similarly, individuals are "always insured" when they 
report having public or private health insurance each wave. Individuals are "ever uninsured" when 
they report ever being without public or private health insurance during any of the six waves of the 
analysis period. In all cases, a person is either "always insured" or "ever uninsured." A person who 
is "always uninsured" is, by definition, also "ever uninsured." 
''Individuals are classified as "always employed FT" when they report working 35 or more hours 
each week of the final months of each wave of the analysis period. Similarly, individuals are 
"Never employed FT" when there is no report of having worked 35 or more hours per week the 
final month of each wave of the analysis period. Individuals who are employed less than full time 
at the beginning of the analysis period, but who are eventually employed full time for the remainder 
of the analysis period, are classified as having "transitioned into FT employment." Individuals who 
begin the analysis period employed full time, but who eventually lose or end full-time employment, 
are classified as having "transitioned from FT employment." Individuals classified as having a "one 
gap in FT employment" are those who report beginning and ending the analysis period employed 
full time, but who experienced at least one spell without full-time employment during waves 3-6. 
Individuals classified as having "temporary FT employment" are those who report beginning and 
ending the analysis period without full-time employment, but who report having been employed 
full time single spell of one or more waves during waves 3-6. "Intermittent FT employment" 
describes those who are intermittently employed full time. That is, those who repeatedly transition 
into and out of full-time employment. 
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As shown in Table 14, the likelihood that one will be classified as always uninsured 
increases with each family composition change, from 6% among those who experience no 
changes, to 12% among those who experience 3 or more changes. Similarly, the likelihood 
that one will be classified as ever uninsured increases with each family composition change, 
from 24% among those who experience no changes, to 51% among those who experience 3 
or more changes. 
Table 14. 
Family Stability and Health Insurance Characteristics 
Health Insurance Status" 
Always Ever Always 
All Uninsured Uninsured Insured 
% % % % 
Family composition changes'1 
No changes 76.8 6.0 218 76.2 
One change 18.2 7.6 32.0 68.0 
Two changes 3.8 8.3 39.3 60.7 
Three or more changes 1.1 12.3 51.2 48.8 
Notes. n=45,857 (165.4 million weighted) and includes only those with a complete health 
insurance status inventory. Individuals age 65 and older at any point in the study period 
(months 1-32) are excluded. Persons who are not members of primary families or 
subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar 
dwellings not counted as housing units in the decennial census) immediately prior to the 
analysis period (month 4) also are excluded. All values are weighted. 
"Individuals are "always uninsured" when they report having no public or private health 
insurance each of the six waves of the analysis period. Similarly, individuals are "always 
insured" when they report having public or private health insurance each wave. Individuals 
are "ever uninsured" when they report ever being without public or private health insurance 
during any of the six waves of the analysis period. In all cases, a person is either "always 
insured" or "ever uninsured." A person who is "always uninsured" is, by definition, also 
"ever uninsured." 
^Family composition changes are the sum of the 4th month composition change flags of each 
wave of the 24-month analysis period and simply reflect that change(s) occurred. Changes 
may include family size or family type. 
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The final descriptive table, Table 15, presents the well-being outcome variables used 
in later multivariate analyses by health insurance status. Rates of food insecurity or poor 
health are highest when individuals are ever, or always, without health insurance. 
Specifically, 17% of those who were always uninsured reported food insecurity, 18% of 
those ever uninsured were found to be food insecure, and 7% of those who were always 
Table 15. 
Well-being Outcome Variables by Health Insurance Status 
Health Insurance Status" 
Always Uninsured Ever Uninsured Always Insured 
% % % 
Food insecurity6 
Not food insecure 829 81.6 93 0 
Food Insecure 17.1 18.4 7.0 
Adult health report6 
Excellent/very good/good 85.0 85.7 91.1 
Fair/poor 15.0 14.3 8.9 
Child health reportd 
Excellent/very good/good 96.7 969 98.1 
Fair/poor 3.3 3.1 1.9 
"Individuals are "always uninsured" when they report having no public or private health 
insurance each of the six waves of the analysis period. Similarly, individuals are "always 
insured" when they report having public or private health insurance each wave. Individuals are 
"ever uninsured" when they report ever being without public or private health insurance during 
any of the six waves of the analysis period. All values are weighted. 
bn=45,857 (165.4 million weighted) and includes only those with a complete health insurance 
status inventory. Individuals age 65 and older at any point in the study period (months 1-32) are 
excluded. Persons who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units in the 
decennial census) immediately prior to the analysis period (month 4) also are excluded. An 
individual is considered food insecure if he or she scores a 2 or 3 on the SIPP food security status 
variable derived from the SIPP's five item assessment (see Nord, 2002). 
cn=30,622 (113.6 million weighted) and includes only adults who have a complete health 
insurance status inventory who are age 18-64 at the end of the analysis period (month 28). Adults 
who are not members of primary families or subfamilies, or who live in group quarters (boarding 
houses, hotel rooms, and similar dwellings not counted as housing units in the decennial census) 
immediately prior to the analysis period (month 4) also are excluded. Values reflect a loss of 
1,302 cases (n=29,320) due to missing health status values. 
dn=l 5,235 (51.8 million weighted) and includes only children age 17 and younger at the end of 
the analysis period (month 28). Children who are not members of primary families or 
subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar dwellings 
not counted as housing units in the decennial census) immediately prior to the analysis period 
(month 4) also are excluded. Values reflect a loss of 564 (n=14,671) cases due to missing values. 
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insured reported food insecurity. Adults who reported that their health was fair or poor 
experienced a similar pattern. Among adults who were always uninsured, 15% reported fair 
or poor health, compared to 9% of those who were always insured. Both adult and child 
health reports followed suit. That is, individuals who were always insured reported fair or 
poor health less frequently than those who were ever or always uninsured. Children who 
were always insured were reported as being in fair or poor health just 2% of the time, 
compared to 3% of the time among those who were uninsured the full two years, a difference 
that is quite small relative to the adults. 
Chi-Square Results 
The next stage of the analyses involves a series of chi-square calculations to assess 
whether or not the relationships described in the preceding section are present under more 
stringent statistical tests. Chi-square tests compare the observed cross-tabular frequencies 
with expected frequencies that would be present if there were no relationship present 
between the two variables. Larger chi-square values indicate a higher probability that the 
two variables have a relationship that is unlikely to occur due to chance. A significant chi-
square value, then, increases the confidence that there is a systematic association between the 
variables. All estimates used in the cross-tabulations account for the complex sample design, 
and all chi-square calculations are completed using the Rao and Scott Pearson chi-square 
adjustment (RS3) that accounts for the complex sample design (Brick et al., 2000). 
To begin to answer the first research question, the first set of chi-square tests assess 
the likelihood of an association between several individual sociodemographic characteristics 
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and insurance status. These tests of association between independent variables are completed 
to better understand the correlates of health insurance patterns. Table 16 shows the chi-
square test results for ever uninsured rates and always uninsured rates by gender, race, 
Hispanic origin, educational level of adults, and age. The results suggest that each of these 
demographic characteristics is related to the lack of insurance over the course of the analysis 
period in a systematic way. More specifically, males are more likely than females to have 
ever been uninsured over the course of the two-year analysis period, and the chi-square value 
of 40.79 suggests that this difference is not likely due to chance alone. A similar result is 
found among those who were always uninsured. Not only were men more likely to have 
been uninsured at some point, but men were more likely than women to have always been 
uninsured. Men were more likely than women to have been uninsured for the duration of the 
two-year period (7.3% and 5.7%, respectively). 
Similar associations are found for relationships between uninsured status and race, 
Hispanic origin, education, and age. Continuing in Table 16, systematic relationships are 
likely driving the differences in uninsured rates between Whites and members of other races, 
with members of other races being more likely than Whites to have ever been uninsured, and 
to have always been uninsured. Blacks were more likely than members of other races to 
have ever been uninsured, and to have always been uninsured if they ever experienced a spell 
without insurance. Most dramatic, however, is the rate at which Hispanics were found to 
have ever, or always, been uninsured. Fifty percent of Hispanics were uninsured at some 
point, compared to 23% of non-Hispanics. Similarly, 18% of Hispanics were uninsured 
throughout the two years, compared to 5% of non-Hispanics. With ever uninsured and 
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Table 16. 
Chi-Square Results: Health Insurance Status 
by Individual Demographic Characteristics 
Ever Uninsured" Always Uninsured3 
Yes No Yes No 
% % % % 
Gender 
Female 25.1 74.9 5.7 94.3 
Male 27.3 72.7 7.3 92.7 
x2 40.79*** 57.61*** 
Race 
White 219 76.1 6.0 940 
Other 37.0 710 8.4 91.6 
x2 174.26*** 18.43*** 
Black 37.9 62.1 7.9 92.1 
Other 24.5 75.5 6.3 917 
x2 133.31*** 8.63** 
Hispanic Origin (any race) 
Hispanic 50.2 49.8 17.9 82.1 
Other 22.9 77.1 4.9 95.1 
x2 338.93*** 232.43*** 
Education6 
Less than high school 51.0 49.0 19.5 80.5 
High school graduate 29.3 70.7 8.6 91.4 
Some college 21.6 78.4 4.7 913 
College graduate 9.9 90.1 2.0 9 8 0  
x2 1 317.49*** 487.76*** 
Age 
Adult 25.2 74.8 7.2 92.8 
Child 28.3 71.7 4.8 912 
x2 42.96*** 88.26*** 
Notes. * p < 0.10, **/; 3 0.05, *** p < 0.01. 
n=45,857 (165.4 million weighted) and includes only those with a complete health 
insurance status inventory. Individuals age 65 and older at any point in the study period 
(months!-32) are excluded. Persons who are not members of primary families or 
subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar 
dwellings not counted as housing units in the decennial census) immediately prior to the 
analysis period (month 4) also are excluded. All values are weighted. 
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Table 16. (continued) 
"Individuals are "ever uninsured" when they lack public or private health insurance during 
any of the six waves of the analysis period. Individuals are "always uninsured" when they 
are without public or private health insurance each of the six waves of the analysis period. 
bn=30,622 (113.6 million weighted) and includes only adults who have a complete health 
insurance status inventory who are age 18-64 at the end of the analysis period (month 28). 
Adults who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units 
in the decennial census) immediately prior to the analysis period (month 4) also are 
excluded. Educational attainment assessed at month 28. 
always uninsured chi-square values of approximately 339 and 232, respectively, one can be 
very confident that these disparate uninsured rates are not due to chance alone. 
The chi-square tests shown in Table 16 also suggest that education and uninsured 
rates are systematically associated. Ever uninsured and always uninsured rates decline as the 
educational attainment of adults increases. The highest likelihood (50%) of ever being 
uninsured is among adults who have less than a high school education. Only 9% of college 
graduates were ever uninsured. A chi-square value of 1317.5 suggests that there is a 
systematic relationship between education and ever being uninsured, and the same pattern 
exists when education and always uninsured rates are tested. Finally, Table 16 shows that 
children and adults have uninsured rates that also vary systematically. Children faced a 
higher likelihood of ever being uninsured than adults (28% versus 25%, respectively), but a 
higher proportion of adults than children (7% versus 5%, respectively) remained uninsured 
throughout the duration of the analysis period. Again, the chi-square values of 42.96 and 
88.26 for ever uninsured and always uninsured, respectively, are statistically significant, 
suggesting that adults and children systematically differ with respect to insurance status over 
the course of the analysis period. 
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The next set of chi-square tests explore relationships between health insurance status 
and several family-level characteristics. As shown in Table 17, the likelihood that one is 
ever, or always, uninsured during the analysis period is associated with one's household type, 
the number of family composition changes one experienced, the presence of children in the 
Table 17. 
Chi-Square Results: Health Insurance Status 
by Household and Family Characteristics 
Ever Uninsured Always Uninsured 
Yes No Yes No 
% % % % 
Household type'1 
Couple-headed family 22.1 77.9 5.8 94.2 
Single-person head 42.2 57.8 8.9 91.1 
x2 467.29*** 54.23*** 
Family composition change6 
No family composition changes 23.8 76.2 6.0 94.0 
One change 31.9 68.1 7.6 92.4 
Two changes 39.3 60.7 8.3 91.7 
Three or more changes 51.2 48.8 12.3 87.7 
x2 147.80*** 18.39*** 
Presence of children in family" 
Children present 27.1 72.9 6.2 93 8 
No children present 23.9 76.1 7.3 92.7 
x2 23.15*** 7.25*** 
Family income 
< 100% of poverty (poverty) 55.9 44.1 15.1 849 
101-200% of poverty (low-income) 51.3 48.7 15.2 84 8 
> 200% of poverty 15.8 84.2 3.0 97.0 
x2 1332.13*** 457.29*** 
Notes. *  p <  0.10, * *  p <  0.05, *** p  <  0.01. 
n=45,857 (165.4 million weighted) and includes only those with a complete health insurance 
status inventory. Individuals age 65 and older at any point in the study period (months 1-32) are 
excluded. Persons who are not members of primary families or subfamilies, or who live in 
group quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing 
units in the decennial census) immediately prior to the analysis period (month 4) also are 
excluded. All values are weighted. 
"Assessed at month 4, immediately prior to the 28 month analysis period. 
bFamily composition changes are the sum of the 4th month composition change flags of each 
wave of the 24-month analysis period and simply reflect that change(s) occurred. Changes may 
include family size or family type. 
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family, and the family's two-year income-to-poverty ratio. Individuals in single-headed 
households are more likely than individuals in couple-headed households to have ever, or 
always, been uninsured. Specifically, 42% of individuals in single-headed families were ever 
uninsured, whereas 22% of individuals in couple-headed families were ever uninsured. 
Similarly, 9% of individuals in single-headed families were always uninsured, whereas 6% of 
individuals in couple-headed families were always uninsured. The chi-square values of 
467.29 and 54.23 for ever-uninsured and always uninsured, respectively, strongly suggest 
that these relationships are not due to chance. 
In addition, more frequent changes in the composition of one's family, such as births, 
deaths, changes in household type, are associated with higher uninsured rates. Fifty-one 
percent of individuals who experienced 3 or more family composition changes were ever 
uninsured, compared to 24% of individuals who experienced no family composition changes. 
Individuals in families that reported having children in month 4 of the panel were 
more likely to have ever been uninsured, but were less likely than families without children 
to have remained uninsured throughout the analysis period. That is, 27% of individuals who 
lived in a family where children were present were ever uninsured, compared to 24% of 
individuals who lived in families where no children were present. Individuals in families that 
had children in month 4 of the panel were, however, less likely to have remained uninsured 
(6%, versus 7%) than were individuals in families that did not include children. Although 
the chi-square values for the presence of children and uninsured status are low relative to 
other values reported in Table 17 (23.15 and 7.25 for presence of children by ever uninsured 
and always uninsured, respectively), each is statistically significant at a 99% confidence 
level. 
Finally, a family's two-year total family-income-to-family-poverty threshold ratio 
also is associated with uninsured rates. Individuals in families that have two-year total 
family income values that are more than double the family poverty threshold values are much 
less likely to report ever being uninsured, and much less likely to report having been 
uninsured the duration of the analysis period. Specifically, 16% of individuals in families 
with incomes greater than 200% of poverty were ever uninsured, and 3% of individuals in 
families with incomes greater than 200% of poverty were always uninsured. By comparison, 
56% of individuals in families with incomes at or below 100% of poverty were ever 
uninsured, and 15% of individuals in families with incomes at or below 100% of poverty 
were always uninsured. 
The third set of chi-square test results examine the possibility of systematic 
associations between health insurance status and employment, program participation, and 
home ownership. As shown in Table 18, an adult's full-time employment status over the 
course of the analysis period is associated with whether or not the adult was ever uninsured, 
or uninsured throughout the analysis period. Thirteen percent of adults employed full time 
throughout the analysis period were ever uninsured, and 4% of adults employed full time 
throughout the analysis period were uninsured the duration of the two-year analysis period. 
By comparison, 34% of adults who were not employed full time throughout the analysis 
period were ever uninsured, and 10% of adults who were not employed full time throughout 
the analysis period were uninsured the full two years. 
There is some evidence that the relationship between full-time employment and 
health insurance remains when one considers the full family rather than just the working 
adults. Eighteen percent of individuals who lived in families (in month 4 of the panel) where 
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Table 18. 
Chi-Square Results: Health Insurance Status by Employment, 
Program Participation, and Home Ownership 
Ever Uninsured Always Uninsured 
Yes No Yes No 
Full-time employment status" 
Individual employed full time 












Family full-time employment 
Family member employed full time 
No member employed full time 
X 
WIC receipt6 
WIC received by family member 


















Food stamps received 
No food stamps received 
x2 
Home ownership6 
Family owns home0 


















Notes. *  p  <  0.10, * *  p <  0.05, *** p  < 0.01. 
an=30,622 (113.6 million weighted) and includes only adults who have a complete health 
insurance status inventory who are age 18-64 at the end of the analysis period (month 28). 
Adults who are not members of primary families or subfamilies, or who live in group 
quarters (boarding houses, hotel rooms, and similar dwellings not counted as housing units 
in the decennial census) immediately prior to the analysis period (month 4) also are 
excluded. Family membership assessed at month 4. 
bn=45,857 (165.4 million weighted) and includes only those with a complete health 
insurance status inventory. Individuals age 65 and older at any point in the study period 
(months 1-32) are excluded. Persons who are not members of primary families or 
subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar 
dwellings not counted as housing units in the decennial census) immediately prior to the 
analysis period (month 4) also are excluded. Family membership assessed at month 4. All 
values are weighted. 
°Home ownership assessed at month 4. 
there was at least one adult employed full time throughout the analysis period were ever 
uninsured, and 5% of individuals who lived in families where there was at least one adult 
employed full time were uninsured the duration of the two-year analysis period. By 
comparison, 44% of individuals who lived in families where there was not at least one adult 
employed full time throughout the analysis period were ever uninsured, and 10% of 
individuals who live in families where there was not at least one adult employed full time 
throughout the analysis period were uninsured the full two years. All four of the full-time 
employment by health insurance status chi-square results are significant at a 99% confidence 
level. 
Individuals who live in families that received WIC benefits were more likely than 
those who were members of families that did not receive WIC benefits to have ever been 
uninsured. Forty-seven percent of individuals who were members of families that received 
WIC were ever uninsured, compared to 25% of the members of non-WIC families. The 
receipt of food stamps also is associated with a higher likelihood that one was ever 
uninsured. Fifty percent of those who were members of families that received food stamps 
were ever uninsured, compared to 23% of those whose families did not receive food stamp 
benefits. No statistically significant relationship was found between receipt of food stamps 
and whether or not an individual was uninsured throughout the analysis period. 
The final chi-square tests in Table 18 test for an association between home ownership 
and uninsured status. Individuals who are members of families that own their home faced 
uninsured rates that were about half those experienced by individuals whose families did not 
own their homes. Nineteen percent of those who were members of families that owned their 
own homes were ever uninsured, compared to 43% of those whose families did not own their 
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own homes. Similarly, 5% of those who were members of families that owned their own 
homes were always uninsured, compared to 11% of those whose families did not own their 
own homes. Again, the ever- and always-uninsured chi-square values of 619.46 and 131.56, 
respectively, strongly suggest that these relationships are not the result of chance. 
The final set of chi-square tests, presented in Table 19, test for possible associations 
between the three economic and physical well-being outcome variables: food insecurity, 
adult self-reported health, reports of children's health, and uninsured rates during the two-
year analysis period. The chi-square results show that there is a statistically significant 
association between familial reports of food insecurity and a family's two-year insurance 
status. Twenty percent of families that were ever uninsured also experienced food insecurity 
one or more of the months after the end of the analysis period (wave 8), whereas less than 
7% of families that never experienced a period without insurance were food insecure. 
Similarly, 18% of families that were uninsured throughout the analysis period reported food 
insecurity, compared to 9% of families that were not uninsured the full two years. The ever-
and always-uninsured chi-square values of 248.11 and 40.95, respectively, provide evidence 
that the association between food insecurity and insurance status is the product of a 
systematic relationship rather than chance. 
Adults' reports of current health status in wave 9 also are associated with uninsured 
status during the analysis period. Fourteen percent of adults who reported ever being 
uninsured during the analysis period were in fair or poor health, whereas 9% of adults who 
were insured the full two years were in fair or poor health. Similarly, 15% of adults who 
were uninsured throughout the analysis period were in fair or poor health, whereas 10% of 
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Table 19. 
Chi-Square Results: Health Insurance Status 
by Well-Being Outcome Variables 
Family Fair or Poor Fair or Poor 
Food Insecure" Health, Adult6 Health, Child0 
Yes No Yes No Yes No 
% % % % % % 
Ever Uninsured 
Yes 19.1 80.9 14.3 85.7 3.1 96.9 
No 6.6 93.4 8.9 91.1 1.9 98.1 
x2 248.11 
*** 123.58*** 8.81 *** 
Always Uninsured 
Yes 18.3 81.7 15.0 85.0 3.3 96.7 
No 8.9 91.1 9.8 90.2 2.2 97.8 
x2 40.95 
*** 32.60*** 2.25 
Notes. *  p <  0.10, * *  p <  0.05, *** p  < 0.01. 
"n=l 4,275 (51.4 million weighted) and includes only those family reference persons who have 
a complete health insurance status inventory. A family is considered food insecure if the 
family reference person scores a 2 or 3 on the SIPP food security status variable derived from 
the SIPP's five item assessment administered in wave 8 (see Nord, 2002). Respondents are 
asked whether it was "often true, sometimes true, or never true" that in the last four months 
"The food that (I/WE) bought just didn't last and (I/WE) didn't have money to get more." 
Next, respondents are asked whether it was "often true, sometimes true, or never true" that in 
the last four months "(I/WE) couldn't afford to eat balanced meals." Based on responses to 
these two questions and the composition of the household, respondents may be asked one or 
more of the following questions that assess both adult and child food insecurity. First, "(My 
child was/our child was/the children were) not eating enough because (I/WE) couldn't afford 
enough food." Second, "In the past four months did you or the other adults in the household 
ever cut the size of your meals or skip meals because there wasn't enough money for food?" 
Finally, "In the past four months did you or the other adults in the household ever eat less than 
you felt you should because there wasn't enough money to buy food?" 
bn=30,622 (113.6 million weighted) and includes only adults who have a complete health 
insurance status inventory who are age 18-64 at the end of the analysis period (month 28). 
Adults who are not members of primary families or subfamilies, or who live in group quarters 
(boarding houses, hotel rooms, and similar dwellings not counted as housing units in the 
decennial census) immediately prior to the analysis period (month 4) also are excluded. Health 
status assessed in wave 9. Values reflect a loss of 1,302 cases (n=29,320) due to missing health 
status values. 
cn=l 5,235 (51.8 million weighted) and includes only children age 17 and younger at the end of 
the analysis period (month 28). Children who are not members of primary families or 
subfamilies, or who live in group quarters (boarding houses, hotel rooms, and similar 
dwellings not counted as housing units in the decennial census) immediately prior to the 
analysis period (month 4) also are excluded. Health status is assessed in wave 9. Values reflect 
a loss of 564 (n=14,671) cases due to missing values. 
110 
adults who were uninsured the full two years were in fair or poor health. Ever- and always-
uninsured chi-square values of 123.58 and 32.6, respectively, suggest that these associations 
between adult health and insurance status are due to a systematic relationship rather than 
chance. 
The results from the child health and insurance status chi-square tests yield less 
conclusive results. Just 3% of children who were ever uninsured during waves 2-7 were in 
fair or poor health, and 2% of children who were insured the full two years were identified as 
having fair or poor health. The corresponding chi-square value of 8.81 is statistically 
significant at the 99% confidence level. Because the rates of fair or poor health are very low, 
it is worth noting that just 127 of the 14,671 children are in the cell representing fair or poor 
health and ever uninsured. In contrast, there is no statistically significant evidence that being 
uninsured throughout the analysis period is associated with the reports of the child's health. 
Again, there are very few children (24) in the cell representing fair or poor health and being 
uninsured for two years. In fact, only 333 of the 14,671 children who have complete 
responses on these variables and are included in this chi-square table had fair or poor health. 
In sum, the chi-square tests suggest that health insurance status over the course of the 
two-year analysis period defined by waves 2-7 is associated with nearly all individual, 
family, public program, and outcome variables included in these analyses. Uninsured rates 
are associated with gender, race, ethnicity, education, age, family type and composition, the 
presence of children, family income-to-poverty ratios, employment status, receipt of WIC 
and food stamps, and home ownership. In addition, there is strong evidence that being 
I l l  
uninsured is associated with reports of food insecurity and adult health, and relatively weak 
evidence that child health may be related to health insurance status. 
Logistic Regression Results 
This section presents the results of the logistic regression analyses outlined earlier. 
The results are presented in the following order: First, three logistic regressions that assess 
the effects of health insurance on the economic well-being of families, as indicated by reports 
of food insecurity, are discussed (Table 20). Second, the results of five logistic regressions 
that assess the relationship between health insurance and adult physical well-being, as 
indicated by the self-reported current health measure, are presented (Tables 21 and 22). 
Finally, three logistic regressions that assess the relationship between health insurance and 
the physical well-being of children are presented (Table 23). 
Food Insecurity Regression Results 
The first set of regressions investigate the extent to which health insurance status 
predicts family economic well-being, as indicated by reports of food insecurity, controlling 
for all other predisposing and enabling characteristic variables included in the model. The 
family-level food insecurity regressions use data from a single family reference person only. 
Each family reference person, representing the family group, was asked whether it was 
"often true, sometimes true, or never true" that in the last four months "The food that (I/WE) 
bought just didn't last and (I/WE) didn't have money to get more." Next, the family reference 
person was asked whether it was "often true, sometimes true, or never true" that in the last 
four months "(I/WE) couldn't afford to eat balanced meals." Based on responses to these 
two questions and the composition of the household, respondents may have been asked one 
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or more of the following questions that assess both adult and child food insecurity. First, 
"(My child was/our child was/the children were) not eating enough because (I/WE) couldn't 
afford enough food." Second, "In the past four months did you or the other adults in the 
household ever cut the size of your meals or skip meals because there wasn't enough money 
for food?" Finally, "In the past four months did you or the other adults in the household ever 
eat less than you felt you should because there wasn't enough money to buy food?" Using 
SAS code provided by the Economic Research Service (Nord, 2002) a dichotomous food 
insecurity variable is constructed per USD A guidelines, where 1 equals food insecure and 0 
equals food secure (see Appendix C for the SAS syntax). 
Three logistic regression equations were specified to investigate family-level food 
insecurity. As shown in Table 20, the first model is a base comparison model that leaves the 
family reference person's own health insurance information out of the prediction equation 
(individual HI percent, transition in, transition out, temporary coverage, one gap, cycler), as 
well as the family-level health insurance status information {family ever uninsured). With 
the health insurance variables left out of the equation, one can see that a host of predisposing 
and enabling characteristic variables inform the probability that a family experienced food 
insecurity in the four months that define wave 8, which is the four-month period immediately 
following the two-year analysis period. 
Statistically significant, positive correlates of family food insecurity in this first 
model include having a family reference person of Hispanic origin, having a family reference 
person who is neither White, nor Black, and having a family reference person with an 
education lower than the completion of a college degree. Also, the likelihood of being food 
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Table 20. 
Food Insecurity Logistic Regressions 
Model la Model 2" Model 3" 
Coef. Odds Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio (SE) Ratio 
Intercept -4.969*** -4.808*** -4.921*** 
(0.554) (0.544) (0.537) 
Family fully insured wave lb -0.178* 0.84 -0.091 0.91 
(0.108) (0.113) 
Individual HI percent' -0.137 0.87 -0.115 0.89 
Transition ind 
(0.142) (0.139) 
0.137 1.15 -0.029 0.97 
(0.137) (0.148) 
Transition outd 0.257** 1.29 0.056 1.06 
(0.124) (0.132) 
Temp coverage*1 0.175 1.19 0.028 1.03 
(0.190) (0.189) 
One gapd 0.176 1.19 -0.031 0.97 
(0.153) (0.153) 
Cycler1' 0.426** 1.53 0.252 1.29 
(0.166) (0.174) 
Family ever uninsured6 0.326*** 1.39 
(0.100) 
Black 0.155 1.17 0.140 1.15 0.132 1.14 
(0.113) (0.115) (0.115) 
Other race 0.364*** 1.44 0.338** 1.40 0.318** 1.37 
(0.134) (0.137) (0.136) 
Hispanic (any race) 0.435*** 1.55 0.400*** 1.49 0.390*** 1.48 
(0.113) (0.113) (0.113) 
Less than H S graduate^ 0.779*** 2.18 0.697*** 2.01 0.672*** 1.96 
(0.146) (0.146) (0.146) 
H S graduate^ 0.516*** 1.68 0.469*** 1.60 0.453*** 1.57 
(0.119) (0.120) (0.119) 
Some college^ 0.557*** 1.75 0.533*** 1.70 0.520*** 1.68 
(0.127) (0.127) (0.127) 
Age 0.093*** 1.10 0.095*** 1.10 0.095*** 1.10 
(0.022) (0.022) (0.022) 
Age * Age -0.001*** 1.00 -0.001*** 1.0 -0.001*** 1.00 
(0.000) (0.000) (0.000) 
Household/family ratio 0.050 1.05 0.046 1.05 0.033 1.03 
(0.269) (0.266) (0.269) 
Male-headed household8 0.233 1.26 0.212 1.24 0.203 1.23 
(0.147) (0.147) (0.146) 
Female-headed household® 0.519*** 1.68 0.535*** 1.71 0.518*** 1.68 
Family composition changes'1 
(0.095) (0.094) (0.094) 
0.164*** 1.18 0.150*** 1.16 0.144*** 1.16 
(0.046) (0.046) (0.046) 
Number of kids in family 0.057* 1.06 0.065** 1.07 0.058** 1.06 
(0.031) (0.031) (0.031) 
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Table 20. (continued) 
Model la Model 2a Model 3" 
Coef. Odds Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio (SE) Ratio 
Poverty' 1.001*** 2.72 0.892*** 2.44 0.887*** 2.43 
(0.144) (0.145) (0.144) 
Low-income' 0.864*** 2.37 0.761*** 2.14 0.752*** 2.12 
(0.100) (0.106) (0.106) 
FT worker present' -0.515*** 0.60 -0.453*** 0.64 -0.450*** 0.64 
(0.089) (0.090) (0.090) 
No working adult 0.193* 1.21 0.302*** 1.35 0.318*** 1.37 
(0.109) (0.111) (0.112) 
Own home -0.464*** 0.63 -0.448*** 0.64 -0.449*** 0.64 
(0.083) (0.084) (0.084) 
WIC receipt by family -0.121 0.89 -0.094 0.91 -0.100 0.90 
(0.149) (0.151) (0.150) 
Food stamp receipt by family 0.513*** ' 1.67 0.530*** 1.70 0.509*** 1.66 
(0.095) (0.101) (0.100) 
-2 log likelihood, model 26127984.340 26029881.024 25981801.708 
-2 log likelihood, intercept only 32234147.472 32234147.472 32234147.472 
Likelihood ratio (Estrella) 0.123 0.125 0.126 
Notes. * p < 0.10, ** p < 0.05, *** p < 0.01. n=14,275 family reference persons. 
"The dependent variable, food insecurity, equals 1 if the family reference person reports food insecurity 
(scores a 2 or 3 on the SIPP food security status variable derived from the SIPP's five item assessment) 
and 0 otherwise. 
''For a family to be coded as fully insured, each member family must have insurance in wave 1. 
cThe percent of time insured during the analysis period. 
individuals who begin the analysis period without health insurance coverage, but who eventually gain 
and maintain health insurance coverage, are classified as having "transitioned into coverage." 
Individuals who begin the analysis period with health insurance coverage, but who eventually lose their 
coverage for the remainder of the analysis period, are classified as having "transitioned out of coverage." 
Individuals classified as having "temporary coverage" are those who report beginning and ending the 
analysis period without insurance coverage, but who report having insurance coverage for a single spell 
of one or more waves during waves 3-6. Individuals classified as having a "temporary gap" in coverage 
are those who report beginning and ending the analysis period with insurance coverage, but who were 
without insurance for a single spell of one or more waves during waves 3-6. "Cyclers" are those who are 
intermittently insured. That is, those who repeatedly transition into and out of a health insurance 
coverage status. 
eIf one or more family members is ever uninsured during the 24-month analysis period, then this variable 
equals 1. 
fThe omitted group in this series of dummy variables includes those who graduated from college. 
8The omitted group in this series of dummy variables includes couple-headed families. 
''Family composition changes are the sum of the 4th month composition change flags of each wave of the 
24-month analysis period and simply reflect that change(s) occurred. Changes may include family size or 
family type. 
'The omitted group in this series of dummy variables includes those who lived in families where the 
income-to-poverty ratio was greater than 200%. 
•'The family's full-time worker must be employed full time for the full analysis period (24 months) to be 
coded as working full time. 
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insecure increases with the age of the reference person, but at a decreasing rate, and if the 
family is female-headed. One or more family composition changes during the analysis 
period also increases the likelihood of food insecurity, as does the presence of children in the 
home, being low-income or living in poverty, and the receipt of food stamps. Each of these 
variables is associated with an increased probability that a family experienced food 
insecurity. That is, each of these attributes increases the likelihood that a family reference 
person reports that the family experienced one or more months of food insecurity. As 
indicated by the odds ratios, the most pronounced effects are exhibited by families that had 
income-to-poverty ratios 200% of poverty or lower {poverty and low-income). Families that 
were either living in poverty, or were categorized as low-income were twice as likely as 
families with income-to-poverty ratios greater than 200% to have experienced food 
insecurity, ceteris paribus. Similar risk was experienced by families with family reference 
persons who did not graduate from high school. Relative to families where the family 
reference person graduated from college, families with a family reference person who did not 
graduate from high school were more than twice as likely to have experienced food 
insecurity, ceteris paribus. 
Negative correlates of family food insecurity reduce the probability that a family 
reference person reported food insecurity. In this base model that doesn't include health 
insurance variables, the statistically significant, negative value for the presence of at least one 
adult family member who is employed full time throughout the analysis period and home 
ownership are associated with lower probability of experiencing food insecurity. 
Importantly, each of these relationships remains consistent through each of the three 
food insecurity regression models. Because these non-health insurance variables remain 
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stable throughout the regressions, without sign changes, loss of significance, and without 
other variables in the model changing sign or significance, the remainder of the discussion 
will focus on the effect of adding the health insurance variables to this base model. 
Model 2 in Table 20 shows the results of the logistic regression model when certain 
individual and family-level health insurance variables are included in the equation. 
Specifically, a control variable that indicates whether or not each member of the family, as 
defined in month 4 of wave 1, immediately preceding the analysis period (and referred to as 
time 1) is added to the prediction equation. In addition, the mean percent of time the family 
reference person was insured during the analysis period (individ HI percent), and five 
variables representing the family reference person's own health insurance pattern (transition 
in, transition out, temporary coverage, one gap, cycler) are included. 
During the process of specifying model 2 it became clear that multicollinearity among 
the health insurance status predictor variables needed to be investigated. Multicollinearity 
describes the degree to which independent variables in the prediction equation share common 
variance. When multicollinearity among the predictor variables is severe, one can accurately 
predict the value of one independent variable if one knows the value of one or more of the 
other variables in the model. This reduces one's confidence in the actual contribution of each 
individual independent variable that is included in the model. A researcher is often alerted to 
the possibility of multicollinearity in a prediction equation by the presence of unstable 
coefficients, a characteristic that I observed when I added or removed health insurance 
pattern variables from the model. 
Multicollinearity among the health insurance pattern variables is likely because the 
health insurance pattern indicators are very closely related. For example, one should expect 
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that for at least two values offamily fully insured wave 1, say 0 and 1, one can estimate the 
values of many of the dummy variables included as health insurance pattern indicators. That 
is, if one knows that a family reference person is insured 100% of the analysis period 
(,individual HIpercent=l.0), then the health insurance pattern variables transition in, 
transition out, temp coverage, one gap, and cycler will all equal 0. Of course, this series of 
dummy variables also allows for the possibility that individual HI percent is equal to 0, so 
the regression model doesn't simply fail as a result of a singular matrix. 
To get an objective assessment of the degree of collinearity among the independent 
variables in models 2 and 3 of Table 20-21,1 examined correlation matrices and variance 
inflation factor (VIF) values as suggested by Glintz and Slinker (1990). These efforts 
confirmed that some degree of multicollinearity was present, but none of the values caused 
me to believe that the coefficients calculated should not be trusted. Specifically, among the 
health insurance variables used in each of the models, the highest VIF value was only 2.8. 
Variance Inflation Factor values that approach 10 are generally agreed to indicate that the 
independent variables are highly correlated (Neter, Kutner, Nachtsheim, & Wasserman, 
1996). An alternative variable that defined family-level health insurance status was 
considered (the percent of time a family was fully insured), but the variable resulted in much 
higher VIF values among the predictors (approximately 7.0). As a result, the dichotomous 
variable family ever uninsured was chosen to represent the family insurance status over time, 
and reduces any uncertainty about the results due to potential multicollinearity. 
Returning to the second model in Table 20, one can see that when the health 
insurance variables are included in the equation (model 2), two individual health insurance 
patterns that are often of concern policy makers, transitioning out of health insurance and 
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cycling, are both positive and significant correlates of food insecurity reports. That is, family 
reference persons who transitioned out of insurance or cycled in and out of insurance during 
the two-year analysis period were approximately 30% and 50% more likely, respectively, 
than those who did not experience these insurance patterns to be a member of a family that 
experienced food insecurity, ceteris paribus. Also, the family's time 1 health insurance 
status was included as a proxy for prior health insurance status. This control variable equals 
1 if each and every member of the family was insured in wave 1, immediately prior to the 
analysis period. This variable is negatively related to reports of food insecurity, controlling 
for all other variables in the model. That is, if each and every member of the family is 
insured immediately prior to the beginning of the analysis period, the probability that the 
family experienced food insecurity decreases. Again, this effect is present controlling for all 
other variables in the model, though the effect is relatively weak at a p-level of less than 0.10. 
The third model in Table 20 includes the same variables as Model 2, but is different 
from Model 2 because of the inclusion of the single family-level health insurance dummy 
variable, family ever uninsured. This variable indicates whether or not any member of the 
family was ever uninsured during the two-year analysis period. If each and every member of 
the family was insured throughout the analysis period, then family ever uninsured equals 0. 
If any member of the family is ever uninsured during the analysis period, then family ever 
uninsured equals 1. 
Notably, when this family-level indicator is added to the model, the significance of all 
other insurance variables vanishes. This effect speaks directly to the pair of hypotheses 
labeled HOi.o and HOi i. Families that were ever uninsured and families that were 
continuously insured differ with respect to levels of economic well-being (HOi.o), as 
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indicated by food insecurity (HOu), ceteris paribus. Providing support for alternative 
hypotheses HAj.o and HAu, if a family has one member who is ever uninsured during the 
analysis period, the probability that the family experienced lower levels of economic well-
being (HAi.o), as indicated by food insecurity in the 4-months following the analysis period 
(HAu), increases approximately 40% relative to families that had each and every family 
member insured, ceteris paribus. 
Adult Health Status Regression Results 
The second set of regressions investigate the extent to which health insurance status 
predicts the physical well-being of adults, as indicated by self-reported current health status. 
To do this, five logistic regression equations were specified. The progression of the first 
three models is similar to the regression models that were just outlined for food insecurity. 
As shown in Table 21, the first model leaves the individual's health insurance variables out 
of the equation to establish a base model. In addition, this base model leaves out a dummy 
variable that indicates whether or not the individual had fair or poor health in wave 3, 
fair/poor health wave 3. With these health insurance and health status variables removed 
from the equation, one can see that a host of predisposing and enabling characteristic 
variables inform the probability that an adult reported fair or poor health in wave 9. 
Statistically significant, positive correlates of reporting fair or poor health in this first 
model include being Black, having an education level lower than the completion of a college 
degree, and age. Also, female-headed households and those who experienced one or more 
family composition changes during the analysis period had lower health reports. Adults who 
lived in low-income or poverty-level families, or in families with no working adult in the 
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Table 21. 
Adult Health Status Logistic Regressions, Models 1 -3 
Model la Model 2a Model 311 
Coef. Odds Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio (SE) Ratio 
Intercept -5.695*** -5.844*** -5.953*** 
(0.313) (0.322) (0.321) 
HI wave lb -0.167** 0.85 -0.153* 086 
(0.082) (0.081) 
HI percent0 0.200* 1.22 0.260** 1.30 
(0.118) (0.117) 
Transition ind 0.105 1.11 -0.089 0.92 
(0.106) (0.109) 
Transition outd 0.241*** 1.27 0.042 1.04 
Temp coverage'1 
(0.089) (0.094) 
0.303** 1.35 0.135 1.15 
(0.137) (0.139) 
One gap'1 0.206** 1.23 -0.009 0.99 
(0.092) (0.104) 
Cycle/ 0.471*** 1.60 0.284** 1.33 
(0.137) (0.145) 
Family ever uninsured6 0.312*** 1.37 
(0.062) 
Female -0.018 0.98 -0.014 0.99 -0.015 0.99 
(0.038) (0.039) (0.039) 
Black 0.290*** 1.34 0.284*** 1.33 0.266*** 1.30 
(0.072) (0.073) (0.073) 
Other race 0.113 1.12 0.102 1.11 0.070 1.07 
(0.119) (0.121) (0.124) 
Hispanic -0.243*** 0.79 -0.244*** 0.78 -0.261*** 0.77 
Less than H S graduate^ 
(0.085) (0.084) (0.084) 
1.513*** 4.54 1.490*** 4.44 1.460*** 4.31 
(0.098) (0.100) (0.100) 
H S graduate^ 0.853*** 2.35 0.841*** 2.32 0.821*** 2.27 
(0.088) (0.089) (0.089) 
Some collegef 0.659*** 1.93 0.650*** 1.92 0.639*** 1.90 
(0.078) (0.079) (0.079) 
Age 0.112*** 1.12 0.115*** 1.12 0.115*** 1.12 
(0.011) (0.011) (0.011) 
Age * Age -0.001*** 0.99 -0.001*** 0.99 -0.001*** 0.99 
(0.000) (0.000) (0.000) 
Household/family ratio -0.109 0.90 -0.110 0.90 -0.104 0.90 
(0.207) (0.208) (0.210) 
Male-head household8 -0.055 0.95 -0.067 0.94 -0.080 0.92 
(0.110) (0.110) (0.111) 
Female-head household8 0.132** 1.14 0.129** 1.14 0.109* 1.12 
(0.061) (0.06) (0.061) 
Family change1' 0.160*** 1.17 0.156*** 1.17 0.143*** 1.15 
(0.033) (0.033) (0.033) 
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Table 21. (continued) 
Model la Model 2" Model 3" 
Coef. Odds Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio (SE) Ratio 
Number of kids -0.142*** 0.87 -0.141*** 0.87 -0.147*** 0.86 
(0.023) (0.023) (0.023) 
Poverty' 0.725*** 2.06 0.701*** 2.02 0.680*** 1.97 
(0.082) (0.082) (0.082) 
Low-income1 0.598*** 1.82 0.576*** 1.78 0.559*** 1.75 
(0.064) (0.065) (0.064) 
FT worker present' -0.511*** 0.60 -0.483*** 0.62 -0.485*** 0.62 
(0.053) (0.055) (0.054) 
No working adult 0.731*** 2.08 0.756*** 2.13 0.782*** 2.19 
(0.069) (0.072) (0.072) 
Own home -0.132** 0.88 -0.123* 0 88 -0.117* 0.89 
(0.063) (0.064) (0.064) 
Fair/poor health wave 3 
-2 log likelihood, model 61126467.307 61028130.449 60922605.879 
-2 log likelihood, intercept only 71641752.093 71641752.093 71641752.093 
Likelihood ratio (Estrella) 0.099 0.100 0.101 
Notes. * p < 0.10, ** p < 0.05, *** p < 0.01. 
n=29,320 adults, reflecting the loss of 1,302 cases missing self-reported health status. 
"The dependent variable, adult health status, equals 1 if the person reports fair or poor health in wave 9 
and 0 otherwise. 
^Health insurance status month 4 of the panel, immediately prior to the two-year analysis period. 
cThe percent of time the individual is insured during the two-year analysis period. 
''individuals who begin the analysis period without health insurance coverage, but who eventually gain 
and maintain health insurance coverage, are classified as having "transitioned into coverage." 
Individuals who begin the analysis period with health insurance coverage, but who eventually lose their 
coverage for the remainder of the analysis period, are classified as having "transitioned out of coverage." 
Individuals classified as having "temporary coverage" are those who report beginning and ending the 
analysis period without insurance coverage, but who report having insurance coverage for a single spell 
of one or more waves during waves 3-6. Individuals classified as having a "temporary gap" in coverage 
are those who report beginning and ending the analysis period with insurance coverage, but who were 
without insurance for a single spell of one or more waves during waves 3-6. "Cyclers" are those who are 
intermittently insured. That is, those who repeatedly transition into and out of a health insurance 
coverage status. 
eIf one or more family members is ever uninsured during the 24-month analysis period, then this variable 
equals 1. 
fThe omitted group in this series of dummy variables includes those who graduated from college. 
8The omitted group in this series of dummy variables includes couple-headed families. 
hFamily composition changes are the sum of the 4th month composition change flags of each wave of the 
24-month analysis period and simply reflect that change(s) occurred. Changes may include family size 
or family type. 
'The omitted group in this series of dummy variables includes those who lived in families where the 
income-to-poverty ratio was greater than 200%. 
•'The family's full-time worker must be employed full time for the full analysis period (24 months) to be 
coded as working full time. 
home, also were more likely to report fair or poor health. That is, each of these attributes 
increases the probability that the adult reports fair or poor current health status in wave 9. As 
was the case when estimating the food insecurity of families, the most pronounced effects are 
exhibited by individuals who had income-to-poverty ratios 200% of poverty or lower 
(variables poverty and low-income) and low educational levels. Individuals who were either 
living in poverty, or were categorized as low-income, again were approximately twice as 
likely as individuals with income-to-poverty ratios greater than 200% to have reported fair or 
poor health, ceteris paribus. Notably, relative to adults who graduated from college, subjects 
who did not graduate from high school were more than 4 times as likely to have reported fair 
or poor health, ceteris paribus. 
The likelihood of being in fair or poor health increases with the age of the reference 
person, but at a decreasing rate. In addition, being of Hispanic origin, having children in the 
family, reporting the presence of at least one adult family member who is employed full time 
throughout the analysis period, and home ownership are associated with a lower probability 
of reporting fair or poor health. As was the case in the first set of regressions that estimated 
food insecurity, the effects of each of these variable remains consistent through each of the 
three adult health status regression models reported in Table 21. For this reason, I focus the 
remaining discussion on the effects of adding the individual and family-level health 
insurance variables, and the wave 3 health status variable to this base model. 
As was the case with the food insecurity regressions, there are several individual-
level health insurance variables that are significant when the family-level insurance indicator, 
family ever uninsured, is not included in the model. In Model 2 of Table 21, one sees that the 
individual-level health insurance pattern variables transition out, temporary coverage, one 
gap, and cycler during the two-year analysis period are all positive correlates of later adult 
health status. That is, each of these individual health insurance status patterns is associated 
with a greater probability of later report of fair or poor adult health relative to always being 
insured. 
The third adult health status logistic regression model in Table 21 (Model 3) adds the 
family-level insurance indicator, family ever uninsured, to the prediction equation. Notably, 
when this family-level indicator is added to the model, the significance of all but the most 
unstable individual health insurance pattern dummy variable, cycler, drops out of the model. 
Again, this effect speaks directly to the hypotheses stated earlier. That is, if any member of a 
family was ever uninsured during the analysis period, the probability that the adult reports 
fair or poor health after the analysis period again increases approximately 40% relative to 
adults in families where each and every member had health insurance for the entire analysis 
period, ceteris paribus. 
The regression results suggest that null hypotheses HO2.0 and H02 . i ,  which state that 
adults who are members of families that are ever uninsured and adults who are members of 
continuously insured families do not differ with respect to physical well-being (HO2.0), as 
indicated by current health status (HO2.1), may be rejected. In addition, the positive family 
ever uninsured coefficient confirms that adults who are members of families that are ever 
uninsured have lower health status relative to adults in continuously-insured families. This 
provides support for alternative hypotheses HA2.0 and HA2.1, which state that the physical 
well-being of adults (HA2.0), as indicated by current health status (HA2.i), who are members 
of families that are ever uninsured have lower levels of physical well-being than adults who 
are members of families that have continuous health insurance coverage, ceteris paribus. 
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Two additional adult health status logistic regression equations were estimated to 
understand the effect, if any, the inclusion of an adult's prior health status might have on the 
regression results. Model 4 is identical to Model 2, except for the addition of the adult's 
prior health status {fair/poor health wave 3) to the prediction equation. Model 5 is identical 
to Model 3, except for the addition of the adult's prior health status (fair/poor health wave J) 
to the prediction equation. 
As one can see in Models 4 and 5 presented in Table 22. As indicated by the Estrella 
likelihood ratio, adding the wave 3 report of current health status provides one with a better 
overall estimation equation for predicting wave 9 health status, but the effect of family ever 
uninsured that is established in Model 3, where family ever uninsured is a significant 
predictor of current health status, controlling for individual health insurance status, enabling 
resources, and predisposing characteristics, remains unchanged. 
Child Health Status Regression Results 
The final set of regressions investigates the extent to which health insurance status 
predicts the physical well-being of children, as indicated by the child's current health status. 
Because of the SIPP survey protocol, child health status may be reported by a child if she or 
he is age 15 or older, or by the child's parent or guardian. Three logistic regression equations 
were specified in the same manner as the previous groups of regressions. That is, a base 
model is established (Model 1), individual health insurance variables are added to the base 
model (Model 2), then the family-level health insurance indicator is added (Model 3). 
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Table 22. 
Adult Health Status Logistic Regressions, Models 4 and 5 
Model 4 Model 5 
Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio 
Intercept -5.145*** -5.229*** 
(0.339) (0.337) 
HI wave la -0.170** 0.84 -0.159* 0.85 
(0.086) (0.085) 
HI percent 0.170 1.19 0.214 1.24 
(0.128) (0.128) 
Transition inc 0.016 1.02 -0.119 0.89 
(0.116) (0.120) 
Transition out0 0.147 1.16 0.009 1.01 
(0.102) (0.108) 
Temp coverage0 0.118 1.13 0.003 1.00 
(0.179) (0.182) 
One gap0 0.125 1.13 -0.024 0.98 
(0.112) (0.124) 
Cycler0 0.348** 1.42 0.218 1.24 
(0.160) (0.170) 
Family ever uninsured11 0.216*** 1.24 
(0.066) 
Female 0.030 1.03 0.030 1.03 
(0.040) (0.040) 
Black 0.236*** 1.27 0.225*** 1.25 
(0.083) (0.083) 
Other race 0.148 1.16 0.128 1.14 
(0.128) (0.129) 
Hispanic (any race) -0.127 0.88 -0.138 0.87 
(0.094) (0.093) 
Less than HS graduate6 1.041*** 2.83 1.022*** 2.78 
(0.110) (0.111) 
HS graduate6 0.616*** 1.85 0.603*** 1.83 
(0.089) (0.090) 
Some college0 0.465*** 1.59 0.458*** 1.58 
(0.079) (0.080) 
Age 0.077*** 1.08 0.078*** 1.08 
(0.013) (0.013) 
Age * Age -0.001*** 099 -0.001*** 099 
(0.000) (0.000) 
Household/Family ratio -0.108 0.90 -0.104 0.90 
(0.213) (0.214) 
Male-headed household' -0.119 0.89 -0.130 0.88 
(0.121) (0.121) 
Female-headed household' 0.086 1.09 0.072 1.07 
(0.071) (0.071) 
126 
Table 22. (continued) 
Model 4 Model 5 
Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio 
Family change8 0.099*** 1.10 0.089*** 1.09 
(0.036) (0.036) 
Number of kids -0.131*** 0.88 -0.135*** 0.87 
(0.023) (0.023) 
Poverty'1 0.579*** 1.79 0.566*** 1.76 
Low-income1' 
(0.093) (0.093) 
0.406*** 1.50 0.396*** 1.49 
(0.072) (0.072) 
FT worker present1 -0.351*** 0.70 -0.352*** 0.70 
(0.059) (0.059) 
No working adult 0.456*** 1.58 0.476*** 1.61 
(0.085) (0.084) 
Own home -0.071 0 9 3  -0.067 0.94 
(0.069) (0.069) 
Fair/poor health wave 3 2.436*** 11.43 2.429*** 11.35 
(0.058) (0.058) 
-2 log likelihood, model 52441202.562 52399683.659 
-2 log likelihood, intercept only 71641752.093 71641752.093 
Likelihood ratio (Estrella) 0.186 0. 186 
Notes. * p < 0.10, ** p < 0.05, *** p < 0.01. 
n=29,320 adults, reflecting the loss of 1,302 cases missing self-reported health status. The 
dependent variable, adult health status, equals 1 if the person reports fair or poor health in wave 9 
and 0 otherwise. 
"Health insurance status month 4 of the panel, immediately prior to the two-year analysis period. 
''The percent of time the individual is insured during the two-year analysis period. 
'Individuals who begin the analysis period without health insurance coverage, but who eventually 
gain and maintain health insurance coverage, are classified as having "transitioned into coverage." 
Individuals who begin the analysis period with health insurance coverage, but who eventually lose 
their coverage for the remainder of the analysis period, are classified as having "transitioned out 
of coverage." Individuals classified as having "temporary coverage" are those who report 
beginning and ending the analysis period without insurance coverage, but who report having 
insurance coverage for a single spell of one or more waves during waves 3-6. Individuals 
classified as having a "temporary gap" in coverage are those who report beginning and ending the 
analysis period with insurance coverage, but who were without insurance for a single spell of one 
or more waves during waves 3-6. "Cyclers" are those who are intermittently insured. That is, 
those who repeatedly transition into and out of a health insurance coverage status. 
''if one or more family members is ever uninsured during the 24-month analysis period, then this 
variable equals 1. 
eThe omitted group in this series of dummy variables includes those who graduated from college. 
fThe omitted group in this series of dummy variables includes couple-headed families. 
^Family composition changes are the sum of the 4th month composition change flags of each wave 
of the 24-month analysis period and simply reflect that change(s) occurred. Changes may include 
family size or family type. 
''The omitted group in this series of dummy variables includes those who lived in families where 
the income-to-poverty ratio was greater than 200%. 
'The family's full-time worker must be employed full time for the full analysis period (24 months) 
to be coded as working full time. 
As shown in Table 23, predicting child health status using similar models that were 
used to predict adult health status proved to be an ineffective strategy. The child health 
status logistic regressions differ from the adult regressions in two ways. First, age is 
specified as a series of dummy variables rather than as a continuous variable. Second, 
because the vast majority of children under age 17 will not have completed high school, the 
child health status models exclude educational level. 
Despite the apparent significance of Hispanic origin, family income-to-poverty ratios, 
and the lack of an employed adult in the household, the three child health status regression 
models do an extremely poor job of predicting child health status. As discussed more fully in 
the next chapter, there may be several reasons for this lack of predictive power. It might be 
because no relationship exists between a child's health insurance status and health, because 
the model is specified improperly, because there are so few children who are in fair or poor 
health that predictive models are ineffective, or because the single-question, child or 
guardian-reported health assessment is not useful in this context. Regardless, the null 
hypotheses HO3.0 and HO3.1, which state that children who are members of ever-uninsured 
families and children who are members of continuously insured families do not differ with 
respect to physical well-being (HO3.0), as indicated by reports of current health status 
(HO3.1), cannot be rejected based on the information provided by these three models. 
Taken as a whole, the results from the food insecurity, adult health status, and child 
health status logistic regressions suggest that many of the bivariate relationships initially 
identified in the chi-square analyses reported in Table 19 survive the scrutiny of multivariate 
analyses. Specifically, family-level insurance status over the course of the analysis period is 
associated with family food insecurity, even when controlling for the enabling and 
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Table 23. 
Child Health Status Logistic Regressions 
Model la Model 2a Model 3" 
Coef. Odds Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio (SE) Ratio 
Intercept -4.001*** -4.177*** -4.230*** 
(0.721) (0.773) (0.773) 
HI wave 1 0.350 1.42 0.369* 1.45 
(0.221) (0.223) 
HI percent'1 -0.188 0.83 -0.160 0.85 
(0.285) (0.276) 
Transition inc 0.228 1.26 0.011 1.01 
(0.270) (0.273) 
Transition out0 -0.624* 0.54 -0.836** 0.43 
(0.328) (0.351) 
Temp coverage0 -0.048 0.95 -0.250 0.78 
(0.518) (0.557) 
One gap0 0.164 1.18 0.061 0.94 
(0.226) (0.267) 
Cycler0 0.249 1.28 0.041 1.04 
(0.459) (0.466) 
Family ever uninsured^ 0.337 1.40 
(0.219) 
Female -0.203* 0.82 -0.198* 0.82 -0.197* 0.82 
(0.112) (0.111) (0.111) 
Black 0.089 1.09 0.091 1.10 0.083 1.09 
(0.183) (0.186) (0.187) 
Other race -0.380 0 6 8  -0.368 0 69 -0.375 0 6 9  
(0.358) (0.355) (0.358) 
Hispanic 0.491*** 1.64 0.511*** 1.67 0.494*** 1.64 
(0.187) (0.190) (0.183) 
Age 5 to 12e -0.202 0.82 -0.205 0.81 -0.199 0.82 
(0.164) (0.165) (0.165) 
Age 12 to 17e -0.113 0.89 -0.107 0.90 -0.113 0.89 
(0.147) (0.147) (0.147) 
Household/family ratio 0.086 1.09 0.089 1.09 0.049 1.05 
(0.699) (0.706) (0.712) 
Male-headed household' -0.081 0.92 -0.099 0.91 -0.085 0.92 
(0.343) (0.351) (0.345) 
Female-headed household' 0.222 1.25 0.201 1.22 0.200 1.22 
(0.236) (0.235) (0.232) 
Family changes6 0.088 1.09 0.093 1.10 0.085 1.09 
(0.105) (0.103) (0.102) 
Number of kids -0.006 0.99 -0.006 0 99 -0.014 0 9 9  
(0.061) (0.061) (0.060) 
Poverty'1 0.491* 1.63 0.520* 1 6 8  0.462* 1.59 
(0.284) (0.281) (0.275) 
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Table 23. (continued) 
Model 1" Model 2a Model 3a 
Coef. Odds Coef. Odds Coef. Odds 
Independent Variables (SE) Ratio (SE) Ratio (SE) Ratio 
Low-income" 0.406** 1.50 0.423** 1.53 0.380* 1.46 
(0.193) (0.195) (0.203) 
FT worker present' -0.310 0.73 -0.294 0.75 -0.263 0.77 
(0.192) (0.201) (0.204) 
No working adult 0.756** * 2.13 0.742*** 2.10 0.767*** 2.15 
(0.247) (0.249) (0.246) 
Own home 0.097 1.10 0.088 1.09 0.090 1.09 
(0.201) (0.198) (0.198) 
-2 log likelihood, model 10293271.840 10256581.724 10242750.393 
-2 log likelihood, intercept only 10741235.938 10741235.938 10741235.938 
Likelihood ratio (Estrella) 0.009 0.010 0.010 
Notes. * p < 0.10, ** p < 0.05, *** p < 0.01. 
n=14,671 children, reflecting the loss of 564 cases with missing health status reports. 
"The dependent variable, child health status, equals 1 if the child is reported as having fair or poor 
health in wave 9 and 0 otherwise. 
bThe percent of time the child is insured during the two-year analysis period. 
'Individuals who begin the analysis period without health insurance coverage, but who eventually 
gain and maintain health insurance coverage, are classified as having "transitioned into coverage." 
Individuals who begin the analysis period with health insurance coverage, but who eventually lose 
their coverage for the remainder of the analysis period, are classified as having "transitioned out of 
coverage." Individuals classified as having "temporary coverage" are those who report beginning 
and ending the analysis period without insurance coverage, but who report having insurance 
coverage for a single spell of one or more waves during waves 3-6. Individuals classified as having 
a "temporary gap" in coverage are those who report beginning and ending the analysis period with 
insurance coverage, but who were without insurance for a single spell of one or more waves during 
waves 3-6. "Cyclers" are those who are intermittently insured. That is, those who repeatedly 
transition into and out of a health insurance coverage status. 
dIf one or more family members is ever uninsured during the 24-month analysis period, then this 
variable equals 1. 
eThe omitted group in this series of dummy variables includes children age 0-5. 
fThe omitted group in this series of dummy variables includes couple-headed families. 
^Family composition changes are the sum of the 4th month composition change flags of each wave 
of the 24-month analysis period and simply reflect that change(s) occurred. Changes may include 
family size or family type. 
hThe omitted group in this series of dummy variables includes those who lived in families where the 
income-to-poverty ratio was greater than 200%. 
'The family's full-time worker must be employed full time for the full analysis period (24 months) 
to be coded as working full time. 
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predisposing characteristics included in the prediction model. Also, family-level insurance 
status is associated with later reports of adult health status. Again, this bivariate relationship 
remains statistically significant even when controlling for the enabling and predisposing 
characteristics included in the prediction model. Finally, the association between family-
level health insurance status over the course of the analysis period and later reports of child 
health status that was weakly identified at the bivariate level is not present once enabling and 
predisposing characteristics suggested by the behavioral model are included in the 
multivariate prediction equation. 
Research Limitations and Strengths 
There are several limitations that should be noted in order to place these results into 
proper context. First, because of the timing of the measures used in the analyses, particularly 
the timing and frequency of the outcome variables, the analysis period is necessarily brief. 
The 1996 SIPP panel has four years of data available, yet the research reported here utilized 
just over two years worth of data. Second, because the abbreviated food insecurity module is 
administered only one time in the study period, I am unable to determine whether or not 
families experienced food insecurity prior to the observed health insurance pattern. Causal 
statements are, at best, tenuous, but the associations described in the results should be sound. 
Third, as noted earlier, this research treats all insurance policies and programs as 
homogenous products, despite service delivery differences, varying policy characteristics, 
and other factors that may or may not influence physical and economic well-being. Fourth, 
family membership is assessed in the fourth month of the first wave, leaving the possibility 
that familial ties change over the course of the two-year analysis period. Indeed, 24% of the 
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individuals experienced some form of family composition change, such as the birth of a 
family member, divorce, marriage, etc. Although variables are included in the regressions 
that capture family composition changes, it is likely that these variables do not adequately 
capture the effects of each type of family change that occurs over the analysis period. This is 
not a limitation that is unique to this research. Rather, the challenge of accounting for family 
composition over time has perplexed researchers for years. Most commonly, researchers 
identify family characteristics at a point in time and assign these characteristics to individual 
family members, as I have done here. 
Fifth, not all potentially useful variables from the behavioral model are included. For 
example, health services provider information that may or may not affect well-being, such as 
proximity to providers, the availability of public health clinics, and the characteristics of the 
local health policy environment are not available in the public-use SIPP data. It is possible, 
for example, that children who lack health insurance are able to receive all the medical 
services necessary for them to remain healthy from publicly-financed clinics, unreimbursed 
care from local hospitals, etc. The models used here do not attempt to account for potential 
effects from the health services environment. Sixth, the SIPP suffers from attrition and 
nonresponse that may or may not affect the results. Weights provided by the Census Bureau 
adjust for attrition and nonresponse, and the Census Bureau aggressively imputes data 
whenever possible, but the extent to which these adjustments affect this research is unknown. 
Finally, as explained in Chapter 2, well-being is a complex construct. This research 
attempts to gain a better understanding of two domains of well-being, but it should be 
acknowledged that the indicators are relatively simple indicators of the constructs of interest, 
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physical and economic well-being. The indicators of well-being used here serve as a starting 
point, but should in no way be construed as definitive, nor complete indicators of well-being. 
There are also numerous strengths of this research that should be highlighted. First, it 
is uncommon for health insurance research to include an explicit typology for both individual 
and family insurance patterns. Given the nature of the health insurance market and families' 
dependence on employment-based insurance provided through a family member's employer, 
inclusion of both individual and family data seems necessary. Second, the results account for 
the complex design of the 1996 SIPP panel, a step that is seldom, if ever, taken by 
researchers who use data from the 1996 panel. Accounting for design effects provides more 
accurate estimates of true population values, yet is seldom done because of the extra steps 
necessary to estimate the adjusted standard errors. Finally, the health insurance pattern 
typology adapted from Short and Graefe (2003) provides a comprehensive structure for the 
classification of health insurance patterns over time. These patterns, coupled with the 
percentage of time insured and family-level insurance information, provide a valuable 
framework for future research. 
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CHAPTER 6. DISCUSSION, POLICY RECOMMENDATIONS, 
AND FUTURE RESEARCH 
Discussion 
The goal of this research was to gain an understanding of the dynamic relationships 
between health insurance, family composition, and the well-being of individuals and the 
families in which they live. Specifically, the following questions were investigated, each in 
the context of individual- and family-level effects: 1) What are the correlates of individual 
and familial health insurance patterns, particularly among those who are uninsured? 2) How 
do ever-uninsured families differ from continuously-insured families with respect to 
economic well-being? 3) How do ever- and continuously-uninsured individuals differ from 
continuously-insured individuals with respect to physical well-being? 
These research questions were chosen, in large part, because current health policy 
literature tends to assume that stable health insurance holdings are good for adults, children, 
and families alike. Current research pays scant attention to the possibility that decisions 
about an individual's insurance status is likely made in the context of familial relationships, 
and that family-level insurance status may affect the individuals who comprise the family 
unit. When investigating the consequences of being uninsured, few researchers include 
variables that provide information about family-level insurance status, and even fewer look at 
well-being outcomes in this familial context. 
The gaps in the literature are largely understandable when one considers the 
difficulties inherent in studying familial relationships over time. The difficulties are 
compounded when attempting to account for both individual- and family-level health 
insurance holdings over time for ever-changing families. The challenge of moving from 
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research that assesses individuals at a single point in time to family insurance contexts over 
time, has reasonably led researchers to make necessary compromises, such as investigating 
only individuals' health insurance patterns and spells, or using only cross-sectional data 
when examining the familial context. 
Prior research on individual health insurance status has revealed the negative 
consequences of being uninsured, including a higher probability of choosing to delay or go 
without needed medical care (Schoen & DesRoches, 2000; S trunk & Cunningham, 2002) and 
greater difficulty accessing primary or routine clinical services (Almeida et al., 2001; 
McWilliams et al., 2003). The access challenges often are associated with more frequent 
reports of poor health among the uninsured (Institute of Medicine, 2001 ; McWilliams et al., 
2003; Ross & Mirowsky, 2000). In addition, the financial well-being of individuals who 
delay medical attention is threatened due to higher pecuniary costs when delayed medical 
care is eventually sought (Ayanian et al., 2000; Wielawski, 2000). Clearly, these are useful 
studies that provide a look at the effects of health insurance on varied health and economic 
outcomes. But again, what of the family health insurance context over time? 
The research reported here begins to fill this gap in the literature. It contributes to our 
understanding of the association between health insurance and the well-being of the 
individual family members, and suggests that family-level insurance status can have an effect 
on the physical well-being of individual family members. Importantly, it also examines the 
effects on the economic well-being of the family as a whole. To illustrate the contributions of 
this research, I'll address each of the research questions in turn. 
The first research question seeks to understand the correlates of individual and 
familial health insurance patterns, particularly among those who are ever uninsured. The 
results show that the health insurance status of an individual, over time, is associated with 
numerous predisposing characteristics, enabling resources, and sociodemographics. 
Bivariate analyses reveal that people are more likely to ever be uninsured over the study's 
two-year analysis period if they are female, Hispanic, have an education below a college 
degree, or are less than 18 years of age. Those who are ever uninsured also are more likely 
to have been members of a single-headed household, experienced one or more changes to 
their family composition in the two-year period, lived in households where children were 
present, or lived at or below 200% of the federal poverty threshold. People who were ever 
uninsured also were more likely than those insured the full two years to have lived in a 
family where no adult was employed full time, to have not been employed themselves, or to 
have received food stamps or WIC benefits. Finally, home ownership is correlated with 
insurance status, with home owners enjoying much lower uninsured rates than non-home 
owners. Each of these bivariate relationships is statistically significant at a 99% confidence 
level. 
The second research question seeks to understand whether or not the physical well-
being of individuals is affected by the individual or family's health insurance patterns during 
the two-year analysis period. On this question, the analyses are informative for adult 
physical well-being, but less useful when predicting child physical well-being. Specifically, 
chi-square results provide bivariate evidence that an adult's own insurance status is strongly 
associated with later reports of health status. Indeed, this strong bivariate relationship 
remains present when more rigorous multivariate tests are conducted that control for the 
individual's predisposing and enabling characteristics, including employment and prior 
health status. Relative to all other health insurance pattern types, adults with the most 
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unstable health insurance pattern (cyclers) face the greatest threat to physical well-being. 
Most interesting, however, is that when one moves beyond the individual-level analyses and 
includes the insurance status of the adult's family, the predictive power of the individual's 
insurance pattern on health status is replaced by the effect of the family's two-year insurance 
status. That is, adults who are members of families that are ever uninsured are approximately 
24% more likely to report fair or poor health than adults from families that are insured the 
full two years, controlling for the individual's insurance status, employment history, prior 
health status, and all other variables in the model. The evidence clearly suggests, then, that 
with regard to adult health status, the effect of family insurance status is measurable. 
Less clear, however, are the effects of individual and family health insurance status 
on the physical well-being of children. The analyses reported here do not provide evidence 
of family-level health insurance effects on child health status. Although this result is very 
common (see Kaestner, Joyce, & Racine, 1999; Lykens & Jargowsky, 2002; Newhouse, 
1993), the child health status regressions' lack of predictive power is disappointing. The lack 
of predictive power could be because no relationship exists between a child's health 
insurance status and health, because the model is improperly specified, because there are so 
few children who are in fair or poor health that predictive models are ineffective, or as noted 
earlier, because the single-question, guardian- or child-reported health assessment is not valid 
in this context. Although the single-question health status question is successfully used here 
to assess the health status of adults, the analyses suggest that the utility of the single-question 
health assessment for children remains in doubt. Perhaps the health status equations allow 
one to estimate the health status of larger populations characterized by greater variation, but 
not that of a population that exhibits little variance around the dependent variable. In other 
137 
words, children as a group tend to be very healthy, and one should not expect to find health 
status changes over the course of a relatively short two-year analysis period. In addition, 
children age 0-17 are included in the analyses. A more targeted selection of infants, toddlers, 
or adolescents might yield different results. Clearly, more investigative research needs to be 
done in order to understand reports of child health status, and an adapted health care access 
model may not be an appropriate starting point; the dynamics of measuring the health status 
of children with a single-question assessments may or may not be similar enough to 
investigations of adult health status from which to construct a valid model. 
The third research question seeks to gain an understanding of how the economic well-
being of families that are ever uninsured differ from continuously insured families. The 
effects of health insurance status on the economic well-being of families, as indicated by 
reports of food insecurity, are well illustrated by this research. Chi-square results provide 
evidence that individuals who were members of families that were ever, or always, uninsured 
over the course of the two-year analysis period experienced much higher rates of food 
insecurity than those who were always insured. Twenty percent of families that were ever 
uninsured also experienced food insecurity one or more of the months after the end of the 
analysis period (wave 8), whereas less than 7% of families that never experienced a period 
without insurance were food insecure. Similarly, 18% of families that were uninsured 
throughout the entire analysis period reported food insecurity, compared to 9% of families 
that were not uninsured the full two years. These chi-square tests provide evidence that the 
association between food insecurity and insurance status is the product of a systematic 
relationship rather than chance, and the relationships also are present when tested under more 
rigorous multivariate analyses. 
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In addition, multivariate analyses provide evidence of an association between health 
insurance status and economic well-being. As was the case with the adult health status 
regressions, the odds of a family experiencing food insecurity are related to individual-level 
health insurance patterns. Family reference persons who had experienced either the cycling 
pattern of health insurance, or who had transitioned out of health insurance coverage over the 
course of the analysis period, were significantly more likely than those who had not 
experienced one of these patterns to have experienced food insecurity, which is measured at 
the household level. Once again, these individual-level effects were no longer significant 
when the variable indicating family-level insurance status was included. In response to this 
third research question, then, if a family had ever been uninsured during the two-year 
analysis period, it was 40% more likely to have experienced food insecurity than those that 
had remained insured the duration of the analysis period, ceteris paribus. Importantly, this 
result is significant when controlling for the prior health insurance status of the family, 
receipt of public food assistance, employment status of adults in the home, and all other 
enabling resources and predisposing characteristics included in the model. 
Policy Recommendations 
The results suggest that if enhancing the economic and physical well-being of 
families are policy goals, policy makers should seek ways to assure complete and continuous 
health insurance coverage of families. Families at risk of having one or more members go 
without insurance should be provided with options that improve rates of complete, 
continuous family health insurance coverage. Recent research by Schoen and DesRoches 
(2000) and Short and Graefe (2003) has demonstrated the importance of continuous coverage 
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for individuals. However, this research suggests that greater emphasis on full-family 
insurance would benefit families. In light of Hanson's research (1998, 2001) that shows that 
discordant parental-child health insurance patterns reduce child access to physicians and put 
children at risk for poor health outcomes, a continued effort to insure families is warranted. 
To meet the challenge of full and continuous insurance coverage, a concerted effort to 
enroll all children and adults who are eligible for some form of public or private health 
insurance is needed. Many who are Medicaid- or employer-eligible simply forego 
enrollment. As noted in the literature review, low-income parents—particularly low-income 
immigrants and Hispanics—represent one of the largest opportunities for enrollment 
improvements. Public insurance policies targeted to increase enrollment of these groups, 
with programs that already exist but remain underutilized, must be developed to maximize 
enrollment. In addition, programs need to be modified to assure that participants aren't so 
burdened by administrative procedures that parents and children lose insurance due to these 
procedures alone (see, for example, Cohen & Wolfe, 2001). Because the health insurance 
status of each member appears to affect family well-being, reconsideration of public health 
insurance benefits, recruitment of children and parents who are currently uninsured, and 
efforts to enroll these populations are warranted. 
Future Research 
Much work remains to be done if the health policy research community is to gain an 
understanding of the relationship (if any) between health insurance holdings and child health. 
Although the link between health insurance status and medical service access is well 
established, few studies are able to establish a causal link between health insurance and 
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health status among children in the health policy literature (for reviews of recent attempts, 
see Institute of Medicine, 2002a; Levy & Meltzer, 2001). Health insurance is clearly linked 
to access to medical services, but the effect of health insurance on health outcomes is less 
certain. Clearly, if policy goals go beyond access and require that better health outcomes be 
empirically verified, researchers must be much more astute when developing predictive 
models. To do this, we must be able to account for longer analysis periods; develop more 
refined measures of child health that are reliable, valid, and require little respondent burden; 
and relevant measures from the medical services literature. The available measures in the 
large, nationally-representative samples most often used by social or health policy 
researchers may simply not be able to adequately assess any variance in health status that 
exists in this relatively healthy population. 
The health policy literature is filled with research that examines the relationship 
between health status and participation in public health insurance programs such as SCHIP 
and Medicaid, but because of the dramatic differences in public and private insurance 
programs, and because SCHIP was enacted during the course of the analysis period, I did not 
differentiate between types of health insurance coverage. Future research using later panels 
of the SIPP might benefit from this inclusion, even if the benefit is simply further 
confirmation that the health of children is only weakly associated with health insurance 
status. This knowledge would be just as important as the possibility of learning that health 
insurance might not affect child health, as scarce public resources could possibly be better 
spent elsewhere if this is indeed true. 
Despite dramatic health insurance status differences between native and immigrant 
populations (see, for example, Hernandez, Charney, & Committee on the Health and 
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Adjustment of Immigrant Children and Families (U.S.), 1998; Hernandez, Committee on the 
Health and Adjustment of Immigrant Children and Families (U.S.), & National Research 
Council (U.S.) Board on Children Youth and Families, 1999; Holahan et al., 2001), the 
research reported here did not include immigration status as a predictor of economic or 
physical well-being. Future research based on the behavioral model should incorporate 
indicators of immigration status to better understand any links between immigrants, health 
insurance status, access to medical services, and well-being outcomes. 
An empirical challenge presented by this dissertation was the development of a 
method of accounting for dynamic familial relationships and health insurance status. 
Although large panel surveys provide outstanding data that maximize one's ability to 
generalize to the larger health insurance market and policy environments, the data provide a 
relatively crude look at the interlocking relationships that characterize families, their health 
insurance holdings, and their well-being over time. Following the lead of some of the better 
qualitative researchers who have studied the economic hardship faced by families living in 
poverty, several in-depth case studies that provide a rich account of family composition, 
employment, and health insurance transitions over the course of several years would be of 
great value to the research community. There are many data alternatives to describe the 
aggregate, but a robust description of several families' experiences over time could provide 
much needed insight into how to better measure the effects of health insurance transitions. 
Finally, further research that explores the utility of accounting for the complex 
sample design of the SIPP is necessary. I found no other research using data from the 1996 
panel of the SIPP that explicitly accounted for the complex sampling design of the 1996 
panel. When calculating design effects for key variables used in this dissertation, I found 
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design effects of 2.5 and greater. That is, standard errors that take into account the sample 
design using Fay's estimation method, as prescribed by the U.S. Census Bureau, were 2.5 
times greater than standard errors that did not take the design into account. Obviously, this 
has consequences when interpreting the results of analyses. When using standard statistical 
packages, such as SAS or SPSS, Fay's estimation method for accounting for the complex 
sample design simply isn't possible. Further, my initial investigations suggest that the 
approximation tools included in SAS, such as the Taylor linear approximation method of 
variance estimation, do not produce estimates in line with Fay's method when conducting 
simple bivariate and multivariate analyses. At minimum, researchers should note whether or 
not their estimates take the design of the 1996 panel into account. For a useful discussion of 
these issues, consult Wolter (1985) and the U.S. Census Bureau's SIPP documentation (U.S. 
Census Bureau, 2001, 2004). 
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APPENDIX A. INDIVIDUAL SAMPLE RESTRICTION TABLE 
Complete Health Insurance Complete Health Insurance 
Roster Not Required Roster Is Required 
Independent Variables Unweighted" Weighted6 Unweighted0 Weighted' 
FEMALE 51.8 51.0 51.1 52.2 
WHITE 80.2 8 1 6  82.6 82.4 
BLACK 14.7 13.3 12.6 12.7 
OTHRRACE 5.1 5.1 4.8 4.9 
HISPANIC 12.9 12.8 11.8 12.2 
LTHS 12.2 15.3 16.1 15.8 
HSGRAD 15.8 20.9 21.2 21.6 
SOMECOLL 15.3 20.8 20.9 21.9 
COLLGRAD 10.7 14.7 14.8 15.5 




MEAN FAMSIZE 3.9 3.8 3.9 3.8 
MEAN HHSIZE 3.9 3.9 3.9 3.8 
COUPLE 75.6 78.6 78.3 79.5 
MALEHH 4.7 4.5 3.9 4.1 
FEMALEHH 19.7 17.0 17.7 16.4 
MEAN # CHNGS 0.3 0.3 0.3 0.3 
MEAN # KIDS 1.6 1.6 1.6 1.6 
LOWING 10.5 9.5 10.1 9.4 
POVERTY 19.8 18.8 19.7 18.8 
FTALLW 18.8 25.4 28.2 28 9 
NOWRK 7.3 9.6 10.9 11.0 
OWNHOME 67.6 70.4 71.1 71.5 
WIC 4.2 4.2 4.1 3.9 
FS 13.7 12.9 13.5 12.4 







APPENDIX B. FAMILY SAMPLE RESTRICTION TABLE 
Complete Health Insurance Complete Health Insurance 
Roster Not Required Roster Is Required 
Independent Variables Unweighted3 Weighted" Unweighted' Weighted11 
FEMALE 44.7 42.2 418 41.9 
WHITE 80.9 82.3 831 83.1 
BLACK 14.6 112 12.8 12.7 
OTHRRACE 4.5 4.4 4.1 4.2 
HISPANIC 11.6 11.1 10.6 10.6 
LTHS 11.3 13.5 14.5 13.7 
HSGRAD 23.2 29.4 30.5 30.2 
SOMECOLL 22.9 29.7 30.9 31.3 
COLLGRAD 17.7 217 24.1 24.9 
MEAN AGE 42.5 42.3 42.7 42.4 
MEAN FAMSIZE 3.4 3.4 3.4 3.4 
MEAN HHSIZE 3.5 3.5 3.5 3.5 
COUPLE 71.7 74.8 73.7 75.5 
MALEHH 6.2 6.3 5.4 5.9 
FEMALEHH 22.1 18.9 20.8 18.5 
MEAN # CHNGS 0.3 0.3 0.3 0.3 
MEAN # KIDS 1.3 1.2 1.3 1.2 
LOWING 9.5 8.5 9.2 8.5 
POVERTY 18.3 17.5 18.2 17.5 
FTALLW 47.3 48.6 52.3 510 
NOWRK 10.9 10.5 11.9 11.4 
OWNHOME 66.7 69.3 70.2 70.3 
WIC 2.3 2.5 2.5 2.4 
FS 13.3 12.6 112 12.2 
Note. Values are provided for the non-health insurance independent variables used in the 
logistic regressions. 
an=21,980 family reference persons 
bn=58.2 million weighted family reference persons 
cn= 14,275 family reference persons 
dn=51.4 million weighted family reference persons 
145 
APPENDIX C. FOOD INSECURITY SAS CODE 
*SAS Code to Calculate SIPP Household Food Security Variables from Data 
Elements Available in the Topical Module on Adult Well-Being Data File; 
data sippfs; set my sas dataset ; 
array QFLAG{5} AAFLAST AAFBALN AAFSKIP AAFLESS AAFDAY; *allocation flags; 
array QRAW{5} EAFLAST EAFBALN EAFSKIP EAFLESS EAFDAY; *food security scale variables; 
AAFDSEC=0; *flag for no imputation; 
RAFSRAW=0; *raw score counter; 
do q=l to 5; *each item; 
if QFLAG{q} eq 1 then AAFDSEC=1; 
if q in (1,2) and QRAW{q} in (1,2) then RAFSRAW=RAFSRAW+1; 
*often/sometimes/never; 
else if q in (3,4,5) and QRAW{q} eq 1 then RAFSRAW=RAFSRAW+1; *yes/no 
item; 
end; *of each item; 
if RAFSRAW eq 0 then do; RAFSSCAL=-6; RAFSSTAT=1; end; 
else if RAFSRAW eq 1 then do; RAFSSCAL=3.16; RAFSSTAT=1; end; 
else if RAFSRAW eq 2 then do; RAFSSCAL=4.39; RAFSSTAT=2; end; 
else if RAFSRAW eq 3 then do; RAFSSCAL=5.53; RAFSSTAT=2; end; 
else if RAFSRAW eq 4 then do; RAFSSCAL=7.54; RAFSSTAT=3; end; 
else if RAFSRAW eq 5 then do; RAFSSCAL=9.14; RAFSSTAT=3; end; 
* scale scores are based on standard CPS 1998 item scores for the items 
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